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THESIS ABSTRACT 

Background and Objectives  

The prevalence of obesity has escalated in many world populations, 

representing a major public health issue. Despite recommendations that 

adiposity should be routinely assessed within clinical practice, controversy 

exists as to how excess adiposity should be defined using anthropometry. In 

particular, there is uncertainty and ongoing controversy as to whether 

surrogate measures of central adiposity such as waist circumference (WC), 

waist-hip ratio or waist-height ratio (WHtR) are better indicators of obesity-

related risk when compared to general adiposity as measured by body mass 

index (BMI). 

 

This thesis contributes to the current evidence base regarding methods to 

detect patients with type 2 diabetes, and those at increased obesity-related 

cardiometabolic risk. In particular, it aimed to determine how useful surrogate 

measures of adiposity might be to identify high-risk patients within a clinical 

setting. The main objectives of this thesis were:  

 

1. to examine the rationale for adiposity assessment within clinical 

practice, and whether methods used for disease classification and 

anthropometric measurement procedure are important for diagnosing 

cardiometabolic risk and type 2 diabetes; 

 

2. to compare adiposity variable relationships with a range of 

cardiometabolic disease features, biomarkers of chronic low-grade 

inflammation and type 2 diabetes; 

 

3. to explore whether central adiposity indices provide additional 

information regarding disease and risk status, compared to BMI; 

 

4. to investigate the clinical utility of a composite index using both 

general and central adiposity measures. 
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Literature Review 

The literature review focused on meta-analytic studies which explored 

adiposity variable relationships with cardiometabolic features, obesity-related 

diseases and mortality. A majority of studies showed that central adiposity 

measures were more strongly related to examined outcomes as indicated by 

statistical measures of association. However, with regard to the clinical utility 

of central adiposity assessment, the findings from the review were 

inconclusive. 

 

 

Methods and Papers  

The papers included in this thesis were derived from analysis of baseline 

data from the Cork and Kerry Diabetes and Heart Disease Study (Phase II), 

a cross-sectional study involving a random sample of 2,047 men and women 

aged 46-73 years, recruited from a single primary care centre. Standard 

diagnostic criteria were used to define cardiometabolic disease features and 

chronic conditions which included high blood pressure, atherogenic 

dyslipidaemia, insulin resistance, pre-diabetes and type 2 diabetes. Adverse 

inflammatory biomarker levels were classified according to percentile 

thresholds. Waist circumference (measured at two sites), hip circumference, 

pelvic width and BMI were assessed. Correlation and logistic regression 

analyses were used to explore metabolic, anthropometric and other health-

related variable relationships. Discrimination was determined using the 

receiver operating characteristic curve and integrated discrimination 

improvement analysis.  

 

The findings are presented in a series of five interlinked papers which relate 

directly to the thesis objectives. Paper 1 addressed the prevalence of type 2 

diabetes within the sample, with particular reference to undiagnosed 

diabetes. Paper 2 examined cardiometabolic profiles in patients diagnosed 

with diabetes and pre-diabetes using two different diagnostic methods 

[glycated haemoglobin A1c (HbA1c) and fasting plasma glucose (FPG)]. Paper 

3 compared general and central adiposity variable relationships with 
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cardiometabolic disease features and type 2 diabetes. In Paper 4, BMI and 

WC associations with biomarkers of chronic low-grade inflammation and type 

2 diabetes were explored. Paper 5 investigated the utility of a composite 

index, using both BMI and WHtR, to assess cardiometabolic risk. 

 

 

Results 

Paper 1: The prevalence of type 2 diabetes within this sample was 8.5% 

(95% CI: 7.4%-9.8%), a rate comparable to estimates determined from 

recent nationally representative research within Ireland. A high percentage of 

diabetes cases were undiagnosed (41%), suggesting that better detection 

methods are needed.  

 

Paper 2: The cardiometabolic profiles of patients diagnosed with type 2 

diabetes by HbA1c or FPG were broadly similar, indicating that either test is 

acceptable for defining this outcome. In contrast, the risk profiles of subjects 

classified as having pre-diabetes varied considerably according to diagnosis 

by either assay, with patients diagnosed by both tests displaying the least 

optimal profile. Adiposity, high blood pressure, atherogenic dyslipidaemia, 

insulin resistance and adverse cardiometabolic feature clustering were 

significantly related to both type 2 diabetes and pre-diabetes. Subjects with 

these outcomes also displayed a chronic low-grade pro-inflammatory profile 

as indicated by the examined biomarkers. 

 

Paper 3: Central adiposity variables demonstrated stronger associations with 

adverse cardiometabolic features, metabolic feature clustering and type 2 

diabetes than BMI. Central adiposity measures were also better 

discriminators of patients with type 2 diabetes, and they improved 

discrimination of diabetes by 3%-7% (men) and 5%-7% (women) compared 

to BMI. However, it was also noted that the utility of central adiposity 

measurement was significantly influenced by the procedure used for 

estimating WC. 
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Paper 4: Central adiposity defined by WC was more strongly related to a 

majority of the examined biomarkers of inflammation and adverse biomarker 

clustering. The association between chronic low-grade inflammation and type 

2 diabetes was reduced in analyses which included either BMI or WC. 

Logistic regression models incorporating WC displayed the greatest 

attenuation, thus supporting the theory that measures of central adiposity are 

better indicators of visceral fat. 

 

Paper 5: A combination of BMI and WHtR tertiles identified consistent and 

significant metabolic variable differences relative to those characterised as 

overweight or obese discordantly by BMI and WHtR. Significant 

discriminatory improvement, using joint-measurement, was also observed for 

detecting individual cardiometabolic disease features and adverse 

inflammatory biomarker levels when indices were examined as both 

continuous and categorical variables. In a fully adjusted regression model, 

only individuals within the highest tertile for both measures displayed a 

significant and positive association with pre-diabetes (odds ratio: 3.4, 95% 

CI: 1.9-6.0, P<0.001). 

 

 

Conclusions 

The results from this thesis suggest that surrogate measures of central 

adiposity provide information regarding disease status and cardiometabolic 

risk, independent of that provided by BMI, and that a composite index using 

BMI and WHtR together may help refine body fat classification.  

 

Future research should concentrate on determining an optimal procedure for 

measuring WC, and whether a composite index might be useful for predicting 

type 2 diabetes and cardiovascular and mortality outcomes. Other novel 

adiposity measurement procedures should also be explored. Earlier 

identification of patients at increased cardiometabolic risk, and those with 

type 2 diabetes, could allow earlier targeted interventions to be implemented, 
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thus reducing the incidence of related complications, premature mortality and 

financial costs associated with the obesity epidemic.  
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_____________________________CHAPTER 1  

BACKGROUND,  

LITERATURE REVIEW, 

RESEARCH AIMS 

AND METHODS 
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1.0 Overview 

Obesity is a chronic disorder described by the World Health Organisation 

(WHO) as a condition of abnormal or excessive fat accumulation to the 

extent that health may be impaired [1]. Over the last four decades, the 

percentage of people who are overweight or obese has risen dramatically 

across many world populations, representing a major public health issue [2-

5]. The positive relationship between excess adiposity and cardiometabolic 

disease features such as hypertension, dyslipidaemia and insulin resistance 

has been repeatedly observed in both cross-sectional and prospective 

research [6]. Abundant evidence also supports an association between 

obesity and a wide range of chronic disorders including type 2 diabetes and 

cardiovascular disease (CVD) [7-11]. Epidemiological studies have 

demonstrated a clear dose-response relationship between higher levels of 

adiposity and cardiometabolic risk, and the consistency of this correlation 

across world populations reflects the strength of this relationship [12]. 

 

Research has shown that in the Republic of Ireland, 36% of adults aged 50+ 

are obese, with a further 43% being overweight [13]. Recent unpublished 

estimates from the WHO Modelling Obesity Project, presented at the 

European Congress on Obesity in 2015, suggest that if current trends 

continue, 89% of Irish men and 85% of women are likely to be either 

overweight or obese by 2030. If these projections are correct, Ireland will 

soon be the most obese nation in Europe [14]. In addition to the major health 

consequences associated with obesity, there are also economic implications 

[15]. Overweight and obesity are estimated to cost at least €1.13 billion per 
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annum to the Irish economy through increased health services utilisation and 

premature mortality [16]. The percentage of the Irish population over the age 

of 65 is projected to double from 11% in 2006 to 22% by 2041 [17]. Thus, the 

combination of an ageing population with the increasing prevalence of 

obesity and related chronic disorders will likely lead to considerably greater 

healthcare needs and financial costs [13]. 

 

  

1.1 Cardiometabolic Disease 

Cardiometabolic disease is defined according to a number of interrelated 

features, associated with increased adiposity, which may contribute to the 

development of type 2 diabetes and atherosclerotic vascular disease [18]. 

These features include elevated blood pressure (BP) or hypertension and 

atherogenic dyslipidaemia, the presence of high triglyceride levels and 

reduced high-density lipoprotein cholesterol (HDL-C) concentrations. 

Cardiometabolic disease is also characterised by insulin resistance. This 

occurs when liver, skeletal and adipose tissue become less sensitive and 

eventually resistant to insulin, the hormone produced by β-cells in the 

pancreas to facilitate glucose absorption. Insulin resistance may in turn lead 

to dysglycaemia, as glucose is no longer being efficiently absorbed by cells 

and remains in the bloodstream [19]. 

 

Notably, excess adiposity is associated with a clustering of these features, a 

state described as the metabolic syndrome (MetS) [19]. The exact origins of 

MetS are not fully understood and the clinical implications of the condition 
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have been subject to debate [20,21]. Nevertheless, several working 

definitions of the MetS using combinations of these metabolic markers, in 

conjunction with measures of adiposity, have been devised by national and 

international organisations in order to facilitate the identification of individuals 

at increased cardiometabolic risk [21]. 

 

 

1.2 Type 2 Diabetes 

1.2.1 Definition and diagnostic criteria 

Type 2 diabetes mellitus is a chronic metabolic disease characterised by 

persistent hyperglycaemia. Current WHO, International Diabetes Federation 

(IDF) [22] or American Diabetes Association [23] definitions for diagnosing 

diabetes include the following: (1) a fasting plasma glucose (FPG) level >7.0 

mmol/l; (2) a random blood glucose level >11.1 mmol/l and associated 

features; (3) a 2-hour plasma glucose level >11.1 mmol/l indicated by the 

oral glucose tolerance test (OGTT); (4) a glycated haemoglobin A1c (HbA1c) 

level >6.5% (>48 mmol/mol). Although controversy exists as to which test 

more accurately defines the condition, and prevalence estimates may vary 

according to procedures used [24], current diagnostic thresholds have been 

derived from epidemiological studies examining the prevalence and 

incidence of diabetes-related complications [22]. These complications may 

lead to a lower quality of life and reduced life expectancy. 
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1.2.2 Diabetes complications 

Type 2 diabetes is a major cause of morbidity and mortality as chronic 

hyperglycaemia may lead to impairment and malfunction of the renal, 

ophthalmic, vascular and nervous systems [25]. If undiagnosed or untreated 

diabetes can lead to long-term microvascular damage. Microvascular 

diabetic complications include retinopathy, the leading cause of blindness in 

adults [26], diabetic nephropathy, the leading cause of end-stage renal 

disease [27] and diabetic neuropathy, the leading cause of non-traumatic 

lower extremity amputations [28]. In addition to microvascular damage, 

macrovascular complications are frequently observed. Importantly, 

individuals with type 2 diabetes are at increased risk of developing CVD. 

Research has shown that up to 80% of diabetes patients will die from 

cardiovascular-related events [29] and that they have a two to four-fold 

increased risk of coronary artery disease (CAD) and stroke when compared 

to diabetes-free subjects [30,31]. 

  

 

1.2.3 Diabetes prevalence 

Diabetes has become an epidemic in developed and developing countries 

representing a major public health concern. Current estimates predict an 

excess of 400 million individuals with type 2 diabetes worldwide by 2030 [32]. 

In 2013, the number of people with diabetes in Europe was determined to 56 

million, with an overall prevalence rate of 8.5% [33]. Until recently the 

prevalence of type 2 diabetes within the Republic of Ireland was largely 

unknown, as estimates were derived from incomplete primary care data. 
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However, a number of recent studies have suggested a prevalence of 

between 7%-10% in middle-aged adults [34]. Alarmingly, research has also 

indicated that a considerable proportion of diabetes cases within Ireland are 

undiagnosed [35] and that a high percentage of adults are at risk of 

developing the condition [36,37]. 

 

 

1.2.4 Diabetes risk factors 

The diabetes epidemic has been driven by complex gene-environment 

interactions [38]. Approximately half of the risk of developing type 2 diabetes 

has been attributed to non-modifiable genetic factors [39], with the other half 

to environmental exposures which may contribute to excess adiposity [40], 

due to an increasingly sedentary lifestyle and “westernised” calorie-dense 

diet [41]. Other factors associated with diabetes include age, gender, 

ethnicity, smoking and alcohol use [42-46].  

 

All obesity-related cardiometabolic disease markers are thought to be 

correlated with diabetes development. It has been observed that even before 

blood glucose levels are high enough for an individual to be diagnosed with 

the disorder, hypertension, adverse changes in lipid and lipoprotein levels, 

insulin resistance and dysglycaemia may occur [19]. Whether a combination 

of these features, as defined by MetS definitions, indicates a greater risk of 

developing type 2 diabetes is disputed [20,47]. However, it has been 

suggested that a clustering of these metabolic abnormalities may confer a 
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substantial additional risk, over and above the sum of the risk of each 

individual MetS component [19,48].  

 

Recently the term “pre-diabetes” has also emerged as another potentially 

greater risk factor [47]. This umbrella term for impaired FPG, impaired 

glucose tolerance (IGT) [49] or HbA1c levels that are higher than normal [23], 

represents intermediate stages of elevated glucose levels between normal 

glucose regulation and diabetes. A meta-analysis of prospective studies 

conducted in different populations estimated a relative risk of 4.7-12.0 for 

progression from impaired FPG and/or IGT to type 2 diabetes, with absolute 

annual risks between 5% and 10% [50].  

 

 

1.2.5 Screening for diabetes 

As type 2 diabetes has become a major public health priority, there is 

increasing interest in methods to identify individuals who have diabetes, and 

patients who are at high-risk of developing the condition. The pathway from 

obesity through insulin resistance, pre-diabetes to overt type 2 diabetes 

represents a progressive phenotype [51]. That diabetes is preventable 

through lifestyle changes in diet and physical activity is well accepted [52,53]. 

Given the long asymptomatic period preceding the disorder, earlier 

identification of individuals at increased risk could allow earlier targeted 

interventions. These might include implementation of healthy lifestyle 

changes or pharmacological treatments, thus attenuating development of 

type 2 diabetes and related micro- and macrovascular complications. 
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However, population screening using blood sampling to detect patients with 

type 2 diabetes, dysglycaemia or dyslipidaemia is time-consuming and cost 

prohibitive [51]. In addition, longitudinal studies have also shown that only 

about half of subjects with impaired FPG or IGT will progress to diabetes 

[54]. Increasingly, the idea of risk stratification has been seen as an 

important further tool for risk assessment. This may be thought of as a two-

step process, whereby step one identifies a subset of individuals at 

increased risk, using cheap and non-invasive procedures, with step two 

involving blood testing [55]. Various diabetes risk assessment scores, using 

self-administered questionnaires, have been developed in numerous 

populations, either for self-assessment or for use within clinical practice 

[51,56].  

 

 

1.2.6 Adiposity as a diabetes risk factor 

Obesity is considered to be the primary modifiable risk factor related to 

cardiometabolic disease and diabetes development [19,57]. Accordingly, 

non-invasive diabetes risk scores typically include a measurement of 

adiposity, most commonly body mass index (BMI), an anthropometric 

measure of general adiposity. However, despite strong observed 

associations between BMI and morbidity [6], it is now well established that 

body fat distribution is a further indicator of health status, beyond the total 

body mass assessed by BMI [58,59]. Recent research has high-lighted the 

inherent problems of measuring body fat using BMI, as subjects with 

increased adiposity may exhibit favourable outcomes in some studies 
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[60,61]. Conversely, other studies have demonstrated increased 

cardiometabolic risk among non-obese and normal weight individuals [62-

64].  

 

Important behind the idea of any risk assessment tool is that it is able to 

detect high-risk subjects [65]. However, it is equally important not to 

overextend the risk criteria to low-intermediate risk patients [66]. This 

concept is aptly demonstrated in the relationship between adiposity and 

diabetes. Although prevalence rates for overweight/obesity and type 2 

diabetes have increased considerably in world populations, a high 

percentage of individuals with increased adiposity will not have diabetes [67-

70] or ever develop the condition [71,72]. It is also relevant in the context of 

the middle-aged population within Ireland, where a majority of subjects 

classified by BMI are overweight or obese [13].  

 

 

1.3 Visceral Adiposity 

Increasing evidence suggests that central adiposity (sometimes termed 

central obesity or abdominal obesity) is a greater metabolic risk factor when 

compared to the general adiposity (or general obesity) assessed by BMI 

[19,73]. Visceral adipose tissue (VAT) is defined as the adipose tissue found 

deep within the body cavity surrounding the internal organs in the 

intrathoracic, intraabdominal and intrapelvic areas [74]. Visceral adiposity is 

thought to play an important function in the development of cardiometabolic 

disease, with subcutaneous adipose tissue (SAT) playing a lesser role. 
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Accumulation of excess VAT is related to the development of MetS, insulin 

resistance and type 2 diabetes [75-77]. Although the exact mechanism of 

association between VAT and cardiometabolic disease is still poorly 

understood, various theories have been proposed to explain this connection.  

 

According to the portal-visceral hypothesis, VAT releases nonesterified fatty 

acids that overload the liver and skeletal muscle with lipids, causing 

metabolic dysfunction within these organs [78]. Alternatively, cytokines and 

select proteins released by VAT may promote a low-grade inflammatory 

response in adipose and vascular tissue [79], leading to insulin resistance 

and β-cell and microvascular dysfunction. Thus the pathophysiology of 

cardiometabolic disease, type 2 diabetes and atherosclerotic CVD events 

may have a common inflammatory origin [80]. A third premise suggests that 

genes which predispose preferential deposition of fat in VAT depots 

independently cause cadiometabolic disease [81]. In this scenario, VAT may 

simply be a marker of a dysmetabolic profile rather than a causal factor. 

Intraabdominal fat accumulation may be an indicator of the inability of SAT 

(adipose tissue deposited beneath the skin’s surface) to act as “energy sink”, 

which might result in the accumulation of fat in undesirable locations in the 

liver, skeletal muscle, heart and pancreatic β-cells [73]. Nonetheless, surgical 

removal of VAT in animal models has documented significant improvements 

in both hepatic and peripheral insulin sensitivity and glucose tolerance [82]. 

 

As noted by Klein et al., these hypotheses are not mutually exclusive. It is 

also possible that other unknown mechanisms may contribute [83]. Some 
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studies have suggested SAT to be equally important as a determinant of 

insulin resistance [84-86]. However, surgical removal of SAT in animal 

models failed to demonstrate an effect on glucose tolerance [82]. 

Additionally, liposuction of SAT in human subjects showed no improvement 

in insulin sensitivity [87]. It also had no noticeable effect on other 

cardiometabolic disease markers. Collectively, these findings support the 

theory that SAT plays a less important role in the aetiology of 

cardiometabolic disease than VAT [88].  

 

 

1.4 Direct Measurement of Adiposity 

A variety of measurement procedures have been proposed to assess VAT 

levels in order to enumerate individual susceptibility to cardiometabolic 

disease. Direct imaging techniques such as computed tomography, magnetic 

resonance imaging, and dual energy X-ray absorptiometry (DEXA) are used 

and allow direct quantification of body composition. Other non-imaging 

methods include hydrodensitometry, bioelectrical impedance, air 

displacement plethysmography and photonic scanning. However, many of 

these procedures require expensive apparatus and specialised personnel, 

while certain methods may carry an added risk of radiation exposure. As a 

result, anthropometry is more frequently utilised as a surrogate measure of 

body composition in research and clinical settings.  
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1.5 Surrogate Measures of Adiposity 

1.5.1 Body mass index 

Body mass index is the traditional diagnostic tool used in overweight and 

obesity classification most commonly employed within epidemiological 

research and healthcare practice. Calculated by dividing a subject’s weight 

by the square of their height, BMI correlates with cardiometabolic disease 

features, morbidity and mortality [6,89-93]. As a commonly used measure of 

general adiposity, BMI is understood by clinicians and public health workers, 

is simple to assess, and allows non-gender or ethnic-specific risk thresholds 

to be used. The WHO classifies a BMI of 25-29.9 as overweight, 30-34.9 as 

obese class I, 35-39.9 as obese class II, and one equal to or above 40 as 

obese class III [94]. While research has suggested that risk of type 2 

diabetes and CVD development may be higher in certain populations at a 

cut-off lower than 25, a WHO expert consultation committee recently 

concluded that current classifications should remain [95].  

 

Although straightforward to calculate, measurement of BMI does require the 

use of a calibrated electronic weighing scale and a stadiometer, which may 

not always be available in a clinical or field setting. Studies examining self-

reported BMI have reported discrepancies [96,97]. More importantly, as BMI 

is a weight-for-height measure, it is unable to distinguish between fat and 

lean mass. Findings have suggested that approximately half of obese 

subjects are metabolically healthy when classified using DEXA-derived body 

fat percentage, compared to approximately one-third by BMI [98]. 

Furthermore, a recent meta-analysis [61] found that class I obesity was not 



 
 

13 | P a g e  
 

associated with higher all-cause mortality and that overweight was related to 

significantly lower all-cause mortality, a relationship noted in other studies 

and described as the “obesity paradox” [99]. In light of this research, it has 

been suggested that BMI may misclassify adiposity in certain individuals.  

 

 

1.5.2 Central adiposity 

1.5.2.1 Waist circumference 

Waist circumference (WC) measurement has been recommended as a more 

direct method for central adiposity and VAT assessment. Determined by 

measuring the circumference of the waist using a flexible tape, studies 

suggest it to be more strongly related to cardiometabolic disease and 

mortality than BMI [58,100,101]. Waist circumference appraisal has also 

been adopted by the IDF as a mandatory component for diagnosing the 

MetS [19], and is also the only adiposity variable used in four alternative 

MetS definitions [21]. However, partly due to a lack of agreement on a 

universal measurement protocol, its clinical usefulness and superiority over 

BMI for evaluating cardiometabolic health has been questioned [12,102]. The 

WHO and IDF recommend WC assessment exactly midway between the 

lowest rib and iliac crest [12,19], while the United States National Institutes of 

Health suggest measurement at the superior border of the iliac crest [103]. 

Various other sites have been proposed and used, such as umbilical level, 

lowest rib and the narrowest point between the last rib and iliac crest 

[102,104-106]. Although a recent report [107] concluded that the procedure 

used for estimating WC had minimal effect on morbidity or mortality 
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outcomes, this is still uncertain [102]. Waist circumference cut-points for 

determining metabolic risk are used [12] but are region and gender-specific, 

due to ethnic and sex differences in body composition. This necessitates the 

use of separate risk cut-offs in different populations [108-112]. 

 

 

1.5.2.2 Waist-hip ratio 

Waist-hip ratio (WHR) is calculated by dividing WC by hip circumference and 

is thought to represent an aspect of body composition, related to 

cardiometabolic risk, not reflected in BMI or WC measurement. This index is 

also associated with cardiometabolic disease and mortality [113-116], and is 

the only central adiposity measure included in the WHO working definition of 

MetS [21]. Critics of WHR claim that as a ratio, it is complicated to interpret 

within a clinical setting [117]. Nevertheless, it should be noted that BMI is 

also a ratio and is easily used. A ratio allows universal population risk 

thresholds to be utilised, although this has not been fully explored [112,118], 

and current WHO recommendations do specify different WHR cut-offs for 

men and women [12]. The WHR also requires an additional anthropometric 

measurement, which may affect the reliability of this index, although hip 

circumference is more easily assessed than WC. Of greater concern is that 

WHR may remain unchanged in an individual even when body fat levels rise, 

as WC and hip circumference may increase or decrease proportionally [117]. 
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1.5.2.3 Waist-height ratio 

A more recently proposed central adiposity measure, the waist-height ratio 

(WHtR) is calculated by dividing WC by height. Similar to WHR, this variable 

is thought to more accurately reflect body fat distribution, and several studies 

suggest that it is a better discriminator of obesity-related conditions when 

compared to BMI, WC and WHR [119-122]. Unlike WHR, the WHtR only 

varies with an increase in body composition, as adult height remains 

relatively constant over time. Proponents of WHtR have also advised that the 

inclusion of height in an adiposity variable is desirable [123], as height is 

inversely associated with cardiometabolic disease and mortality [124]. 

 

As a ratio, WHtR may also allow the use of non-gender or ethnic-specific risk 

cut-points, which might make it additionally attractive from a clinical and 

public health perspective [125,126]. However, as calculation of this index 

also requires accurate height measurement, this may affect its practical 

usefulness. Moreover, some studies have suggested WHtR to be minimally 

superior, or even inferior, to WC as an indicator of cardiometabolic risk, and 

have questioned the measurement of height in addition to WC [127,128]. 

 

 

1.5.3 Novel indices 

Periodically, novel indices are constructed using transformations of general 

or central adiposity measures. Among these are Rohrer’s Index [129], the 

Conicity Index [130], the Abdominal Volume Index [131], A Body Shape 

Index [132] and several equations for determining body fat percentage 
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(BF%) using sagittal diameter [133] or skin-fold thickness measurements 

[134,135]. Recently, two novel adiposity indices for estimating BF% were 

proposed; Bergman et al. [136] determined a DEXA-validated measure using 

hip circumference and height, while Gómez-Ambrosi et al. [137] designed an 

equation utilising BMI, age and gender, and conducted a comparison study 

with other anthropometric measures and BF% estimated using air 

displacement plethysmography. However, as many of these novel indices 

use calculations which are complex, and perhaps difficult to interpret, their 

clinical utility and general usability must be questioned. Furthermore, there is 

a lack of research validating their usefulness. It is for these reasons that this 

PhD thesis exclusively examined the four most commonly assessed 

surrogate measures of general and central adiposity: BMI, WC, WHR and 

WHtR. 

 

 

1.6 Literature Review 

Over the last 20 years a considerable number of cross-sectional and 

prospective studies have attempted to quantify relationships between 

surrogate measures of adiposity and cardiometabolic disease, morbidity and 

mortality. However, results have been conflicting and inconclusive, and 

controversy still exists as to which index better indicates obesity-related 

metabolic risk. Increasingly, meta-analysis has gained recognition as a 

useful way of pooling results from numerous cohorts in order to average 

effect sizes across different studies. The benefits include increasing effective 

sample sizes and neutralising the influence of confounding factors, thus 
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allowing for a more precise evaluation of a risk, intervention, treatment or 

test.  

 

 

1.6.1 Methods 

1.6.1.1 Selection of studies 

This meta-review investigated BMI, WC, WHR and WHtR relationships with 

cardiometabolic features, obesity-related chronic diseases and mortality. 

Published meta-analyses relating to these topics from the year 2007 

onwards were searched using PubMed, Science Direct, Web of Knowledge, 

Academic Search Complete, JSTOR and Google Scholar databases. Search 

terms included a combination of keywords: body mass index or BMI, waist 

circumference or WC, waist-hip ratio, WHR or waist-to-hip ratio, waist-height 

ratio, WHtR, waist-to-height ratio, waist-to-stature ratio or WSR, meta-

analysis and systematic review and meta-analysis. There were no language 

restrictions as long as abstracts were published in English.  

 

The following were included: (1) meta-analyses which compared any two of 

the four indices of general or central adiposity (either BMI, WC, WHR or 

WHtR) using male, female or mixed adults of any ethnic group or age; (2) 

research using prospective or cross-sectional data; (3) studies examining 

cardiometabolic features or morbidity and mortality outcomes, including 

systolic or diastolic BP (SBP, DBP), triglycerides, HDL-C, low-density 

lipoprotein cholesterol (LDL-C), total cholesterol (Total-C) or FPG 

concentrations, elevated BP and hypertension, dyslipidaemia, MetS, type 2 
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diabetes, CVD (including CAD) or mortality. Children or adolescents were not 

included in any of the examined studies. 

 

 

1.6.1.2 Details of included studies 

Thirteen meta-analytic studies met inclusion criteria. Details and results are 

presented in Table 1. Five [127,138-141] studies included research which 

examined BMI, WC, WHR and WHtR, five [142-146] investigated three of the 

four indices, one [147] included studies examining WC and WHR, one [148] 

compared BMI with WHtR and one [149] contrasted BMI with central 

adiposity as defined by either WC measurement or the WHR. Seven 

[127,138,139,142,143,146,148] studies examined incident or prevalent type 

2 diabetes as an outcome, six [138,139,141-143,148] explored elevated BP 

or hypertension, three [138,143,148] dyslipidaemia, two [143,148] 

investigated MetS, three [143,147,148] either incident or prevalent CVD 

events, four [144,145,148,149] examined either all-cause or CVD mortality 

and one [140] compared adiposity variable correlations with metabolic 

features. Ten [127,138,140-144,146,148,149] studies included samples from 

multiple ethnic groups, one [145] included Europeans only and one [139] 

examined Asian subjects. Sampled populations for one meta-analysis [147] 

were not stated, although reviewed studies were listed. All meta-studies 

included subjects of both genders.  
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1.6.2 Results 

The main findings from these studies are stratified by the measures of 

association or discrimination reported [relative risk (RR), hazard ratio (HR), 

odds ratio (OR), area under the curve (AUC) or other] and are discussed in 

the context of cardiometabolic disease, morbidity and mortality outcomes.  

 

 

1.6.2.1 Studies reporting relative risks or hazard ratios 

Seven studies presented results as RRs or HRs. Both effect measures 

assess the risk of an event occurring by comparing the proportion of subjects 

(with or without an exposure) that develop an outcome [150].  

 

Three studies exclusively used prospective data and examined index 

relationships using defined thresholds. In a meta-regression analysis, using a 

random effects model restricted to nine cohorts which provided categorical 

boundaries for BMI, WC and WHR, Carmienke et al. [144] found the risk of 

all-cause mortality for BMI to be 27% comparing obese class II to normal 

weight. This contrasted with a 32% increased probability for WC and a 13% 

increased risk for WHR using gender-specific categorical cut-points 

compared to a normal reference value. Conversely, using overall pooled 

results from 15 studies comparing sex-specific extreme quantiles, de Koning 

et al. [147] suggested WHR to be more strongly related to CVD events (1.95, 

95% CI: 1.55-2.44) than WC (1.63, 95% CI: 1.31-2.04) in both men and 

women, although this difference was not statistically significant. Interestingly, 

in an individual participant meta-analysis using gender-specific tertiles, 
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Coutinho et al. [149] determined the risk of CAD mortality in subjects with 

central adiposity (defined by either WC or WHR) to be 70%, whereas BMI 

was inversely associated with mortality: 0.64, 95% CI: 0.59-0.69.  

 

In research employing both prospective and cross-sectional data, Savva et 

al. [148] also found central adiposity defined by WHtR to be a greater risk 

factor for CVD and all-cause mortality, type 2 diabetes and MetS, compared 

to BMI, in pooled estimates from 34 studies which defined both measures 

using optimal thresholds. Nevertheless, substantial heterogeneity between 

included studies was observed. It should be equally noted that the use of 

categorical cut-offs based on arbitrary cut-points, as used by Savva and 

Carmienke, poses problems regarding the validity of comparisons between 

adiposity measures. Also, as alluded to by Huxley et al. [151], a limitation of 

the de Koning study was that BMI was not included as a comparison index 

and that the analysis was not restricted to studies which examined both WC 

and WHR.   

 

Three studies employing longitudinal data used standardised Z-scores in 

analysis. Standardising values allows a uniform comparison of index 

relationships, and RRs or HRs represent the risk associated with a standard 

deviation (SD) increase in each measure. In a meta-analysis comparing data 

from 82,864 European subjects, Czernichow et al. [145] reported measures 

of central adiposity to be consistently and positively related to all-cause and 

CVD mortality. The risk of all-cause mortality was higher for WHR (12%) 

compared to WC (5%) while CVD mortality risk was the same for both 
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measures (15%). In a multivariable-adjusted model, a one SD increase in 

BMI appeared to confer protection against all-cause mortality (0.95, 95% CI: 

0.91-0.99), and showed no association with cardiovascular-related death 

(1.05, 95% CI: 0.98-1.14). In another study which used pooled RRs to 

examine index relationships with type 2 diabetes, Kodama et al. [127] found 

WC (63%) and WHtR (62%) to have a modest, but significantly stronger 

association compared to BMI (55%) and WHR (52%) in both men and 

women. Conversely, Vazquez et al. [146] observed similar risk of developing 

type 2 diabetes for BMI, WC, and WHR (87%-88%) using overall pooled 

effects from 32 cohorts. 

 

 

1.6.2.2 Studies reporting odds ratios or other statistic 

Three studies reported effect measures as ORs which represent the ratio of 

the odds of an event occurring in one group to the odds of it occurring in 

another. Although similar in interpretation to RRs, ORs generally 

overestimate associations between variables but are an approximation of the 

RR when the rare disease assumption holds [150].  

 

In an individual participant meta-analysis which stratified effect measures by 

ethnicity, Huxley et al. [142] found a 0.5 SD increment increase in BMI to be 

associated with a 20%-30% increased odds of having type 2 diabetes in 

Asian subjects. The corresponding odds using WC or WHR were 40%. 

However, ORs for hypertension were comparable between BMI, WC and 

WHR. Mohan [141] likewise noted similar strengths of association for BMI, 
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WC and WHtR regarding hypertension. A 0.5 SD increase was associated 

with a 40% versus 30% increased odds in Asian and non-Asians 

respectively. Nyamdorj et al. [139] also observed both general and central 

adiposity measures to be equally related with hypertension, while WHtR was 

more strongly associated with diabetes in men and women. Finally, research 

conducted by van Dijk et al. [140], which calculated the Pearson product-

moment correlation (an appraisal of the linear dependence of two variables), 

indicated WC to be more strongly correlated with each of the examined 

metabolic features in both genders, with the exception of HDL-C and LDL-C 

in men. 

 

 

1.6.2.3 Studies reporting measures of discrimination 

Five studies included results from receiver operating characteristic curve 

(ROC) analysis. The ROC curve is a graphical representation of the 

relationship between sensitivity and specificity. The AUC provides a scale 

from 0.5 to 1.0 (with 0.5 representing random chance and 1.0 indicating 

perfect discrimination) which allows the discriminatory abilities of different 

adiposity variables to be compared [150].  

 

In a meta-analysis of 31 prospective or cross-sectional studies which 

examined WHtR and either BMI or WC, Ashwell et al. [143] demonstrated 

WHtR to be a better discriminator than both BMI and WC for detecting type 2 

diabetes, hypertension, dyslipidaemia, MetS and CVD. Pooled results 

showed that WC improved discrimination of all outcomes by 3% (P<0.05), 
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compared to BMI, with WHtR showing an average AUC that was 4%-5% 

(P<0.01) larger than BMI. Results stratified by gender and cardiometabolic 

outcomes indicated similar relationships. Comparable findings were reported 

by Mohan [141], using cross-sectional data from the Obesity in Asia 

Collaboration. Central adiposity variables were found to be better 

discriminators of hypertension. Although the authors concluded that 

differences in AUC values were minimal, the WHtR displayed the highest 

discriminatory capacity compared to BMI in both male (AUC for WHtR=0.67 

versus AUC for BMI=0.63) and female (AUC for WHtR=0.71 versus AUC for 

BMI=0.66) subjects.  

 

In contrast, Nyamdorj et al. [139] found BMI to be a better discriminator of 

hypertension but not type 2 diabetes. In this study, which included over 

20,000 subjects, AUC values for WHtR in relation to prevalent diabetes were 

greater than BMI in both genders, although not statistically different. Similar 

results were again confirmed in a pooled analysis of 10 studies comparing 

BMI, WC, WHR and WHtR discrimination of incident and prevalent type 2 

diabetes, hypertension and dyslipidaemia. Lee et al. [138] reported that 

central adiposity measures were better discriminators than BMI, with WHtR 

showing a greater AUC for each outcome in both genders. However, 

statistical differences between WHtR and BMI were noticed only in men for 

type 2 diabetes (AUC for WHtR=0.726 versus AUC for BMI=0.672, P<0.01) 

and hypertension (AUC for WHtR=0.684 versus AUC for BMI=0.641, 

P=0.04). The authors also observed that a combination of BMI with any of 

the three abdominal measures did not improve discrimination of 
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cardiovascular risk factors. Of note is that within each of these meta-studies, 

index discrimination, using either BMI or central adiposity, was greater in 

women.  

 

Conversely, Czernichow et al. [145] found no clinically relevant difference 

between BMI, WC and WHR when comparing discrimination of all-cause or 

CVD mortality. Integrated discrimination improvement analysis, which 

measures the percentage of increased discrimination when a variable is 

added to a prediction model, identified a modest (<1%) but significant 

change when WHR was substituted for BMI. Discriminatory improvement for 

a model with WC, and models including any two of the examined adiposity 

measures, was also marginal. 

 

 

1.6.2.4 Recent research 

Although this review concentrated on meta-analytic studies, recent research 

employing large cohorts should also be considered in the context of 

surrogate measures of adiposity and cardiometabolic disease. In a cross-

sectional study, utilising data from 7,447 Spanish men and women aged 55-

80, Guasch-Ferré et al. [152] concluded that measures of central adiposity 

displayed greater discrimination of type 2 diabetes, impaired FPG, 

dyslipidaemia and MetS. The AUC values for WC and WHtR were 

significantly higher than AUCs for BMI with respect to each outcome except 

hypertension. Results were not stratified by gender, as no interactions 

between sex and examined outcomes were observed.  
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In another Spanish study, using prospective data from 37,733 subjects, 

Huerta et al. [153] found both general and central adiposity to be 

independently associated with diabetes. The WHtR index displayed the 

highest AUC values in both men (AUC=0.687) and women (AUC=0.776) 

compared to BMI (AUC=0.676 for men and AUC=0.759 for women) although 

discriminatory differences were small. The HRs of having type 2 diabetes 

were greater for central adiposity indices in women only, with BMI indicating 

the strongest association with diabetes in men. Similar results were 

demonstrated by the InterAct Consortium, a pan-European cohort with 

340,234 participants which examined incident diabetes. In this study, 

Langenberg et al. [154] also reported BMI and WC to be independently 

associated with diabetes. The association between WC and type 2 diabetes 

was especially strong in women, leading the authors to recommend central 

adiposity assessment as an effective strategy for risk stratification.  

 

Gender heterogeneity was additionally noted by Wannamethee et al. [155] in 

a seven year prospective study which compared BMI, WC and WHR abilities 

to predict diabetes development in 6,923 older men and women. The ROC 

analysis revealed similar AUCs for BMI and WC in males (AUC=0.726 and 

AUC=0.713 respectively), with WHR showing the least predictive ability 

(AUC=0.656). In females, WC was a significantly better discriminator 

(AUC=0.780) compared to both BMI (AUC=0.733) and WHR (AUC=0.728, 

P<0.01 for both). Conversely, in an analysis using pooled data from four 

German population-based longitudinal cohorts (N=10,258), Hartwig et al. 

[156] found WHtR to be equally predictive of type 2 diabetes in both genders 
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(AUC=0.75) compared to BMI (AUC=0.72 for men and AUC=0.71 for 

women). However, in a cross-sectional study of 12,294 adults, Mooney et al. 

[157] reported similar discriminatory capabilities for all indices regarding 

cardiometabolic risk factors in both men and women. Although central 

adiposity variables were superior discriminators of impaired FPG, BMI was a 

better discriminator of hypertension. 

 

 

1.6.3 Discussion 

Of the nine meta-analyses included in this review that reported effect 

measures as either RRs, HRs or ORs (and which included indices of both 

general and central adiposity), six [127,139,142,145,148,149] showed that 

central adiposity, defined by either WC, WHR or WHtR, was more strongly 

associated with a majority of the examined obesity-related conditions or 

mortality. Three [141,144,146] concluded that general and central adiposity 

indices displayed similar risk patterns. Subsequently, these results might 

suggest that central adiposity is a better indicator of cardiometabolic risk and 

chronic disease than BMI. However, these findings are ambiguous. Although 

on average, central adiposity measures displayed stronger relationships 

when compared to BMI, similar strengths of association were observed in 

many of the included studies. 

 

Equally important to consider is that measures of association do not 

necessarily indicate an ability to discriminate an outcome of interest. Of the 

five meta-studies which reported results from ROC analysis, only one [143] 
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demonstrated that central adiposity variables were significantly better 

discriminators than BMI, while one [138] reported that they were statistically 

superior in men only. Two [139,141] determined that AUCs were larger for 

central indices, but not significantly so, or that differences were minimal, and 

one concluded that there was no clinically relevant difference in 

discriminatory capabilities between either BMI, WC or WHR [145].  

 

As discussed by Pepe et al. [158], although a strong association is a 

necessary condition when comparing measures in terms of ability to 

discriminate, it is not sufficient, as even variables with strong associations 

may not adequately discriminate between subjects with or without an 

outcome. Moreover, while two of the examined meta-studies suggested that 

AUC values were significantly greater for central indices regarding specific 

outcomes, and the WHtR index was a noticeably better discriminator in 

several, the AUC is a summary statistic regarding the overall discriminatory 

performance of a marker and lacks clinical relevance. In addition, observed 

discriminatory differences between BMI and central adiposity indices were 

modest.  

  

Other factors should also be considered when drawing conclusions from this 

review. Meta-analysis, while an effective tool within epidemiological 

research, is not without its limitations. Several studies included numerous 

comparisons between one or more adiposity measures and outcomes, and 

less for others, thus giving some variables an inordinate weight in analysis 

[151]. Furthermore, as WC measurement has not been standardised 
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internationally, optimal measurement protocols for assessing metabolic risk 

may be different between included studies, thus influencing observed 

associations. The results from this meta-review also suggest heterogeneous 

relationships between adiposity measures and cardiometabolic disease 

relating to gender [143], and studies which do not stratify or use appropriate 

statistical methods may over or underestimate effect sizes and discriminatory 

differences. Also importantly, cardiometabolic outcomes may be classified 

differently within studies, with several using optimal procedures and different 

tests to define conditions (e.g. the OGTT for type 2 diabetes compared with 

FPG or the HbA1c assay) and some using only self-reported diagnosis 

[23,159,160]. Other aspects such as age or ethnicity may also influence 

results [58,161].  

 

 

1.6.4 Conclusions and rationale for further research 

Studies comparing BMI with central adiposity suggest the latter provides 

additional information (beyond that which is measured by BMI), as 

relationships between BMI and cardiometabolic disease are attenuated in 

regression models after the inclusion of WC [58,100], thus indicating that 

central adiposity explains a greater variance of obesity-related risk, or that 

both adiposity variables provide independent information 

[59,92,144,153,154]. In addition, research has suggested that centrally 

obese subjects classified as normal weight by BMI represent a particularly 

high-risk group [149,162-164]. However, just as critics of central adiposity 

assessment – who claim it as unnecessary, inaccurate and time-consuming 
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– neglect to state how much of an increase in discriminatory accuracy would 

be clinically relevant, so it is also true that proponents of WC, WHR or WHtR 

measurement often fail to clarify how much added information these indices 

might provide over BMI or other variables currently utilised in cardiometabolic 

risk algorithms.  

 

These concerns were examined by Klein et al. [83], who determined that 

measurement of WC in clinical practice would not be trivial, as providing 

such an assessment competes for the limited time available during patient 

appraisal and requires specific training to ensure reliable data are obtained. 

Nevertheless, WC measurement was recommended as a method to identify 

a potentially non-trivial number of patients at increased risk who might not be 

detected using conventional methods. Central adiposity indices might be 

effective tools for identifying metabolically unhealthy, normal weight or non-

obese subjects who could benefit from an intervention or lifestyle therapy, 

but who would not otherwise be considered for treatment if adiposity were 

measured using BMI. This idea was further explored in a WHO report [12] 

which suggested that central adiposity variables, used in conjunction with 

BMI, might contribute to the development of a composite index to 

discriminate high-risk patients.  

 

However, despite potential uses for central adiposity measures, a majority of 

research continues to demonstrate a significant and strong relationship 

between BMI and obesity-related conditions. This suggests its continued 

relevance for defining and assessing metabolic risk within epidemiology and 
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clinical practice. While results from this review might imply that central 

adiposity is a greater risk factor for cardiometabolic disease, type 2 diabetes 

and mortality, with regard to the clinical utility of central adiposity 

assessment, these findings are inconclusive. 

 

By exploring issues raised by this review, this thesis adds to the current 

knowledge base regarding the clinical relevance and potential usefulness of 

surrogate measures of adiposity as tools to identify high-risk patients. 

Specifically, it examines the rationale for routine assessment of adiposity 

within healthcare practice, and whether methods used for disease 

classification and anthropometric measurement procedure are important for 

diagnosing cardiometabolic risk and type 2 diabetes. It also compares 

adiposity variable relationships with a range of cardiometabolic disease 

features, biomarkers of chronic low-grade inflammation and type 2 diabetes. 

Finally, it explores whether central adiposity indices provide additional 

information regarding disease and risk status, beyond that which is normally 

assessed by BMI, and whether a composite index using both general and 

central adiposity measures might be clinically useful. 
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Table 1––Details and results from meta-analytic studies. 

Reference No. of 

Studies 

Population 

and No. of Subjects 

Indices 

Examined 

Main Outcome 

Measure 

Analysis Type Results Comments 

Ashwell 

et al. (2012) 

[143] 

31 4 Europe 

2 South America 

2 Australasia 

6 Asia 

2 Middle-East 

1 Caribbean 

14 other 

 

123,231 men 

182,620 women 

BMI 

WC 

WHtR 

Incident and 

prevalent type 

2 diabetes, 

hypertension, 

dyslipidaemia, 

MetS and CVD 

Pooled ROC 

analysis 

Pooled AUCs for all outcomes were: 0.667, 

0.650-0.684 (BMI), 0.694, 0.678-0.709 (WC) and 

0.704, 0.689-0.718 (WHtR) in men and 0.681, 

0.658-0.704 (BMI), 0.714, 0.698-0.731 (WC) and 

0.725, 0.709-0.741 (WHtR) in women 

 

 

WHtR was a better discriminator than 

BMI for all five specific health outcomes 

 

Statistical comparisons of central 

adiposity with BMI indicated that both 

WC and WHtR were significantly better 

at discriminating type 2 diabetes  

 

Compared with BMI, WC improved 

discrimination of adverse outcomes by 

3% (P<0.05) and WHtR improved 

discrimination by 4%-5% (P<0.01) 

 

Discriminatory ability was greater in 

women 

Carmienke 

et al. (2013) 

[144] 

18 6 Europe 

10 North America 

2 Australasia 

 

693,739 

men and women 

BMI 

WC 

WHR 

All-cause 

mortality 

Pooled RR using 

categorical 

variables 

RRs for all-cause mortality were: 1.27 (1.21-

1.33), 1.32 (1.22-1.43) and 1.13 (1.11-1.59) for 
1BMI, 2WC and 2WHR respectively 

 
1Obese class II compared to normal weight 

 
2Gender-specific categorical cut-point compared 

to normal reference 

Meta-regression analysis was restricted 

to nine cohorts that provided RRs and 

95% CIs and which defined category 

boundaries for adiposity measures 

 

All measures showed similar risk 

patterns for upper quartiles in 

comparison to reference quartiles 

 

Patterns of general and central adiposity 

remained significantly associated with 

mortality when adjusted for both 
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Table 1 continued 

Reference No. of 

Studies 

Population 

and No. of Subjects 

Indices 

Examined 

Main Outcome 

Measure 

Analysis Type Results Comments 

Coutinho 

et al. (2011) 

[149] 

5 2 Europe 

2 North America 

1 Asia 

 

15,923 

(59% men) 

BMI and 

central 

adiposity 

defined by 

either WC 

or WHR 

CAD mortality Individual 

participant meta-

analysis 

 

HR by index 

tertiles 

Overall gender-specific pooled RRs comparing 

upper to lower index tertiles were: 0.64 (0.59-

0.69) for BMI and 1.70 (1.58-1.83) for central 

adiposity defined by either WC or WHR 

Central adiposity was associated with 

mortality whereas BMI was inversely 

associated with mortality 

 

Central adiposity was also associated 

with higher mortality in a subset of 

subjects with normal BMI 

Czernichow 

et al. (2011) 

[145] 

9 Europe 

 

82,864 

men and women 

BMI 

WC 

WHR 

All-cause and 

CVD mortality 

Individual 

participant meta-

analysis 

 

HR comparing 

upper quintiles to 

lower quintiles 

and for a 1 SD 

increase in each 

index 

 

ROC and 

integrated 

discrimination 

improvement 

analysis  

For all-cause mortality, multivariable adjusted 

HRs for a 1 SD increase were: 0.95 (0.91-0.99), 

1.05 (1.00-1.09) and 1.12 (1.06-1.18) for BMI, 

WC and WHR respectively 

 

For CVD mortality, multivariable adjusted HRs 

for a 1 SD increase were: 1.05 (0.98-1.14), 1.15 

(1.05-1.25) and 1.15 (1.04-1.27) for BMI WC and 

WHR respectively 

 

 

 

 

Measures of central adiposity were more 

strongly associated with CVD mortality 

 

BMI was related to CVD mortality in age 

and gender adjusted models only 

 

There was a modest (<1%) enhancement 

in discriminative capability using WHR 

compared to BMI 

 

The advantage of using WC was also 

marginal 

 

Models combining two adiposity indices 

did not provide improvement in the 

prediction of mortality 

de Koning 

et al. (2007) 

[147] 

15 Not stated 

 

258,114  

(35.7% men) 

WC 

WHR 

Incident CVD 

events 

Pooled RR 

comparing highest 

to lowest quantiles 

of WC and WHR 

Overall risk estimate comparing extreme 

gender-specific quantiles for each measure 

were: 1.63 (1.31-2.04) for WC and 1.95 (1.55-

2.44) for WHR 

The results suggested that WHR was 

more strongly associated with CVD than 

WC although differences were not 

statistically significant 
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Table 1 continued 

Reference No. of 

Studies 

Population 

and No. of Subjects 

Indices 

Examined 

Main Outcome 

Measure 

Analysis Type Results Comments 

Huxley 

et al. (2008) 

[142] 

21 Asian (73%) 

Caucasian (27%) 

 

>263,000 

men and women 

BMI 

WC 

WHR 

Prevalent type 

2 diabetes and 

hypertension 

Individual 

participant meta-

analysis 

 

OR for a 0.5 SD 

increase in each 

index 

A 0.5 SD increment increase in BMI was 

associated with a 20%-30% increased odds of 

type 2 diabetes in Asian subjects 

 

A 0.5 SD increment increase in WC or WHR was 

associated with a 40% increased odds of type 2 

diabetes in Asian subjects 

ORs of having hypertension were similar 

for all measures of general and central 

adiposity 

 

Ethnic heterogeneity was observed in 

obesity/morbidity associations  

Kodama  

et al. (2012) 

[127] 

15 8 Western 

7 Non-Western 

 

120,012 

men and women 

BMI 

WC 

WHR 

WHtR 

Incident type 2 

diabetes 

Pooled RR for a 1 

SD increase in each 

index 

Pooled RRs for a 1 SD increase (men and women 

combined) were: 1.55 (1.43-1.69), 1.63 (1.49-

1.79), 1.52 (1.40-1.66) and 1.62 (1.48-1.78) for 

BMI, WC, WHR and WHtR respectively 

WC and WHtR showed a modest but 

significantly stronger association with 

type 2 diabetes compared to BMI or 

WHR, but measuring height in addition 

to WC appeared to have little additional 

benefit 

Lee 

et al. (2008) 

[138] 

10 1 Europe 

7 Asian 

1 Caribbean 

1 Iran 

 

88,514 

(54% women) 

BMI 

WC 

WHR 

WHtR 

Incident and 

prevalent type 

2 diabetes, 

hypertension 

and 

dyslipidaemia 

Pooled ROC 

analysis 

Pooled AUCs for type 2 diabetes were: 0.672, 

0.646-0.697 (BMI), 0.701, 0.670-0.732 (WC), 

0.721, 0.664-0.778 (WHR) and 0.726, 0.698-

0.754 (WHtR) in men and 0.693, 0.629-0.757 

(BMI), 0.744, 0.695-0.794 (WC), 0.748, 0.687-

0.810 (WHR) and 0.756, 0.700-0.811 (WHtR) in 

women 

WHtR was the best discriminator of type 

2 diabetes, hypertension and 

dyslipidaemia in both genders 

 

Statistical differences between BMI and 

WHtR were noticed only in men for type 

2 diabetes and hypertension 

 

Higher pooled AUCs were observed in 

females compared to males suggesting 

that discrimination is more precise in 

women 

 

The authors concluded that evidence 

supports the superiority of measures of 

central adiposity over BMI for detecting 

CVD risk factors 
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Table 1 continued 

Reference No. of 

Studies 

Population 

and No. of Subjects 

Indices 

Examined 

Main Outcome 

Measure 

Analysis Type Results Comments 

Mohan 

(2008) 

[141] 

19 Asian 

(62.8%) 

Caucasian (36.7%) 

Pacific Islanders 

(0.5%) 

 

>173,709 

(53% women) 

 

 

BMI 

WC 

WHR 

WHtR 

Prevalent 

hypertension 

Individual 

participant meta-

analysis 

 

Adjusted linear 

regression 

between indices 

and SBP/DBP 

stratified by 

ethnicity 

 

OR for a 0.5 SD 

increase in each 

index 

 

ROC analysis 

stratified by 

ethnicity and 

overall pooled 

results 

Similar strengths of association with 

hypertension were noted for BMI, WC and 

WHtR: 40% versus 30% in Asian and non-Asians 

respectively 

 

Pooled AUCs for hypertension were: 0.63, 0.62-

0.66 (BMI), 0.66, 0.64-0.67 (WC), 0.65, 0.63-0.67 

(WHR) and 0.67, 0.66-0.69 (WHtR) in men and 

0.66, 0.64-0.68 (BMI), 0.69, 0.63-0.72 (WC), 0.68, 

0.65-0.70 (WHR) and 0.71, 0.68-0.73 (WHtR) in 

women 

Measures of central adiposity tended to 

be better discriminators of hypertension 

in both genders 

 

Overall, WHtR had the highest 

discriminatory capability, although the 

authors concluded that no 

anthropometric variable was 

systematically better than the others for 

discriminating hypertension 

 

Heterogeneity in associations and 

discriminatory capacity were observed 

between different ethnic populations 

 

 

Nyamdorj 

et al. (2008) 

[139] 

16 Asia 

 

9,095 men 

11,732 women 

 

 

BMI 

WC 

WHR 

WHtR 

Prevalent type 

2 diabetes and 

hypertension 

Individual 

participant meta-

analysis 

 

OR for a 1 SD 

increase in each 

index 

 

ROC analysis 

Pooled AUCs for type 2 diabetes were: 0.725, 

0.706-0.743 (BMI), 0.729, 0.711-0.747 (WC), 

0.729, 0.711-0.747 (WHR), and 0.735, 0.717-

0.753 (WHtR) in men and 0.742, 0.726-0.756 

(BMI), 0.749, 0.734-0.765 (WC), 0.742, 0.727-

0.758 (WHR) and 0.748, 0.733-0.764 (WHtR) in 

women 

WHtR displayed a stronger association 

with diabetes compared to BMI but all 

indices were equally strongly associated 

with hypertension 

 

AUCs were slightly higher for diabetes 

using WHtR (both genders) and for WC 

(in women), and greater for BMI 

regarding hypertension, in both genders 
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Table 1 continued 

Reference No. of 

Studies 

Population 

and No. of Subjects 

Indices 

Examined 

Main Outcome 

Measure 

Analysis Type Results Comments 

Savva 

et al. (2013) 

[148] 

34 Asian and non-

Asians 

 

512,809 men and 

women 

BMI 

WHtR 

Incident and 

prevalent type 

2 diabetes, 

elevated BP, 

dyslipidaemia, 

MetS, CVD, all-

cause and CVD 

mortality  

Pooled estimate of 

the ratio of RRs 

(rRR [=RRBMI/ 

RRWHtR]) using 

optimal BMI and 

WHtR cut-offs 

 

WHtR was found to have a stronger association 

than BMI with type 2 diabetes (RR: 0.71, 0.59–

0.84) and MetS (RR: 0.92, 0.89–0.96) in cross-

sectional studies 

 

In prospective studies, WHtR appeared to be 

more strongly associated with several outcomes 

including incident CVD, all-cause and CVD 

mortality 

The usefulness of WHtR appears to be 

better in Asian than in non-Asian 

populations 

 

There was substantial heterogeneity 

between included studies 

van Dijk 

et al. (2012) 

[140] 

20 11 Europe 

7 North America 

1 Turkey 

1 Australasia 

 

21,139 men 

24,139 women 

BMI 

WC 

WHR 

WHtR 

Metabolic 

features: FPG, 

SBP, DBP,  

HDL-C, LDL-C, 

Total-C and 

triglycerides 

Pooled mean 

Pearson 

correlation 

coefficients 

between each 

index and 

metabolic features 

Mean Pearson correlation coefficients for FPG 

were: 0.188 ± 0.019 (BMI), 0.227 ± 0.030 (WC), 

0.213 ± 0.029 (WHR) and 0.136 ± 0.013 (WHtR) 

in men and 0.243 ± 0.024 (BMI), 0.289 ± 0.038 

(WC), 0.261 ± 0.035 (WHR) and 0.171 ± 0.014 

(WHtR) in women 

WC displayed the strongest correlation 

with metabolic features in both men and 

women, except for HDL-C and LDL-C in 

men 

 

When comparing BMI to WC, the latter 

showed significantly better correlation 

with metabolic features, except for DBP 

in women and HDL-C and Total-C in men 

Vazquez 

et al. (2007) 

[146] 

32 9 Europe 

12 North America 

4 Asia 

7 Other 

 

31,702 

men and women 

BMI 

WC 

WHR 

Incident type 2 

diabetes 

Pooled RR for a 1 

SD increase in each 

index 

Pooled RRs for a 1 SD increase were: 1.87 (1.67-

2.10), 1.87 (1.58-2.20) and 1.88 (1.61-2.19) for 

BMI WC and WHR respectively 

Similar associations with type 2 diabetes 

were noted for all adiposity measures  
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1.7 Thesis Outline 

1.7.1 Aims and objectives 

The overall aim of this PhD research was to determine how useful surrogate 

measures of adiposity might be to identify high-risk patients within a clinical 

setting. Specific aims and objectives of the research and corresponding 

chapters are presented in Figure 1. 

 

Four specific research aims were identified. These were: 

1. to examine the rationale for adiposity measurement within clinical 

practice; 

2. to compare cardiometabolic feature relationships with type 2 diabetes 

and pre-diabetes diagnosed by different tests; 

3. to investigate mechanisms of association between measures of 

adiposity and type 2 diabetes; 

4. to assess adiposity variable discriminatory capability. 

 

The specific objectives were: 

1. to examine why adiposity measurement might be clinically useful 

within Ireland to identify high-risk patients, such as those with 

undiagnosed diabetes; 

2. to determine how type 2 diabetes and cardiometabolic risk should be 

diagnosed within clinical practice and epidemiological research;  

3. to determine which metabolic variables are related to type 2 diabetes 

and diabetes development with reference to both established 

components of the MetS and novel inflammatory biomarkers; 
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4. to explore adiposity variable relationships (including individual 

variables and derived composite indices) with features of 

cardiometabolic disease and type 2 diabetes; 

5. to examine adiposity index discrimination of cardiometabolic risk and 

type 2 diabetes using different anthropometric measurements; 

6. to investigate whether a composite index using measures of both 

general and central adiposity might be clinically useful. 

 

 

1.7.2 Research outputs  

Chapter 2 (Paper 1) examines the prevalence of undiagnosed and 

diagnosed type 2 diabetes within our sample. This study compares features 

between these two groups in order to determine why certain individuals 

remain undetected. It also evaluates variables which might be useful in 

screening programmes within Ireland to identify undiagnosed cases, and 

suggests a rationale for adiposity measurement within clinical practice. The 

findings from this research were published in the journal PLOS ONE in 

November 2013 [165]. 

 

Chapter 3 (Paper 2) compares cardiometabolic feature relationships with 

type 2 diabetes and pre-diabetes diagnosed by different procedures (HbA1c 

and FPG). Although these conditions represent the two major 

cardiometabolic outcomes within our sample, they are “soft” outcomes 

defined on the basis of a positive test. Glycated haemoglobin A1c 

measurement has been recommended for diagnosis of type 2 diabetes, and 
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as a procedure to detect subjects at a high-risk state of developing diabetes. 

However, controversy exists regarding its use within clinical practice and as 

a method for defining outcomes within epidemiology. In particular, research 

has suggested discordance between HbA1c and the FPG test, which was 

more commonly employed as a diagnostic tool in Ireland before 2010. The 

objectives of this paper were to validate HbA1c measurement within our 

sample against FPG as a method for classifying diabetes and 

cardiometabolic disease risk, and also to observe metabolic variable 

relationships with type 2 diabetes and pre-diabetes. The results from this 

study were published in the journal PLOS ONE in August 2015 [166]. 

 

Chapter 4 (Paper 3) examines adiposity variable relationships with diabetes-

related metabolic features and type 2 diabetes. It investigates whether WC 

measurement protocol influences discriminatory accuracy. It also compares 

BMI with central obesity measures to determine whether general or central 

adiposity is a better indicator of cardiometabolic risk and type 2 diabetes. 

The findings from this research were published in the journal PLOS ONE in 

June 2015 [167]. 

 

Chapter 5 (Paper 4) explores general and central adiposity relationships with 

biomarkers of inflammation. Chronic low-grade inflammation has been 

suggested as a possible mechanism linking adiposity with type 2 diabetes. 

This paper compares BMI and WC associations with markers of low-grade 

inflammation and type 2 diabetes in order to ascertain whether general or 
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central adiposity is a greater risk factor for diabetes-related systemic 

inflammation.  

 

Chapter 6 (Paper 5) assesses the utility of a composite index for adiposity 

measurement. It examines if joint use of BMI and WHtR might refine body fat 

classification, and whether a combination of both adiposity measures could 

help stratify high and low-risk patients. The results from this study were 

published in the BMC journal Diabetology & Metabolic Syndrome in 

September 2015 [168]. 

 

 

1.7.3 Author’s contribution 

I was the lead author of the research papers presented in Chapters 3, 4, 5 

and 6. This involved the formulation of the research question for each 

chapter, conducting literature searching, data analysis and the drafting of 

each manuscript.  

 

The research question for Chapter 2 was originally examined as part of 

Master’s thesis project on which I was a tutor. I was involved in the 

formulation of the research question. In addition, the data analysis, writing 

and revisions of the submitted manuscript were performed by me. These 

contributions are acknowledged in the author contributions section of the 

published paper.  



 
 

 

Figure 1––Overview of aims, objectives and research outputs. 

 

 

 

 

Research Question 

Objectives 

Outputs 

Could surrogate measures of adiposity be clinically useful as tools to 

identify high-risk patients? 

 

To examine the 

rationale for adiposity 

measurement within 

clinical practice 

 

To compare 

cardiometabolic feature 

relationships with type 2 

diabetes and pre-diabetes 

diagnosed by different tests 

 

To investigate 

mechanisms of 

association between 

measures of adiposity 

and type 2 diabetes 

 

To assess adiposity 

variable discriminatory 

capability  

 

To examine why adiposity 

measurement might be 

clinically useful within 

Ireland to identify high-risk 

patients 

 

To determine which 

metabolic variables 

are related to type 2 

diabetes and diabetes 

development 

 

To determine how 

type 2 diabetes and 

cardiometabolic risk 

should be diagnosed 

within clinical practice 

and epidemiological 

research 

To explore adiposity 

variable relationships 

with features of 

cardiometabolic 

disease and type 2 

diabetes 

 

To examine adiposity 

index discrimination of 

cardiometabolic risk and 

type 2 diabetes using 

different anthropometric 

measurements 

 

To investigate whether 

a composite index 

using measures of both 

general and central 

adiposity might be 

clinically useful 

 

Aims 

Chapter 2: 

The Prevalence and 

Determinants of 

Undiagnosed and 

Diagnosed Type 2 

Diabetes in Middle-Aged 

Irish Adults 

 

Chapter 3: 

HbA1c Alone is a Poor 

Indicator of Cardiometabolic 

Risk in Middle-Aged 

Subjects with Pre-Diabetes 

but is Suitable for Type 2 

Diabetes Diagnosis:  

A Cross-Sectional Study 

 

Chapter 4: 

Optimal Central 

Obesity Measurement 

Site for Assessing 

Cardiometabolic and 

Type 2 Diabetes Risk 

in Middle-Aged Adults 

 

Chapter 5: 

General and Central 

Obesity Measurement 

Associations with 

Markers of Chronic Low-

Grade Inflammation and 

Type 2 Diabetes 

 

Chapter 6: 

Assessing Cardiometabolic 

Risk in Middle-Aged Adults 

Using Body Mass Index and 

Waist-Height Ratio – Are 

Concordant Results by Two 

Indices Better than 

Discordant Results?  

A Cross-Sectional Study 
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1.8 Methods 

1.8.1 The Cork and Kerry Diabetes and Heart Disease Study 

This thesis makes use of data from the Cork and Kerry Diabetes and Heart 

Disease Study – Phase II (The Mitchelstown Cohort). In 2010, as part of the 

Health Research Board Centre for Health and Diet Research, we received 

funding to recruit a cohort of subjects in order to provide an updated profile of 

glucose tolerance status, cardiometabolic health and related factors in a 

middle-aged Irish population. This study utilised field survey procedures and 

equipment similar to those used in the original 1998 Cork and Kerry Diabetes 

and Heart Disease Study [169].  

 

 

1.8.2 Ethical approval and sampling procedure 

A cross-sectional random sample of 2,047 middle-aged men and women 

was recruited from patients attending a single large primary care centre in 

Mitchelstown, County Cork, Ireland. The Livinghealth Clinic includes nine 

general practitioners and the practice serves a catchment area of 

approximately 20,000, with a mix of urban and rural residents. Ethics 

committee approval conforming to the Declaration of Helsinki was obtained 

from the Clinical Research Ethics Committee of University College Cork.  

 

The name, address, gender and date of birth were provided for all registered 

attending patients in the clinic, and stratified sampling was employed to 

recruit equal numbers of men and women in the 46-73 year age group. In 

total, 3,807 potential participants were selected from the practice list. 
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Following the exclusion of duplicates, deaths, and subjects incapable of 

consenting or attending appointment, 3,051 were invited to participate in the 

study and of these, 2,047 (49.2% male) completed the questionnaire and 

physical examination components of the baseline assessment (response 

rate: 67.1%).  

 

The status of non-responders included individuals refusing to participate 

(59.4%) and those who did not reply (40.6%). Male subjects accounted for 

53.7% of non-responders while 43.5% (versus 42.8% of responders) were 

>60 years of age. All non-responders were followed up with a phone call 

where possible and otherwise with a single postal reminder. Signed informed 

consent was obtained from each participant before commencing the 

assessment.  

 

 

1.8.3 Study delivery and quality control 

Fasting blood samples were taken to determine lipid and lipoprotein 

concentrations, glycaemic status, full blood counts and a biochemical profile. 

Clinical measurements taken by trained researchers included BP readings 

and anthropometric measurements. Anthropometric variables assessed 

included weight, height, WC measured at two sites (midway and lowest rib), 

hip circumference and pelvic width. Details regarding anthropometric 

measurement protocols are included in Appendix 5. Survey instruments and 

variable definitions are addressed in each of the relevant chapters to follow.  
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Participants were required to complete a General Health Questionnaire 

(GHQ) [170]. Physical activity levels were assessed using the International 

Physical Activity Questionnaire (IPAQ) [171]. Both the GHQ and IPAQ have 

been proven to be valid and reliable and were used in the 1998 study [169] 

and the SLÁN 2007: Survey of Lifestyle, Attitudes and Nutrition [172].   

 

All procedures were carried out with reference to guidelines outlined in a 

standard operating procedures manual and all results were recorded on a 

clinical report form. Data from the report form, GHQ and IPAQ were scanned 

using TeleformTM and information was verified against the hard copy. Data 

were subsequently exported to MS-Excel and were again checked against 

the hard copy. When data entry was complete for each variable, 10% of the 

sample was randomly checked for errors.  
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2.0 Abstract 

Background and Objectives  

The prevalence of type 2 diabetes within the Republic of Ireland is poorly 

defined, although a recent report suggested 135,000 cases in adults aged 

45+, with approximately one-third of these undiagnosed. This study aims to 

assess the prevalence of undiagnosed and diagnosed diabetes in middle-

aged Irish adults and compare features between these two groups in order to 

investigate why certain individuals remain undetected. 

 

 

Materials and Methods  

This was a cross-sectional study involving a random sample of 2,047 men 

and women aged 46-73 years. Univariate logistic regression was used to 

explore socio-economic, metabolic and other health-related variable 

associations with undiagnosed and diagnosed diabetes. A final multivariable 

analysis was used to determine odds ratios of having undiagnosed 

compared to diagnosed diabetes, adjusting for age, gender and significant 

covariates determined from univariate models. 

 

 

Results 

The total prevalence of diabetes was 8.5% (95% CI: 7.4%-9.8%); 72 subjects 

(3.5%) had undiagnosed diabetes (95% CI: 2.8%-4.4%) and 102 subjects 

(5.0%) had diagnosed diabetes (95% CI: 4.1%-6.0%). Adiposity, 

dyslipidaemia and having a family history of diabetes were positively 
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associated with both undiagnosed and diagnosed type 2 diabetes. When 

compared to diagnosed subjects, study participants with undiagnosed 

diabetes were significantly more likely to have higher levels of adiposity and 

low levels of physical activity, and they were less likely to be on treatment for 

diabetes-related conditions or to have private medical insurance.  

 

 

Conclusions 

The prevalence of type 2 diabetes within the Cork and Kerry Diabetes and 

Heart Disease Study is comparable to a recent estimate from the SLÁN 

2007: Survey of Lifestyle, Attitudes and Nutrition, a study which was 

nationally representative of the general population. A high percentage of 

diabetes cases were undiagnosed (41%), emphasising the need for more 

effective detection strategies and equitable access to primary healthcare. 
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2.1 Introduction  

Type 2 diabetes mellitus, a chronic disease which causes significant 

morbidity and mortality, was the ninth leading cause of death worldwide in 

2008 [173]. Diabetes is associated with obesity, dyslipidaemia and 

hypertension, and is characterised by chronic hyperglycaemia due to 

insufficient insulin release, impaired insulin action, or a combination of both 

[23]. Importantly, the persistent hyperglycaemia that is associated with 

diabetes may cause serious health complications such as cardiovascular 

disease (CVD) and impairment and malfunction of the renal, ophthalmic, 

vascular and nervous systems [25]. These complications pose significant 

financial burdens on healthcare services; research conducted in 2006, which 

examined economic consequences related to type 2 diabetes, estimated that 

almost 10% of total healthcare expenditure was spent on diabetes care in the 

Republic of Ireland alone [174]. 

 

The prevalence of type 2 diabetes is increasing globally, representing a key 

public health issue [175]. There is a lack of research relating to diabetes in 

Ireland, although recent studies have indicated that the condition may be 

reaching epidemic proportions [176,177]. In 1998, the prevalence of diabetes 

amongst subjects in a primary care based sample was estimated to be 3.9% 

[169]. A recent report from the Irish Institute of Public Health (IPH) [178] 

based on findings from the SLÁN 2007: Survey of Lifestyle, Attitudes and 

Nutrition [172], suggested a prevalence of 8.9% in adults aged 45+. This 

estimate consisted of 94,000 subjects with clinically diagnosed type 2 

diabetes and 41,000 with undiagnosed diabetes. While the efficacy and cost-
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effectiveness of routine screening for diabetes in primary care has not been 

established [179-181], there is an ongoing need for contemporary data on 

the prevalence of type 2 diabetes, in population and primary care settings, in 

order to guide policy in this area. This could help formulate strategies that 

further develop effective diabetes prevention, detection and management, as 

individuals with undiagnosed diabetes are at a high-risk of diabetic 

complications [182]. 

 

The aim of this study was to estimate the prevalence of undiagnosed and 

diagnosed type 2 diabetes in a random sample of men and women aged 46-

73 years, drawn from a primary care setting similar to that studied in 1998 

[169], using the same field survey procedures and methods. In particular, we 

compared features between these two groups in order to determine why 

certain individuals remain undetected. 

 

 

2.2 Materials and Methods 

2.2.1 Study design 

The study design is described in detail in Chapter 1. In summary, the Cork 

and Kerry Diabetes and Heart Disease Study (Phase II) was a single centre, 

cross-sectional study conducted between 2010 and 2011. A random sample 

was recruited from a large primary care centre in Mitchelstown, County Cork, 

Ireland. The Livinghealth Clinic serves a population of approximately 20,000, 

with a mix of urban and rural residents. Stratified sampling was employed to 

recruit equal numbers of men and women from all registered attending 
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patients in the 46-73 year age group. In total, 3,807 potential participants 

were selected from the practice list. Following the exclusion of duplicates, 

deaths, and subjects incapable of consenting or attending appointment, 

3,051 were invited to participate in the study and of these, 2,047 (49.2% 

male) completed the questionnaire and physical examination components of 

the baseline assessment (response rate: 67.1%). Details regarding the study 

design, sampling procedures and methods of data collection have been 

reported previously [183].  

 

Ethics committee approval conforming to the Declaration of Helsinki was 

obtained from the Clinical Research Ethics Committee of University College 

Cork. A letter signed by the contact GP in the clinic was sent out to all 

selected participants with a reply slip indicating acceptance or refusal. All 

subjects gave signed informed consent, including permission to use their 

data for research purposes.  

 

 

2.2.2 Clinical and laboratory procedures  

The weight and height of each subject were measured to the nearest 0.1 kg 

and 0.1 cm respectively by trained researchers. Study participants were 

asked to remove heavy outer clothing and footwear. Portable electronic 

Tanita WB-100MA weighing scales (Tanita Corporation, IL, USA) were 

placed on a firm, flat surface and were calibrated weekly to ensure accuracy. 

Height was measured using a portable Seca Leicester height/length 

stadiometer (Seca, Birmingham, UK). Three measurements of systolic and 
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diastolic blood pressure (SBP and DBP respectively) were obtained with the 

subject in a seated position using an Omron M7 digital sphygmomanometer 

(Omron Healthcare Co. Ltd., Japan). The mean of the second and third 

readings was considered to be a subject’s blood pressure.  

 

After an overnight fast, participants were invited to attend the clinic for the 

sampling of blood between 8 and 10 A.M. Triglyceride and high-density 

lipoprotein cholesterol (HDL-C) levels were measured by Cork University 

Hospital Biochemistry Laboratory on Olympus 5400 biochemistry analysers 

with Olympus reagents using standardised procedures and fresh samples 

(Olympus Diagnostica Gmbh, Hamburg, Germany). Fasting plasma glucose 

(FPG) concentrations were determined using a glucose hexokinase assay 

(Olympus Life and Material Science Europa Ltd., Lismeehan, Co. Clare, 

Ireland). Glycated haemoglobin A1c (HbA1c) levels were measured in the 

haematology laboratory on an automated high-pressure liquid 

chromatography instrument Tosoh G7 (Tosoh HLD-723 (G7), Tosoh Europe 

N.V, Tessenderlo, Belgium).  

 

A self-administered General Health Questionnaire (GHQ) [170] was used to 

collect supplementary information which included prescription (Rx) 

medication use, demographic characteristics, medical cover, family diabetes 

history, past medical history of CVD and smoking/alcohol behaviours. 

Physical activity levels were assessed using the International Physical 

Activity Questionnaire (IPAQ) [171]. 
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2.2.3 Metabolic and anthropometric variables 

Lipid, lipoprotein and FPG levels were classified according to National 

Cholesterol Education Program: Adult Treatment Panel III guidelines [184]. 

Abnormal metabolic risks were defined as high triglycerides >1.7 mmol/l, low 

HDL-C (<1.03 mmol/l in males or <1.29 mmol/l in females) and impaired 

FPG >5.6 mmol/l. Dyslipidaemia was determined according to both elevated 

triglyceride and low HDL-C levels. Hypertension was defined according to 

World Health Organisation guidelines as SBP >140 mmHg and/or DBP >90 

mmHg [185]. Body mass index (BMI) was calculated by dividing a subject’s 

weight by the square of their height and was categorised as <25 = normal 

weight, 25-29.9 = overweight and >30 = obese [94]. 

 

 

2.2.4 Morbidity  

Type 2 diabetes [23] was defined as HbA1c >6.5% (>48 mmol/mol), (N=146). 

Undiagnosed diabetes was determined if subjects had positive HbA1c tests 

but did not report a medical diagnosis of diabetes or oral medication use for 

the condition (N=72). Diagnosed diabetes was classified according to 

positive test results and a self-reported physician diagnosis or diabetes 

medication use (N=74), or by diagnosis or medication use alone (N=28, total 

diagnosed=102). The presence of CVD was obtained from the GHQ by 

asking study participants if they had been diagnosed with one of the 

following seven conditions: heart attack (including coronary thrombosis or 

myocardial infarction), heart failure, angina, aortic aneurysm, hardening of 
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the arteries, stroke or any other heart trouble. Subjects indicating a diagnosis 

of any of these disorders were classified as having CVD. 

 

 

2.2.5 Covariates 

Other covariates utilised from the GHQ included age, gender, use of Rx anti-

hypertensive and cholesterol-lowering medications, family diabetes history, 

education, social class, medical cover, smoking status and alcohol use. Age 

was included either as a dichotomous (<60/>60 years of age) or continuous 

variable in univariate or multivariable regression models. Education was 

divided into four categories: primary, secondary, diploma and bachelor or 

higher. Social class was defined according to the European Socio-economic 

Classification method (ESeC) [186], and collapsed into three groups: high 

income, middle income and low income. The health service variables – 

private insurance, no insurance and means-tested, state-assisted general 

practice visit card (GPC) and full medical card (FMC) – were transformed 

into a dummy variable: private insurance, state insurance, no insurance. 

Subjects reporting more than one insurance type were assigned to the higher 

insurance category. Self-reported physical activity within the previous six 

months, measured using the IPAQ questionnaire, was divided into three 

categories: high, moderate and no physical exercise. Alcohol use was 

assessed by asking study participants how often they consumed alcohol on a 

monthly or weekly basis, and was classified as follows: “never or less than 

once a month” = non-drinker, “2-4 times monthly” = occasional drinker and 

“twice or more weekly” = regular drinker. Subjects were considered to have 
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ever smoked if they smoked cigarettes during the recruitment phase, had 

smoked within the last 10 years or had smoked more than 100 cigarettes in 

their lifetime, and non-smokers if they had smoked less than this or had 

never smoked. 

 

 

2.2.6 Statistical analysis 

The descriptive characteristics of the study population were examined 

according to diabetes status. Gender differences in type 2 diabetes 

prevalence were compared using chi-square tests. Health condition, health 

behaviour, health insurance, socio-economic and metabolic variable 

associations with undiagnosed or diagnosed diabetes were explored through 

multiple univariate binary logistic regressions. Diagnosed subjects were 

excluded from models examining undiagnosed type 2 diabetes, while models 

investigating relationships between features and diagnosed diabetes 

excluded undiagnosed cases. Distinctions between undiagnosed and 

diagnosed diabetes were explored in univariate analyses excluding non-

diabetic patients.  

 

To further compare feature/morbidity relationships and strengths of 

association with either undiagnosed or diagnosed diabetes, multivariable 

logistic regressions were performed. To select independent predictor 

variables (IPV) to be included in analysis, IPVs that had a P value of less 

than 0.2 in univariate models were included in stepwise forward and 

backwards entry elimination multivariable analysis, with model stability 
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assessed using the likelihood ratio (LR). Variables indicating a significant 

relationship (P<0.05) with either condition were then entered sequentially, by 

order of magnitude of the chi-square association, into two independent 

logistic regressions, adjusting for gender and age as a dichotomous 

(<60/>60) variable. Using the same procedures, a final multivariable model 

comparing undiagnosed to diagnosed diabetes was determined, adjusting for 

gender and age as a continuous measure.  

 

The discriminatory properties of clinically relevant IPVs indentified in analysis 

were evaluated. Models including these variables were assessed for their 

ability to detect undiagnosed or diagnosed diabetes using the c statistic. The 

c statistic is identical to the area under the receiver operating characteristic 

curve (ROC), with values ranging from 0.5 (no better than chance) to 1.0 

(indicating perfect discrimination) [150].  

 

Primary data analysis was conducted using IBM SPSS Statistics Version 20 

(IBM Corp., Armonk, NY, USA) for Windows. Confidence intervals for 

prevalence proportions were calculated using the VasserStats statistical 

website [187]. For all analyses, a P value (two-tailed) of less than 0.05 was 

considered to indicate statistical significance. Glycated haemoglobin A1c test 

results and diagnostic status information were available for 1,995 (97.5%) 

and 1,999 (97.7%) subjects respectively. Analysis indicated a similar 

percentage of missing data according to either undiagnosed or diagnosed 

diabetes classifications. Missing data were thus assumed to be ignorable 

and missing at random.  
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2.3 Results 

2.3.1 Descriptive characteristics 

The baseline characteristics of the study population for participants with 

undiagnosed, diagnosed and no diabetes are shown in Table 2. The total 

prevalence of type 2 diabetes was 8.5% (95% CI: 7.4%-9.8%); 102 (5.0%) 

subjects had diagnosed diabetes (95% CI: 4.1%-6.0%) and 72 (3.5%) had 

undiagnosed diabetes (95% CI: 2.8%-4.4%), representing 41% of all 

diabetes cases. The prevalence of diabetes was higher in male subjects 11% 

(N=112) compared to females 6% (N=62, P<0.001), and a greater proportion 

of males had both undiagnosed and diagnosed diabetes. When compared to 

non-diabetic subjects, a high percentage of patients with type 2 diabetes 

were overweight or obese, used Rx anti-hypertensive and cholesterol-

lowering medications, had CVD and a family history of diabetes, finished 

education at primary level and reported having low levels of physical activity 

within the previous six months. Variations in health insurance were also 

noted, with a higher percentage of diabetes cases having state-assisted 

healthcare. 

 

 

2.3.2 Risk feature associations with type 2 diabetes  

In univariate analysis (Appendix 1, Supporting Table 1), overweight and 

obesity, CVD, family diabetes history, elevated triglycerides, low HDL-C and 

dyslipidaemia were significantly associated with both undiagnosed and 

diagnosed diabetes. Relationships between reduced physical activity levels 

and type 2 diabetes were noticeably strong, with seven-fold and approximate 
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two-fold increased odds for undiagnosed and diagnosed diabetes 

respectively. With regard to health services related factors, there was a two-

fold increased likelihood of undiagnosed diabetes in patients on treatment for 

hypertension versus a five-fold increased odds for diagnosed diabetes. 

Similarly, the odds of having undiagnosed diabetes were approximately two-

fold higher in patients on treatment with cholesterol-lowering therapy versus 

an approximate four-fold increased odds for diagnosed diabetes. The 

probability of both undiagnosed and diagnosed type 2 diabetes was 

significantly reduced in patients with private medical insurance, whilst the 

odds of having undiagnosed diabetes were significantly increased in subjects 

with no medical insurance (OR: 3.0, 95% CI: 1.6-5.6). 

 

Multivariable analysis (Table 3) revealed overweight and obesity, use of 

cholesterol-lowering medication, family diabetes history and dyslipidaemia to 

be associated with both undiagnosed and diagnosed type 2 diabetes. Low-

level physical activity (OR: 5.8, 95% CI: 2.7-12.5) and health service 

variables remained significant determinants of undiagnosed diabetes, with 

odds that were approximately two-fold higher in subjects with state-assisted 

healthcare and for participants without medical insurance. Characteristics 

associated with diagnosed diabetes included CVD, Rx anti-hypertensive 

therapy and alcohol use. In addition, male subjects were statistically more 

likely to have diagnosed diabetes compared to females (OR: 2.5, 95% CI: 

1.5-4.1).  
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Table 4 shows univariate odds ratios of having undiagnosed compared to 

diagnosed type 2 diabetes. Within this subsample of diabetes cases, 

significant effects were observed for Rx medication use, family diabetes 

history, triglyceride levels and dyslipidaemia. Both health insurance and 

physical activity IPVs demonstrated strong associations with undiagnosed 

diabetes, with approximate four-fold increased odds in subjects without 

healthcare insurance and in those reporting low levels of physical activity. 

Individuals with undiagnosed diabetes were also more likely to have higher 

levels of adiposity. Overall, metabolic characteristics were less optimal in 

undiagnosed cases, and a greater proportion had uncontrolled hypertension.  

 

Results from a multivariable analysis comparing undiagnosed to diagnosed 

type 2 diabetes are presented in Table 5. Significant associations were noted 

for BMI (continuous) and physical inactivity. Undiagnosed patients were also 

significantly less likely to be on treatment for hypertension or to have a family 

history of diabetes relative to subjects with diagnosed diabetes. 

 

 

2.3.3 ROC analysis 

Figures 2 and 3 show ROC curves for models to discriminate undiagnosed or 

diagnosed type 2 diabetes (compared to no diabetes). Models which 

included both health insurance and physical activity IPVs displayed a higher 

discriminatory capacity to detect undiagnosed subjects (c=0.74, 95% CI: 

0.67-0.80) compared to diagnosed diabetes (c=0.61, 95% CI: 0.54-0.67). A 

model including health insurance, physical activity and BMI (continuous) 
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demonstrated further improved discrimination (c=0.81, 95% CI: 0.76-0.87 for 

undiagnosed diabetes versus c=0.70, 95% CI: 0.65-0.75 for diagnosed 

patients). 

 

 

2.4 Discussion 

The results from previous research investigating the prevalence of type 2 

diabetes in middle-aged adults within Ireland are conflicting. In 1998, a study 

conducted by Perry et al. [169] suggested an overall prevalence of 3.9%, 

30% of whom were undiagnosed, whereas research in 2003, examining 

diabetes in primary care [188], estimated a population prevalence of 9.2%, 

with undiagnosed patients representing 23.5% of all cases. Prevalence 

disparities between these studies are possibly explained by differences in 

age groups assessed or by methods used for diabetes detection.  

 

The higher percentage of undiagnosed cases identified within our sample 

may be due to use of the HbA1c assay as compared to the FPG test that was 

more commonly employed in the Republic of Ireland before 2010. Research 

conducted in the United States and Germany, which compared FPG and oral 

glucose tolerance test procedures, reported that overall prevalence would 

have been lower if FPG had been used alone [189,190]. We also observed 

that 14 (19%) undiagnosed patients (who were positively identified according 

to HbA1c concentrations) had FPG levels that were less than 5.6 mmol/l, and 

would have been classified as non-diabetic if this test had been used to 

diagnose diabetes in the present study. This finding is consistent with 
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previous research high-lighting discrepancies between HbA1c and FPG 

[191,192].  

 

A recent study from the United States suggested that regular use of HbA1c as 

a diagnostic procedure would not significantly alter type 2 diabetes 

prevalence, and that diabetes categorisation would remain unchanged in 

97.7% of subjects [193]. However, evidence to support this claim is still 

equivocal. Numerous studies have shown poor concordance between HbA1c 

and FPG [191], in particular regarding pre-diabetes classification [194-196]. 

In addition, factors such as age or ethnicity are thought to influence results 

[191,192,197]. Nevertheless, as discussed by Bonora et al., comparisons 

between diagnostic methods for type 2 diabetes are ambiguous, as a true 

gold standard test is unavailable [24]. It should be noted that although we 

classified type 2 diabetes using HbA1c in this study, the discrepancies we 

observed between HbA1c and FPG led us to further evaluate the 

appropriateness of this diagnostic test. The implications of using HbA1c alone 

for diagnosing diabetes and cardiometabolic risk are examined in Chapter 3. 

 

The Irish IPH report [178], based on the nationally representative SLÁN 

2007: Survey of Lifestyle, Attitudes and Nutrition [172] (which also used the 

HbA1c test), estimated the prevalence of type 2 diabetes in adults 45+ to be 

8.9%, which is similar to the result suggested by our study. In the IPH report, 

undiagnosed diabetes prevalence was determined to be 2.7% (30% of all 

diabetes cases). Of note, however, is that the IPH research determined the 

prevalence of undiagnosed and diagnosed diabetes in adults aged 55-64 to 
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be 4.6% and 6.3% respectively, which are comparable to outcomes attained 

from this study population (3.6% and 5.6%) for the same age group.  

 

Also of interest, is that results from the SLÁN data are consistent with our 

finding that the prevalence of type 2 diabetes in Ireland’s middle-aged 

population is higher in men. Although this gender difference may be a 

consequence of selection bias due to non-response, similarity in outcomes 

between the 2007 SLÁN survey and the Cork and Kerry Diabetes and Heart 

Disease Study imply that observed prevalence estimates are valid. It is 

possible that the lower prevalence of diabetes in women may be as a result 

of random opportunistic screening due to higher GP consultation rates 

observed in females [198]. An alternative explanation may be the higher 

percentage of overweight and obese individuals within this male population 

(males: 85.8% versus females: 70.6%, P for difference <0.001), a 

relationship noted in previous research examining obesity within Ireland 

[198,199]. 

 

As numerous studies have indicated, adverse cardiometabolic disease 

features such as high triglycerides and low HDL-C were significantly and 

positively associated with both undiagnosed and diagnosed diabetes 

[19,57,190,200]. It was observed that a greater proportion of undiagnosed 

patients had uncontrolled hypertension, increased triglyceride concentrations 

and dyslipidaemia, perhaps reflecting access to treatment, as a higher 

percentage of diagnosed subjects used Rx anti-hypertensive and 

cholesterol-lowering medications. Undiagnosed individuals were also less 
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likely to have a family history of diabetes and CVD, or to engage in regular 

physical activity compared to diagnosed subjects. Nevertheless, 

unfavourable lipid/lipoprotein profiles, family diabetes history, low-level 

physical activity and CVD were all positively associated with both 

undiagnosed and diagnosed diabetes. The inverse relationship between 

diabetes and regular alcohol use was also of interest as correlations between 

alcohol use and MetS have been reported previously [201]. Markedly, 96.6% 

(N=168) of study participants with both undiagnosed and diagnosed type 2 

diabetes were either overweight or obese, confirming results from previous 

research which suggest that obesity is a primary and significant risk factor 

related to diabetes development [202]. Screening for type 2 diabetes may be 

more efficient within these subgroups, particularly individuals with a 

combination of these features. 

 

Within Ireland, residents accessing public healthcare are divided into two 

categories: (1) those who hold a medical card (either a FMC or GPC) and 

thus qualify for means-tested, state-assisted healthcare insurance. A FMC 

entitles individuals to free GP services, Rx medications, public hospital 

services, dental, optical and aural services, community care and personal 

social services. A GPC entitles individuals to free GP care; (2) non-card 

holders, who are entitled to free public hospital services but who must pay for 

GP care and may also have to pay in-patient and out-patient hospital 

charges. In addition to the public health system there is also a large private 

healthcare market [203].  
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Results from the present study suggest that within this population, subjects 

with private medical insurance are less likely to have type 2 diabetes. This 

may indicate that these individuals have greater financial resources and 

access to healthcare, or an increased awareness of diabetes risk factors. 

This awareness could be due to higher educational levels, as it was also 

noted that study participants who had only completed education to a primary 

level were more likely to have the condition. Although social class (defined 

by the ESeC) [186] was not a diabetes risk factor, it is possible that the lower 

prevalence of diabetes amongst subjects with private medical insurance was 

due to socio-economic inequalities, as study participants in receipt of state-

assisted medical insurance were notably at a higher risk. These findings 

suggest that diabetes cases occur disproportionately amongst individuals 

who are economically deprived and who have lower educational levels, and 

this concurs with previous research which found significant correlations 

between social deprivation and type 2 diabetes [204].  

 

Importantly, our findings also imply that health service inequalities are 

significant determinants of diagnostic status, as a greater proportion of 

undiagnosed cases indicated having no state-assisted or private healthcare 

insurance. This is consistent with outcomes observed in previous studies 

which have examined relationships between healthcare inequities and 

diabetes [182,205]. Univariate analysis suggested three-fold and four-fold 

increased odds of having undiagnosed type 2 diabetes in subjects without 

medical insurance when compared to individuals with no diabetes (Appendix 

1, Supporting Table 1) or diagnosed diabetes (Table 4) respectively. This 
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association was also noted in a multivariable logistic regression comparing 

undiagnosed to non-diabetic individuals (Table 3) but was not observed in 

multivariable analysis restricted to patients with type 2 diabetes (Table 5).  

 

To investigate this discrepancy, we forced the health insurance IPV into a 

model and entered covariates independently to assess confounder-adjusted 

relationships. In a logistic regression which controlled for family diabetes 

history, Rx anti-hypertensives, BMI, age and gender, having no healthcare 

insurance remained strongly associated with undiagnosed diabetes (OR: 3.5, 

95% CI: 1.2-10.4, P=0.025) although this was attenuated when the physical 

activity IPV was included (OR: 2.4, 95% CI: 0.7-8.9, P=0.184). This may 

indicate a relationship between physical activity and both health insurance 

and undiagnosed diabetes or that physical activity levels explain most of the 

variance. Equally possible is that missing data from the IPAQ questionnaire 

resulted in a loss of statistical power.  

 

We further explored health insurance/physical activity relationships with 

undiagnosed/diagnosed type 2 diabetes using the LR. Tests for model 

assessment included significant covariates, age, gender and either health 

insurance or physical activity IPVs. Both models implied similar goodness-of-

fit (LR chi-square: 33.29, P<0.001 for a model with health insurance versus 

LR chi-square: 32.68, P<0.001 for a model with physical activity) in full 

models against a constant, indicating that both variables may be clinically 

relevant. In addition, it was noted that models including health insurance, 

physical activity and adiposity IPVs displayed differences in discriminative 
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ability to detect undiagnosed and diagnosed patients (Figures 2 and 3). This 

suggests that use of these variables in type 2 diabetes screening algorithms 

may be useful for identifying a subset of diabetes cases.  

 

Although assessment of physical activity levels in clinical practice (as 

measured using self-completed patient questionnaires) is subject to reporting 

bias, socio-economic status (determined using a proxy measure such as 

health insurance status) and adiposity levels are variables that may be 

objectively assessed by a clinician. In particular, as non-invasive diabetes 

risk scores typically include a measurement of adiposity, determining an 

appropriate method for assessing overweight and obesity was the primary 

aim of this research. Optimal methods for measuring adiposity are explored 

in the following chapters. 

 

 

2.4.1 Strengths and limitations of the research 

As one of the largest cross-sectional studies performed to date within the 

Republic of Ireland, the Cork and Kerry Diabetes and Heart Disease Study 

sample size is comparable to other related Irish studies. Selection bias was 

minimised as a comparable number of male and female subjects, aged 46-

73 years of age, were randomly selected from a register of patients within a 

single primary care centre. Furthermore, non-responders had similar 

numbers for both males and females and likewise for age groups. Few 

studies have assessed the prevalence of undiagnosed or diagnosed type 2 

diabetes within one broadly representative population sample or compared 
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features between undiagnosed and diagnosed subjects. Finally, use of HbA1c 

measurement demonstrated prevalence rates comparable to those from a 

recent nationally representative study, the SLÁN 2007: Survey of Lifestyle, 

Attitudes and Nutrition [172].  

 

Notwithstanding these strengths, several limitations can be identified. The 

use of self-reported questionnaires is subject to potential inaccuracies, recall 

and reporting bias [159,160]. In particular, misclassification of diabetes from 

self-reporting is a recognised limitation present in all surveys, and is 

particularly relevant in Ireland due to the absence of a unique health identifier 

within the Irish healthcare system [206]. This makes linkage with other 

records, such as disease registries or death records problematic [183]. 

Nonetheless, several studies have indicated a reasonable or high degree of 

concordance between type 2 diabetes prevalence and self-reporting 

[160,207-209]. Additionally, within this sample there was a high level of 

agreement between self-reported physician diagnosis of diabetes and Rx 

diabetes medication use (Kappa: 0.854).  

 

Equally of concern is that prevalence estimates were derived from a single 

primary care based sample which may not be representative of the source 

population. However, previous research suggests that approximately 98% of 

Irish adults are registered with a GP and that, even in the absence of a 

universal patient registration system, it is possible to perform population-

based epidemiological studies that are representative using our methods 

[210]. Further studies are needed to definitively confirm this conclusion. If 



 
 

66 | P a g e  
 

correct, it may indicate that findings from the Cork and Kerry Diabetes and 

Heart Disease Study are generalisable to the Irish middle-aged adult 

population. Also, as this research makes use of cross-sectional data, 

interpretations of these findings are compromised by the inability to infer 

causal relationships. Nevertheless, the relationships described have been 

extensively replicated in other prospective cohort studies. Finally, with regard 

to statistical procedures employed in analysis, the possibility of model over-

fitting or type II errors cannot be discounted, and results should be 

considered preliminary and exploratory, as future studies with larger sample 

sizes and greater statistical power might find other relationships [211]. 

 

 

2.5 Conclusions 

The prevalence of type 2 diabetes within the Republic of Ireland is consistent 

with trends worldwide [175,212], and is primarily driven by the increasing 

obesity epidemic [13,175,213]. Despite policies and continued investment in 

services which promote awareness and knowledge of a disease that is 

largely preventable, the prevalence of diabetes in Ireland may be rising [178]. 

 

Socio-economic and health service inequalities are significant risk factors for 

having undiagnosed diabetes. The results from this study indicate that 

subjects with state-subsidised healthcare insurance, and those without 

private or state-assisted medical cover, are more likely to be undetected. 

These findings suggest that individuals from lower socio-economic 

backgrounds should be targeted. Observed low levels of physical activity, 
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adiposity assessment and recognition of untreated cardiometabolic 

conditions may also improve identification of diabetes cases within clinical 

practice. Finally, as a successful programme to detect patients with type 2 

diabetes may depend on regular General Practice attendance, a strategic 

approach that identifies subjects without access to primary healthcare 

services, and which furthers efforts to promote affordable and equitable 

healthcare, is needed to prevent predictable sequelae for affected 

individuals. 
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Table 2––Characteristics of the study population.  
 

Feature No  
diabetes 
N=1873 (91.5%) 

Undiagnosed  
diabetes 
N=72 (3.5%) 

Diagnosed 
diabetes 
N=102 (5.0%) 

Health conditions
    

 
Male 893 (47.8) 43 (59.7) 69 (67.6) 

 
Age 59 (54-64) 60 (56-65) 62 (57-65) 

 
Age >60 875 (46.9) 38 (52.8) 65 (63.7) 

 
On Rx for hypertension 486 (26.0) 32 (44.4) 66 (64.7) 

 
On Rx for cholesterol 609 (32.6) 35 (48.6) 67 (65.7) 

 
BMI (kg/m

2
) 28.3 ± 4.6 33.1 ± 6.3 31.2 ± 4.4 

 
BMI category:    

 
<25  439 (23.6) 4 (5.6) 2 (2.0) 

 
25-29.9 857 (46.0) 24 (33.3) 43 (42.2) 

 
>30  566 (30.4) 44 (61.1) 57 (55.9) 

 
Family diabetes history 315 (16.9) 21 (29.2) 54 (52.9) 

 
CVD 167 (8.9) 16 (22.2) 29 (28.4) 

Socio-economic
    

 
Education: 

   

 
Bachelor or higher 175 (10.0) 4 (5.9) 5 (5.3) 

 
Diploma 239 (13.7) 6 (8.8) 6 (6.3) 

 
Secondary 863 (49.5) 31 (45.6) 40 (42.1) 

 
Primary only 466 (26.7) 27 (39.7) 44 (46.3) 

 
Social class:    

 
High income 244 (18.2) 6 (11.5) 11 (13.3) 

 
Middle income 396 (29.5) 18 (34.6) 25 (30.1) 

 
Low income 704 (52.4) 28 (53.8) 47 (56.6) 

Medical cover
    

 
Health insurance: 

   

 
Private insurance 1196 (64.0) 27 (37.5) 51 (50.0) 

 
State insurance 437 (23.4) 29 (40.3) 44 (43.1) 

 
No insurance 236 (12.6) 16 (22.2) 7 (6.9) 

Health behaviours
    

 
Physical activity: 

   

 
High 795 (48.4) 10 (17.5) 31 (34.8) 

 
Moderate 536 (32.6) 19 (33.3) 35 (39.3) 

 
No physical exercise 313 (19.0) 28 (49.1) 23 (25.8) 

 
Smoker 889 (47.6) 38 (52.8) 60 (58.8) 

 
Alcohol use:    

 
Non-drinker 800 (44.7) 38 (55.1) 54 (53.5) 

 
Occasional drinker 367 (20.5) 12 (17.4) 27 (26.7) 

 
Regular drinker 623 (34.8) 19 (27.5) 20 (19.8) 

Metabolic
    

 
Triglycerides (mmol/l) 1.19 (0.9-1.6) 1.80 (1.3-2.4) 1.36 (1.0-2.0) 

 
Triglycerides >1.7 417 (23.0) 37 (52.9) 36 (37.5) 

 
HDL-C (mmol/l) 1.48 ± 0.4 1.22 ± 0.3 1.18 ± 0.3 

 
Low HDL-C

1
 267 (14.7) 32 (45.7) 45 (45.0) 

 
Dyslipidaemia

2
 122 (6.7) 24 (34.3) 21 (21.0) 

 
SBP (mmHg) 129.25 ± 16.7 134.18 ± 19.3 132.94 ± 16.4 

 
DBP (mmHg) 80.20 ± 9.7 80.12 ± 10.9 78.79 ± 9.5 

 
Hypertension

3
 552 (29.7) 28 (39.4) 28 (27.5) 

 
FPG (mmol/l) 4.90 (4.6-5.3) 6.60 (5.6-7.5) 7.50 (5.7-9.4) 

 
FPG >5.6 

 
238 (13.1) 58 (80.6) 80 (80.8) 

 
Mean and + SD are shown for continuous and % are shown for categorical variables.  
Age, triglycerides and FPG are shown as a median (interquartile range). Numbers and % (in brackets)  
for categorical variables will vary in different analyses as some variables have missing values.  
1
HDL-C <1.03 (males) or <1.29 (females).  

2
Dyslipidaemia: triglycerides >1.7 and HDL-C <1.03 (males) or <1.29 (females).  

3
Hypertension: SBP >140 and/or DBP >90. 
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Table 3––Odds ratios (95% CI) of having undiagnosed or diagnosed type  
2 diabetes compared to no diabetes – multivariable logistic regression 
adjusting for age, gender and all significant covariates. 
 

Feature Odds ratio 95% CI 

Undiagnosed diabetes compared to no diabetes
1
   

 Male 1.4 (0.8-2.5) 
 Age >60 1.0 (0.6-1.9) 
 On Rx for cholesterol 2.2 (1.2-3.9) 
 BMI category:   
 <25 1  
 25-29.9 4.5 (1.0-19.5) 
 >30 6.8 (1.6-29.4) 
 Family diabetes history 1.9 (1.0-3.6) 
 Health insurance:   
 Private insurance 1  
 State insurance 2.2 (1.2-4.2) 
 No insurance 2.3 (1.0-5.2) 
 Physical activity:   
 High 1  
 Moderate 1.9 (0.8-4.2) 
 No physical exercise 5.8 (2.7-12.5) 
 Dyslipidaemia

3
 4.3 (2.3-8.3) 

Diagnosed diabetes compared to no diabetes
2
   

 Male 2.5 (1.5-4.1) 
 Age >60 1.4 (0.9-2.3) 
 On Rx for hypertension 2.7 (1.7-4.4) 
 On Rx for cholesterol 2.0 (1.2-3.3) 
 BMI category:   
 <25 1  
 25-29.9 8.2 (1.9-34.6) 
 >30 9.4 (2.2-40.3) 
 Family diabetes history 5.9 (3.7-9.4) 
 CVD 2.0 (1.1-3.5) 
 Alcohol use:   
 Non-drinker 1  
 Occasional drinker 1.3 (0.7-2.2) 
 Regular drinker 0.4 (0.2-0.7) 
 Dyslipidaemia

3
 1.9 (1.0-3.5) 

 
1
Model excludes subjects with diagnosed diabetes. Final model covariates entered 

in order: dyslipidaemia, BMI category, physical activity, health insurance, on Rx for 
cholesterol, family diabetes history, age and gender.  
2
Model excludes subjects with undiagnosed diabetes. Final model covariates 

entered in order: family diabetes history, on Rx for hypertension, BMI category, on 
Rx for cholesterol, CVD, dyslipidaemia, alcohol use, age and gender. 
3
Dyslipidaemia: triglycerides >1.7 and HDL-C <1.03 (males) or <1.29 (females).  
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Table 4––Univariate odds ratios (95% CI) of having undiagnosed compared to diagnosed type 2 
diabetes.

 

 
 

Feature Undiagnosed  
diabetes 
N=72 (41.4%) 

Diagnosed 
diabetes 
N=102 (58.6%) 

Odds ratio 
 

95% CI 

Health conditions     

 Female 29 (40.3) 33 (32.4) 1  
 Male 43 (59.7) 69 (67.6) 0.7  (0.4-1.3) 
 Age <60 years  34 (47.2) 37 (36.3) 1  
 Age >60 years  38 (52.8) 65 (63.7) 0.6  (0.3-1.2) 
 Not on Rx for 

hypertension  
40 (55.6) 36 (35.3) 1  

 On Rx for hypertension 32 (44.4) 66 (64.7) 0.4  (0.2-0.8) 
 Not on Rx for cholesterol 37 (51.4) 35 (34.3) 1  
 On Rx for cholesterol 35 (48.6) 67 (65.7) 0.5  (0.3-0.9) 
 BMI (kg/m

2
) 33.1 ± 6.3 31.2 ± 4.4 1.1  (1.0-1.1) 

 BMI category:     
 <25  4 (5.6) 2 (2.0) 1  
 25-29.9 24 (33.3) 43 (42.2) 0.3  (0.1-1.7) 
 >30  44 (61.1) 57 (55.9) 0.4  (0.1-2.2) 
 No family diabetes history 51 (70.8) 48 (47.1) 1  
 Family diabetes history 21 (29.2) 54 (52.9) 0.4  (0.2-0.7) 
 No CVD 56 (77.8 73 (71.6) 1  
 CVD 16 (22.2) 29 (28.4) 0.7  (0.4-1.5) 

Socio-economic     

 Education:     
 Bachelor or higher 4 (5.9) 5 (5.3) 1  
 Diploma 6 (8.8) 6 (6.3) 1.3  (0.2-7.1) 
 Secondary 31 (45.6) 40 (42.1) 1.0  (0.2-3.9) 
 Primary only 27 (39.7) 44 (46.3) 0.8  (0.2-3.1) 
 Social class:     
 High income 6 (11.5) 11 (13.3) 1  
 Middle income 18 (34.6) 25 (30.1) 1.3  (0.4-4.2) 
 Low income 28 (53.8) 47 (56.6) 1.1  (0.4-3.3) 

Medical cover     

 Health insurance:     
 Private insurance 27 (37.5) 51 (50.0) 1  
 State insurance 29 (40.3) 44 (43.1) 1.2  (0.6-2.4) 
 No insurance 16 (22.2) 7 (6.9) 4.3  (1.6-11.8) 

Health behaviours     

 Physical activity:     
 High 10 (17.5) 31 (34.8) 1  
 Moderate 19 (33.3) 35 (39.3) 1.7  (0.7-4.2) 
 No physical exercise 28 (49.1) 23 (25.8) 3.8  (1.5-9.3) 
 Non-smoker 34 (47.2) 42 (41.2) 1  
 Smoker 38 (52.8) 60 (58.8) 0.8  (0.4-1.4) 
 Alcohol use:     
 Non-drinker 38 (55.1) 54 (53.5) 1  
 Occasional drinker 12 (17.4) 27 (26.7) 0.6  (0.3-1.4) 
 Regular drinker 19 (27.5) 20 (19.8) 1.4  (0.6-2.9) 

Metabolic     

 Triglycerides (mmol/l) 1.80 (1.3-2.4) 1.36 (1.0-2.0) 1.5  (1.1-2.0) 
 Triglycerides <1.7 33 (47.1) 60 (62.5) 1  
 Triglycerides >1.7 37 (52.9) 36 (37.5) 1.9  (1.0-3.5) 
 HDL-C (mmol/l) 1.22 ± 0.3 1.18 ± 0.3 1.7  (0.6-4.7) 
 Optimal HDL-C 38 (54.3) 55 (55.0) 1  
 Low HDL-C

1
 32 (45.7) 45 (45.0) 1.0  (0.6-1.9) 
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Table 4 continued 
 

 
 

 
 

 
 

 
 

Feature Undiagnosed  
diabetes 
N=72 (41.4%) 

Diagnosed 
diabetes 
N=102 (58.6%) 

Odds ratio 
 

95% CI 

Metabolic     

 No dyslipidaemia 46 (65.7) 79 (79.0) 1  
 Dyslipidaemia

2
 24 (34.3) 21 (21.0) 2.0  (1.0-3.9) 

 SBP (mmHg) 134.18 ± 19.3 132.94 ± 16.4 1.0  (0.99-1.0) 
 DBP (mmHg) 80.12 ± 10.9 78.79 ± 9.5 1.0  (0.98-1.0) 
 No hypertension

 
43 (60.6) 74 (72.5) 1  

 Hypertension
3
 28 (39.4) 28 (27.5) 1.7  (0.9-3.3) 

 Mean and + SD are shown for continuous variables. Triglycerides are shown as a median (interquartile range). 
Numbers and % (in brackets) for categorical variables will vary in different analyses as some variables have 
missing values.  
1
HDL-C <1.03 (males) or <1.29 (females).  

2
Dyslipidaemia: triglycerides >1.7 and HDL-C <1.03 (males) or <1.29 (females).  

3
Hypertension: SBP >140 and/or DBP >90. 
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Table 5––Odds ratios (95% CI) of having undiagnosed compared to diagnosed type 
2 diabetes – multivariable logistic regression adjusting for all significant covariates.

 

 

Feature Model 1 Model 2
1
 

 Odds ratio 95% CI Odds ratio 95% CI 

BMI (kg/m
2
) 1.1 (1.0-1.2) 1.1 (1.0-1.2) 

On Rx for hypertension 0.3 (0.2-0.7) 0.3 (0.1-0.7) 
Family diabetes history 0.4 (0.2-0.8) 0.4 (0.2-0.8) 
Physical activity:     
High 1  1  
Moderate 1.6 (0.6-4.3) 1.6 (0.6-4.3) 
No physical exercise 3.5 (1.3-9.3) 3.4 (1.3-9.1) 

Final model covariates entered in order: family diabetes history, physical activity, on Rx for 
hypertension and BMI. 
1
Adjusted for age and gender. 
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Figure 2––Receiver operating characteristic curves for models to discriminate 

subjects with undiagnosed type 2 diabetes. The c statistics were c=0.74 (95% CI: 

0.67-0.80) for a model including health insurance and physical activity and c=0.81 

(95% CI: 0.76-0.87) for a model including health insurance, physical activity and BMI. 
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Figure 3––Receiver operating characteristic curves for models to discriminate 

subjects with diagnosed type 2 diabetes. The c statistics were c=0.61 (95% CI: 

0.54-0.67) for a model including health insurance and physical activity and c=0.70 

(95% CI: 0.65-0.75) for a model including health insurance, physical activity and BMI. 
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3.0 Abstract 

Background and Objectives 

Glycated haemoglobin A1c (HbA1c) measurement is recommended as an 

alternative to fasting plasma glucose (FPG) for the diagnosis of pre-diabetes 

and type 2 diabetes. However, evidence suggests discordance between 

HbA1c and FPG. In this study we examine a range of cardiometabolic 

features, pro-inflammatory cytokines, acute-phase response proteins, 

coagulation factors and white blood cell counts to determine which assay 

more accurately identifies individuals at increased cardiometabolic risk. 

 

 

Materials and Methods 

This was a cross-sectional study involving a random sample of 2,047 men 

and women aged 46-73 years. Binary and multinomial logistic regression 

were employed to examine risk feature associations with pre-diabetes [either 

HbA1c levels 5.7%-6.4% (39-46 mmol/mol) or impaired FPG levels 5.6-6.9 

mmol/l] and type 2 diabetes [either HbA1c levels >6.5% (>48 mmol/mol) or 

FPG levels >7.0 mmol/l]. Receiver operating characteristic curve analysis 

was used to evaluate the ability of HbA1c to discriminate pre-diabetes and 

diabetes defined by FPG. 

 

 

Results 

Stronger associations with diabetes-related phenotypes were observed in 

pre-diabetic subjects diagnosed by FPG compared to those detected by 



 
 

77 | P a g e  
 

HbA1c. Individuals with type 2 diabetes exhibited cardiometabolic profiles that 

were broadly similar according to diagnosis by either assay. Pre-diabetic 

participants classified by both assays displayed a more pro-inflammatory, 

pro-atherogenic, hypertensive and insulin resistant profile. Odds ratios of 

having three or more cardiometabolic disease features were also noticeably 

increased (OR: 4.0, 95% CI: 2.8-5.8) when compared to subjects diagnosed 

by either HbA1c (OR: 1.4, 95% CI: 1.2-1.8) or FPG (OR: 3.0, 95% CI: 1.7-5.1) 

separately. 

 

 

Conclusions 

In middle-aged Caucasian-Europeans, HbA1c alone is a poor indicator of 

cardiometabolic risk but is suitable for diagnosing diabetes. Combined use of 

HbA1c and FPG may be of additional benefit for detecting individuals at 

highest odds of type 2 diabetes development. 
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3.1 Introduction 

The prevalence of type 2 diabetes, a chronic disease which causes 

significant mortality, has increased considerably in world populations, 

representing a major public health issue [175]. Diabetes is associated with a 

clustering of cardiometabolic features including obesity, dyslipidaemia, 

hypertension, insulin resistance, chronic low-grade inflammation [23,214], 

and may lead to severe cardiovascular complications [215]. 

 

Pre-diabetes, a condition defined by glycaemic profiles that are higher than 

normal but which do not meet thresholds for diabetes, is a strong risk factor 

for type 2 diabetes and related complications [216]. The American Diabetes 

Association (ADA) classifies type 2 diabetes as a fasting plasma glucose 

(FPG) level >7.0 mmol/l and pre-diabetes as impaired FPG levels between 

5.6-6.9 mmol/l [23]. In 2009 the International Expert Committee 

recommended glycated haemoglobin A1c (HbA1c) as an alternative marker 

[217], and in 2010 the ADA introduced HbA1c cut-points of >6.5% (>48 

mmol/mol) for diabetes diagnosis and between 5.7%-6.4% (39-46 mmol/mol) 

as a criterion to identify individuals at a high-risk state of developing diabetes 

[23]. Perceived benefits of the use of HbA1c measurement, over FPG, include 

greater pre-analytical stability, lower biological variability and that the assay 

may be performed in non-fasting blood samples [24,218]. However, use of 

HbA1c as a screening tool has been controversial, with research showing 

discordance between HbA1c and FPG [192,196,219,220], and several studies 

suggesting that factors such as age or ethnicity may influence diagnostic 

performance [191,221,222].  
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The aim of this study was to compare the metabolic profiles in subjects with 

pre-diabetes and type 2 diabetes, using ADA-recommended HbA1c and FPG 

diagnostic thresholds, in a random sample of 2,047 middle-aged men and 

women. In particular, we examined a range of diabetes risk factors, 

metabolic syndrome (MetS) features, pro-inflammatory cytokines, acute-

phase response proteins, coagulation factors and white blood cell (WBC) 

counts to determine which assay more accurately identifies individuals at 

increased cardiometabolic risk. 

 

 

3.2 Materials and Methods 

3.2.1 Study design 

The study design is described in detail in Chapter 1. In summary, the Cork 

and Kerry Diabetes and Heart Disease Study (Phase II) was a single centre, 

cross-sectional study conducted between 2010 and 2011. A random sample 

was recruited from a large primary care centre in Mitchelstown, County Cork, 

Ireland. The Livinghealth Clinic serves a population of approximately 20,000, 

with a mix of urban and rural residents. Stratified sampling was employed to 

recruit equal numbers of men and women from all registered attending 

patients in the 46-73 year age group. In total, 3,807 potential participants 

were selected from the practice list. Following the exclusion of duplicates, 

deaths, and subjects incapable of consenting or attending appointment, 

3,051 were invited to participate in the study and of these, 2,047 (49.2% 

male) completed the questionnaire and physical examination components of 

the baseline assessment (response rate: 67.1%). Details regarding the study 
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design, sampling procedures and methods of data collection have been 

reported previously [183].  

 

Ethics committee approval conforming to the Declaration of Helsinki was 

obtained from the Clinical Research Ethics Committee of University College 

Cork. A letter signed by the contact GP in the clinic was sent out to all 

selected participants with a reply slip indicating acceptance or refusal. All 

subjects gave signed informed consent, including permission to use their 

data for research purposes. 

 

 

3.2.2 Clinical and laboratory procedures 

Study participants attended the clinic in the morning after an overnight fast 

and blood samples were taken on arrival. Data on age, gender, family 

diabetes history, physician-diagnosed type 2 diabetes and prescription (Rx) 

medication use were gathered through a self-completed General Health 

Questionnaire [170]. Triglyceride and high-density lipoprotein cholesterol 

(HDL-C) levels were measured by Cork University Hospital Biochemistry 

Laboratory on Olympus 5400 biochemistry analysers with Olympus reagents 

using standardised procedures and fresh samples (Olympus Diagnostica 

GmbH, Hamburg, Germany). Fasting glucose concentrations were 

determined using a glucose hexokinase assay (Olympus Life and Material 

Science Europa Ltd., Lismeehan, Co. Clare, Ireland) and HbA1c levels were 

measured in the haematology laboratory on an automated high-pressure 

liquid chromatography instrument Tosoh G7 [Tosoh HLC-723 (G7), Tosoh 
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Europe N.V, Tessenderlo, Belgium]. Serum insulin, c-reactive protein (CRP), 

tumour necrosis factor alpha (TNF-α), interleukin 6 (IL-6), adiponectin, leptin, 

resistin and plasminogen activator inhibitor-1 (PAI-1) were assessed using a 

biochip array system (Evidence Investigator; Randox Laboratories, UK). 

Complement component 3 (C3) was measured by immunoturbidimetric 

assay (RX Daytona; Randox Laboratories). White blood cell counts were 

determined by flow cytometry technology as part of a full blood count.  

 

Three independent measurements of systolic and diastolic blood pressure 

(BP) were obtained with the subject in a seated position using an Omron M7 

digital sphygmomanometer (Omron Healthcare Co. Ltd., Japan). The mean 

of the second and third readings was considered to be a subject’s BP. The 

weight and height of each participant were measured to the nearest 0.1 kg 

and 0.1 cm respectively. Portable electronic Tanita WB-100MA weighing 

scales (Tanita Corporation, IL, USA) were placed on a firm, flat surface and 

were calibrated weekly to ensure accuracy. Height was measured using a 

portable Seca Leicester height/length stadiometer (Seca, Birmingham, UK) 

and body mass index (BMI) was calculated as weight divided by the square 

of height. A BMI >30 kg/m2 was classified as obese [94]. Waist 

circumference (WC) was measured midway between the lowest rib and iliac 

crest on bare skin. Subjects were instructed to breathe in, and then out, and 

to hold their breath while measurement was made to the nearest 0.1 cm 

using a Seca 200 measuring tape. Two independent measurements of WC 

were taken and the mean of the two was used in analysis. Central obesity 

was defined as a WC level >102 cm for males and >88 cm for females [12].  
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3.2.3 Classification of biochemical and blood pressure measurements 

Lipid, lipoprotein and BP measurements were classified according to 

National Cholesterol Education Program: Adult Treatment Panel III (NCEP: 

ATP III) guidelines [184]. Abnormal metabolic risks were defined as high 

triglycerides >1.7 mmol/l and low HDL-C (<1.03 mmol/l in males or <1.29 

mmol/l in females). Dyslipidaemia was determined according to both high 

triglyceride and low HDL-C levels. Elevated BP was classified as systolic BP 

>130 mmHg and/or diastolic BP >85 mmHg or Rx anti-hypertensive 

medication use. High serum insulin was defined as a level equal to or above 

the 75th percentile in the study sample.  

 

Metabolic syndrome was determined according to a modified version of the 

NCEP: ATP III criterion, substituting serum insulin 75th percentile for impaired 

FPG. Three or more MetS features (>3 MetS) was characterised as any 

combination of the following: obesity defined by WC, high triglyceride levels, 

low HDL-C, elevated BP and high insulin concentrations. According to ADA 

guidelines, pre-diabetes was classified as elevated HbA1c levels between 

5.7%-6.4% (39-46 mmol/mol) or impaired FPG levels between 5.6-6.9 

mmol/l. Type 2 diabetes was defined as HbA1c >6.5% (>48 mmol/mol) or 

FPG >7.0 mmol/l [23].  

 

As internationally agreed risk cut-points for the examined biomarkers have 

not been established, low-grade inflammation was determined as a level 

above the study population median for each biomarker (C3, CRP, IL-6, TNF-
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α, leptin, resistin, PAI-1 and WBC) with the exception of adiponectin (below 

median level).  

 

 

3.2.4 Statistical analysis  

Descriptive characteristics were examined according to diagnosis of pre-

diabetes and type 2 diabetes. Categorical features are presented as 

percentages and continuous variables are displayed as a mean (plus or 

minus one standard deviation) or a median and interquartile range for 

skewed data. Binary logistic regression was used to explore diabetes-related 

risk factor and inflammatory biomarker relationships with pre-diabetes 

(compared to normoglycaemic subjects) and type 2 diabetes (compared to 

individuals without diabetes) defined using HbA1c and FPG diagnostic cut-

points. Models examining metabolic feature associations with pre-diabetes 

excluded patients with type 2 diabetes indicated by either HbA1c or FPG, a 

physician diagnosis or Rx diabetes medication use. Risk feature 

relationships with pre-diabetes (either HbA1c alone, FPG alone or dual 

categorisation by both HbA1c and FPG) were further evaluated using 

multinomial logistic regression. Subjects classified as normoglycaemic by 

both assays were used as the reference category.  

 

The ability of HbA1c to discriminate pre-diabetes (defined by impaired FPG) 

and type 2 diabetes (defined by FPG levels >7.0 mmol/l) was assessed using 

receiver operating characteristic curve (ROC) analysis. The area under the 

curve (AUC) provides a scale from 0.5 to 1.0 (with 0.5 representing random 
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chance and 1.0 indicating perfect discrimination) by which to compare the 

ability of a marker to detect a positive result [150]. The diagnostic properties 

of different HbA1c thresholds were contrasted by determining sensitivity and 

false positive rates (FPR). Levels of agreement between diagnostic methods 

were ascertained using Cohen’s kappa coefficient.  

 

Primary data analysis was conducted using IBM SPSS Statistics Version 20 

(IBM Corp., Armonk, NY, USA) for Windows. Confidence intervals for 

prevalence proportions were calculated using the VasserStats statistical 

website [187]. For all analyses, a P value (two-tailed) of less than 0.05 was 

considered to indicate statistical significance. Assay results for HbA1c and 

FPG were available for 1,995 (97.5%) and 1,994 (97.4%) subjects. 

Participants missing either HbA1c or FPG data were excluded from 

multinomial and ROC analyses. Low-level missing values were found within 

most independent variables. Analysis indicated a similar percentage of 

missing data according to either HbA1c or FPG pre-diabetes and diabetes 

classifications. Missing independent variable data were thus assumed to be 

ignorable and missing at random.  

 

 

3.3 Results 

3.3.1 Descriptive characteristics  

Characteristics of the study population according to pre-diabetes and type 2 

diabetes classifications are presented in Table 6. The prevalence of pre-

diabetes was 47.9% (95% CI: 45.7%-50.0%) by elevated HbA1c and 11.2% 
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(95% CI: 9.9%-12.7%) by impaired FPG. Subjects categorised as pre-

diabetic using HbA1c had lower BMI and WC levels, lower triglyceride and 

insulin concentrations, higher HDL-C levels, were less hypertensive, and a 

greater proportion were female when compared to individuals with pre-

diabetes defined by FPG.  

 

 

3.3.2 Logistic regression  

In binary logistic regression analyses (Table 7), associations between 

commonly assessed diabetes risk features and pre-diabetes were stronger in 

subjects diagnosed by FPG. Odds ratios for pre-diabetes indicated by HbA1c 

were non-significant for having a family diabetes history and elevated 

triglyceride levels, while there was a three-fold increased likelihood (OR: 3.0, 

95% CI: 2.2-3.9) of having >3 MetS features in participants identified by FPG 

compared to an odds ratio of 1.6 (95% CI: 1.3-2.0) in pre-diabetes by HbA1c. 

In contrast, metabolic risk factor relationships with type 2 diabetes were 

generally comparable according to diagnosis by either assay, with odds 

ratios of having >3 MetS features being 6.1 (95% CI: 4.2-8.8) and 6.8 (95% 

CI: 4.1-11.2) for subjects diagnosed by HbA1c and FPG respectively. 

Regardless of definition, patients with pre-diabetes and type 2 diabetes 

displayed a chronic pro-inflammatory profile as characterised by elevated 

C3, IL-6, WBC levels and reduced adiponectin concentrations.  

 

The results from multinomial regression models exploring risk factor 

relationships with pre-diabetes classified by HbA1c alone, FPG alone, or by 
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both HbA1c and FPG together are displayed in Table 8. Odds ratios of having 

high levels of adiposity, elevated BP, increased insulin concentrations and 

MetS were higher for participants classified by both assays, with four-fold 

increased odds (OR: 4.0, 95% CI: 2.8-5.8) of having >3 MetS features, 

compared to either HbA1c alone (OR: 1.4, 95% CI: 1.2-1.8) or FPG alone 

(OR: 3.0, 95% CI: 1.7-5.1). Stronger associations with markers of low-grade 

inflammation were also observed in subjects identified by both criteria. 

 

 

3.3.3 ROC analysis 

Receiver operating characteristic curves for HbA1c to detect pre-diabetes and 

type 2 diabetes are shown in Figures 4 and 5. The ability of HbA1c to 

discriminate pre-diabetes characterised by impaired FPG was low 

(AUC=0.67, 95% CI: 0.63-0.71). The HbA1c >5.7% (>39 mmol/mol) pre-

diabetes threshold demonstrated marginal sensitivity (72%) and a high FPR 

(52%). The level of agreement between both diagnostic methods was also 

poor (Kappa: 0.084). Discriminatory capacity for type 2 diabetes defined by 

FPG >7.0 mmol/l was high (AUC=0.94, 95% CI: 0.90-0.98). Sensitivity, FPR 

and Kappa for the ADA-recommended HbA1c >6.5% (>48 mmol/mol) cut-off 

were 84%, 4% and 0.60 respectively.   

 

 

3.4 Discussion 

In this study of 2,047 middle-aged Caucasian-European men and women we 

show that subjects with HbA1c levels 5.7%-6.4% (39-46 mmol/mol) or FPG 
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levels 5.6-6.9 mmol/l may exhibit different cardiometabolic profiles. Stronger 

relationships with diabetes-related risk features were found using impaired 

FPG compared to elevated HbA1c to diagnose pre-diabetes. Conversely, the 

metabolic profiles of patients with type 2 diabetes, defined by either HbA1c 

>6.5% (>48 mmol/mol) or FPG >7.0 mmol/l concentrations, were broadly 

similar. In addition, it was noted that pre-diabetic individuals diagnosed by 

both tests displayed the least optimal profile when compared to subjects 

classified by either assay separately. These results suggest that a 

combination of both criteria may be useful for detecting patients at increased 

cardiometabolic risk. 

 

Noticeably, within this population, a higher percentage of patients were 

identified as having pre-diabetes by HbA1c (47.9% versus 11.2% for FPG). A 

higher prevalence of pre-diabetes by HbA1c in a United Kingdom cohort 

(N=8,696) was also noted by Mostafa et al. [223], who reported a prevalence 

of 44.9% in participants diagnosed by HbA1c compared to 16.2% in subjects 

detected by an oral glucose tolerance test (OGTT). Similar findings were 

determined using FPG as the glucose-based criterion. Our results are also 

consistent with those reported in a recent Chinese study (N=2,318) and from 

research examining a Palestinian Arab population (N=1,370). Du et al. [194] 

and Kharroubi et al. [224] found reasonable or moderate concordance 

between HbA1c and FPG for type 2 diabetes, but a higher prevalence by 

HbA1c and limited overlap for pre-diabetes using ADA-designated thresholds. 
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However, our results contrast with findings reported in the United States by 

the Insulin Resistance Atherosclerosis Study (N=855), which found a higher 

prevalence of pre-diabetes by FPG (31.1% versus 10.6% for HbA1c) [225]. 

Similarly, research utilising data from the National Health and Nutrition 

Examination Survey (1999-2006) found the prevalence of pre-diabetes in a 

sample of 7,029 adults to be 28.2% and 12.6% using FPG and HbA1c 

respectively [195]. Possible reasons for observed prevalence disparities 

between HbA1c and FPG may include age, gender or ethnic differences in 

examined populations [192,221,222]. In addition, as glucose continues to be 

metabolized in blood cells even after sampling, discrepancies may be due to 

biochemical analysis intervals within different studies [24,224].  

 

Longitudinal research has suggested that combined use of HbA1c and FPG 

may be beneficial for identifying high-risk subjects. In two Asian studies, 

Inoue et al. [226] and Heianza et al. [227] demonstrated hazard ratios for 

type 2 diabetes to be greater for subjects classified by both assays when 

compared to those diagnosed by either HbA1c or FPG separately. Findings 

from the Kansai Healthcare Study showed that joint use of both methods 

improved predictive ability [228]. In ROC analysis, AUCs for models including 

both HbA1c and FPG were larger than those for HbA1c (0.853 versus 0.771, 

P<0.001) or FPG (0.853 versus 0.818, P<0.001) alone. Recent research by 

Lipska et al. also revealed that addition of HbA1c to a model with impaired 

FPG improved discrimination and calibration [229]. The results from the 

present study imply that the mechanism for this association is that individuals 
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with diabetes-related phenotypes are more accurately identified using 

combined criteria.  

 

Established risk factors for type 2 diabetes include adiposity, raised 

triglyceride and low HDL-C levels, hypertension and insulin resistance [19]. 

In particular, subjects with a combination of these features have been shown 

to have a five-fold increased risk of developing diabetes [230]. 

Cardiometabolic disease and type 2 diabetes are also characterised by a 

low-grade but chronic inflammatory state [231,232]. This may be reflected in 

an increased production of pro-inflammatory cytokines and proteins (IL-6, 

TNF-α, leptin, resistin) and also in higher levels of acute-phase response 

proteins (C3, CRP), coagulation factors (PAI-1), macrophages and immune 

cells and lower levels of adiponectin, the anti-inflammatory adipokine 

[232,233].  

 

In our study it was noted that pre-diabetic individuals categorised by both 

assays demonstrated a stronger association with cardiometabolic feature 

clustering and displayed a more pro-inflammatory, pro-atherogenic, 

hypertensive and insulin resistant profile. Though few prospective studies 

have comprehensively identified features related to pre-diabetes 

development, it has been suggested that risk factors for pre-diabetes mirror 

those for type 2 diabetes [234]. Subsequently, on the basis of the similar risk 

profiles noted in this study between pre-diabetes (defined using both HbA1c 

and FPG) and type 2 diabetes (classified by either method), these findings 
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also indicate that combined use of both assays may be clinically useful for 

detecting individuals at highest odds of developing diabetes. 

 

Although HbA1c has long been used as a marker for glycaemic control, its 

diagnostic performance for type 2 diabetes is still questioned [235-237]. 

Though a more expensive assay, when compared with FPG, HbA1c has 

advantages including convenience, greater pre-analytical stability, lower 

biological variability and increasing international standardisation [24,237]. 

Moreover, HbA1c has been shown to correlate with cardiovascular disease 

and all-cause mortality [238]. However, as diabetes is clinically defined by 

elevated blood glucose, and not by glycation of proteins, there is concern 

that using HbA1c to classify type 2 diabetes may lead to major changes in the 

pathophysiological paradigm that defines the condition [24]. Although a 

report from the United States inferred that diagnosis by HbA1c, rather than 

FPG, would not significantly alter type 2 diabetes prevalence, and that 

categorisation would remain unchanged in as many as 97.7% of subjects 

[193], this is still uncertain [165].  

 

Within our sample, a higher prevalence of diabetes was determined using 

HbA1c (7.1%, 95% CI: 6.1%-8.3%) compared to FPG (4.2%, 95% CI: 3.4%-

5.1%). However, a similar type 2 diabetes prevalence rate in middle-aged 

Irish adults, defined by HbA1c, was recently reported using data from the 

nationally representative SLÁN 2007: Survey of Lifestyle, Attitudes and 

Nutrition (7.1%, 95% CI: 5.2%-9.0%) [35,165]. It was also noted that diabetic 

subjects identified by HbA1c or FPG within the present study displayed 
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markedly similar cardiometabolic profiles. In addition, HbA1c demonstrated 

excellent discrimination of type 2 diabetes diagnosed by FPG >7.0 mmol/l 

levels. Conversely, HbA1c showed poor discriminatory capacity for pre-

diabetes defined by impaired FPG.  

 

As HbA1c reflects long-term glycaemic exposure, including postprandial 

glucose spikes, rather than the acute dysglycaemia indicated by FPG, it is 

rational to assume that each assay may identify different individuals. Our 

results suggest that HbA1c may provide greater sensitivity for diagnosing type 

2 diabetes within this sample. However, the limited overlap and substantially 

varied cardiometabolic profiles in subjects diagnosed with pre-diabetes, by 

either HbA1c or FPG, imply that HbA1c alone may lack specificity to 

accurately detect individuals at risk of diabetes development. It was also 

noted that metabolic risk profiles in pre-diabetic subjects, classified by 

impaired FPG levels only, were also increased. This indicates that a 

percentage of at-risk individuals would be missed if HbA1c was employed as 

a sole diagnostic criterion.  

 

 

3.4.1 Strengths and limitations of the research 

This study has several strengths, including a high participation rate (67%). 

As far as we are aware, ours is the first to compare pre-diabetes and type 2 

diabetes prevalence, defined using both HbA1c and FPG criteria, in a middle-

aged Irish population. Additionally, few studies have compared a broad 

range of metabolic risk features and biomarkers with pre-diabetes and type 2 
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diabetes diagnosed by both assays. Our results are of potential clinical 

significance in terms of screening and the use of HbA1c as a method for 

diagnosing diabetes, assessing cardiometabolic risk and for defining 

outcomes within epidemiological research. Accurate estimates of 

progression rates to type 2 diabetes are needed for efficient allocation of 

resources in order to optimise public health prevention strategies [239]. 

Importantly, these findings indicate that caution should be taken with regard 

to how risk is defined as inexact methods may overestimate future diabetes 

burden [240,241]. 

 

Notwithstanding these strengths, several limitations can be identified. These 

include single measurements of HbA1c and FPG and that we did not have 

OGTT results as a comparison test. Although use of a third assay would 

have allowed a more thorough evaluation of HbA1c and FPG, as discussed 

by Bonora et al. [24], comparisons between diagnostic methods for pre-

diabetes and type 2 diabetes are ambiguous as a true gold standard test is 

unavailable. Also, cross-sectional data precludes examination of temporal 

relationships. Consequently, though results from our research suggest 

associations between variables, they do not demonstrate an ability to predict 

type 2 diabetes or future cardiovascular events.  

 

Equally of concern is that our data were derived from a single primary care 

based sample. Although results from the Cork and Kerry Diabetes and Heart 

Disease Study demonstrate prevalence rates for overweight/obesity and type 

2 diabetes that are comparable to those observed in other nationally 
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representative Irish studies [13,35,165], the possibility that this sample is not 

representative of the source population must be acknowledged. However, 

previous research suggests that approximately 98% of Irish adults are 

registered with a GP and that, even in the absence of a universal patient 

registration system, it is possible to perform population-based 

epidemiological studies that are representative using our methods [210]. In 

addition, Ireland presents a generally ethnically homogeneous population 

[242]. Thus, the associations we observed between cardiometabolic features 

and HbA1c and FPG may be similar in other middle-aged Irish adults. As 

random sampling of subjects and the use of validated methods for data 

collection ensured internal sample validity, it is equally possible that the 

relationships described may be generalisable to a similar middle-aged 

Caucasian-European population. Nevertheless, future studies utilising 

longitudinal data in different samples will be needed to confirm these 

findings. In particular, it will be necessary to determine whether risk 

stratification, using both assays, is clinically useful as a method for predicting 

type 2 diabetes. 

 

 

3.5 Conclusions 

In summary, our results suggest that in middle-aged Caucasian-Europeans, 

when using ADA-recommended cut-points, HbA1c alone is a poor indicator of 

diabetes risk, but is appropriate for type 2 diabetes diagnosis. Furthermore, 

combined use of HbA1c and FPG identifies subjects at substantially increased 

cardiometabolic risk. Although the efficacy and cost-effectiveness of routine 
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screening for diabetes in primary care has not been established [179-181], in 

light of the increasing prevalence of type 2 diabetes worldwide, there is a 

need to identify high-risk patients. Dual screening, utilising both HbA1c and 

FPG, may provide a more accurate method for predicting type 2 diabetes. 

Earlier detection of high-risk subjects could enable earlier targeted 

interventions or therapies, thus attenuating development of diabetes and 

related cardiovascular complications.  
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Table 6––Characteristics of the study population according to pre-diabetes and type 2 diabetes status. 

 

Feature Full cohort  Pre-diabetes
1
  Type 2 diabetes

2
 

  HbA1c  FPG  HbA1c  FPG  
 (N=2047) (N=980) (N=230) (N=146) (N=85) 

Male 1008 (49.2) 441 (45.0) 150 (65.2) 95 (65.1) 59 (69.4) 
Age 59 (55-64) 60 (55-64) 61 (56-65) 60 (57-65) 61 (57-65) 
Age >60 981 (47.9) 510 (52.0) 125 (54.3) 83 (56.8) 51 (60.0) 
Diagnosed diabetes 101 (4.9) - - 73 (50.0) 51 (60.0) 
On Rx for diabetes 78 (3.8) - - 60 (41.1) 41 (48.2) 
On Rx for hypertension 584 (28.5) 307 (31.3) 98 (42.6) 81 (55.5) 48 (56.5) 
On Rx for cholesterol 711 (34.7) 385 (39.3) 93 (40.4) 88 (60.3) 49 (57.6) 
BMI (kg/m

2
) 28.6 ± 4.7 28.8 ± 4.7 30.5 ± 5.2 32.2 ± 5.5 31.8 ± 5.5 

BMI >30 668 (32.7) 345 (35.2) 109 (47.4) 85 (58.2) 49 (57.6) 
WC (cm)  97.0 ± 13.2 97.1 ± 12.9 102.4 ± 12.8 107.9 ± 13.7 108.5 ± 13.9 
WC (HIGH) 1119 (54.8) 562 (57.4) 150 (65.2) 119 (81.5) 66 (77.6) 
Family diabetes history 390 (19.1) 176 (18.0) 46 (20.0) 62 (42.5) 41 (48.2) 
Triglycerides (mmol/l) 1.22 (0.9-1.7) 1.23 (0.9-1.7) 1.41 (1.0-2.0) 1.58 (1.2-2.3) 1.68 (1.2-2.3) 
Triglycerides >1.7 490 (24.6) 230 (23.8) 85 (37.9) 65 (45.5) 40 (48.8) 
HDL-C (mmol/l) 1.45 ± 0.4 1.45 ± 0.4 1.32 ± 0.3 1.17 ± 0.3 1.17 ± 0.4 
HDL-C (LOW) 353 (17.6) 165 (17.0) 59 (26.1) 66 (45.2) 35 (41.2) 
Dyslipidaemia 168 (8.4) 78 (8.0) 32 (14.0) 37 (25.3) 22 (25.9) 
Systolic BP (mmHg) 129.60 ± 16.8 130.10 ± 16.1 134.78 ± 15.5 134.19 ± 17.3 136.24 ± 17.4 
Diastolic BP (mmHg) 80.12 ± 9.7 80.24 ± 9.6 82.25 ± 9.1 79.50 ± 10.3 80.72 ± 10.5 
BP >130/85 1045 (51.3) 521 (53.4) 155 (67.7) 89 (61.4) 56 (66.7) 
Insulin (µU/ml) 8.65 (5.3-14.1) 8.98 (4.6-11.8) 12.67 (7.4-19.5) 18.27 (10.6-31.9) 19.21 (12.1-30.9) 
Insulin 75

th
 percentile 497 (25.0) 238 (24.6) 98 (43.2) 94 (65.7) 59 (70.2) 

>3 MetS features
3
 606 (29.6) 298 (30.4) 112 (48.7) 103 (70.5) 63 (74.1) 

HbA1c (%) 5.7 (5.5-6.0) 5.9 (5.7-6.0) 5.8 (5.6-6.1) 7.0 (6.7-8.1) 7.6 (6.8-9.0) 
HbA1c (mmol/mol) 39 (37-42) 41 (39-42) 40 (38-43) 53 (50-65) 60 (51-75) 

FPG (mmol/l) 4.90 (4.7-5.4) 5.00 (4.7-5.3) 5.80 (5.7-6.1) 6.90 (6.0-9.0) 8.50 (7.6-10.8) 
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Table 6 continued 

 

Feature Full cohort  Pre-diabetes
1
  Type 2 diabetes

2
 

  HbA1c  FPG  HbA1c  FPG  
 (N=2047) (N=980) (N=230) (N=146) (N=85) 

C3 (mg/dl) 135.92 ± 24.7 138.85 ± 24.5 141.41 ± 25.8 148.13 ± 28.6 149.20 ± 24.9 
CRP (ng/ml) 1.35 (1.0-2.3) 1.43 (1.0-2.4) 1.38 (1.0-2.3) 1.79 (1.1-3.2) 1.91 (1.2-3.0) 
IL-6 (pg/ml) 1.81 (1.2-2.9) 1.91 (1.3-3.0) 2.02 (1.5-3.0) 2.92 (1.7-4.8) 2.83 (1.8-4.6) 
TNF-α (pg/ml) 5.97 (4.9-7.3) 6.02 (5.0-7.3) 5.94 (4.9-7.5) 6.99 (5.5-8.3) 7.09 (5.6-8.1) 
Adiponectin (ng/ml) 4.75 (2.9-7.5) 4.92 (3.1-7.5) 3.63 (2.4-5.6) 2.82 (1.7-4.6) 2.73 (1.9-4.7) 
Leptin (ng/ml) 1.95 (1.1-3.1) 2.09 (1.3-3.5) 2.06 (1.3-3.8) 2.28 (1.3-3.9) 2.09 (1.1-3.4) 
Resistin (ng/ml) 5.07 (3.9-6.7) 4.93 (3.8-6.6) 4.89 (3.7-6.7) 6.15 (4.6-7.3) 5.53 (4.5-7.3) 
PAI-1 (ng/ml) 27.38 ± 12.6 27.87 ± 12.0 29.56 ± 13.2 31.35 ± 15.9 30.03 ± 11.0 
WBC (10

9
/l) 6.00 ± 1.9 6.12 ± 2.1 6.33 ± 1.72 7.39 ± 2.4 7.21 ± 1.9 

Mean and ± standard deviation are shown for continuous variables. Age, triglycerides, insulin, HbA1c, FPG, CRP, IL-6, TNF-
α, adiponectin, leptin and resistin are shown as a median (interquartile range). Numbers and % (in brackets) for categorical 
variables will vary in different analyses as some variables have missing values.  
1
Pre-diabetes: HbA1c levels 5.7%-6.4% (39-46 mmol/mol) or FPG levels 5.6-6.9 mmol/l.  

2
Type 2 diabetes: HbA1c >6.5% (>48 mmol/mol) or FPG >7.0 mmol/l.  

3
MetS features: WC (HIGH), triglycerides >1.7, HDL-C (LOW), BP >130/85 or Rx and insulin 75

th
 percentile.  
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Table 7––Odds ratios (95% CI) of having risk features according to diagnosis of pre-diabetes and type 2 diabetes  
by HbA1c or FPG. 
 

Feature Odds ratios (95% CI)
1
 

Pre-diabetes compared to normoglycaemia
2
 Type 2 diabetes compared to no diabetes

3
 

HbA1c  P value FPG  P value HbA1c  P value FPG  P value 

Male 0.8 (0.6-0.9) <0.001 2.3 (1.7-3.0) <0.001 2.0 (1.4-2.9) <0.001 2.5 (1.5-3.9) <0.001 
Age >60  1.6 (1.3-1.9) <0.001 1.4 (1.1-1.9) 0.011 1.5 (1.1-2.2) 0.018 1.7 (1.1-2.7) 0.017 
Family diabetes history 1.2 (0.9-1.5) 0.182 1.4 (1.0-2.1) 0.043 4.1 (2.9-5.9) <0.001 5.2 (3.3-8.1) <0.001 
BMI >30 1.8 (1.4-2.2) <0.001 2.2 (1.7-3.0) <0.001 3.1 (2.2-4.3) <0.001 2.8 (1.8-4.4) <0.001 
WC (HIGH) 1.5 (1.2-1.9) 0.001 2.0 (1.4-3.1) 0.001 5.4 (2.5-11.8) <0.001 7.4 (2.3-23.5) 0.001 
Triglycerides >1.7 1.2 (0.9-1.5) 0.134 2.1 (1.5-2.8) <0.001 2.5 (1.8-3.6) <0.001 2.8 (1.8-4.4) <0.001 
HDL-C (LOW) 1.4 (1.1-1.8) 0.018 2.3 (1.7-3.3) <0.001 4.6 (3.2-6.6) <0.001 3.6 (2.3-5.7) <0.001 
Dyslipidaemia 1.6 (1.1-2.4) 0.019 2.6 (1.7-4.1) <0.001 4.3 (2.8-6.5) <0.001 4.1 (2.4-6.9) <0.001 
BP >130/85 or Rx 1.4 (1.2-1.7) <0.001 2.5 (1.8-3.5) <0.001 3.0 (1.9-4.8) <0.001 4.4 (2.2-8.6) <0.001 
Insulin 75

th
 percentile 1.6 (1.3-2.0) <0.001 3.1 (2.3-4.2) <0.001 6.5 (4.5-9.4) <0.001 7.2 (4.4-11.7) <0.001 

>3 MetS features
4
 1.6 (1.3-2.0) <0.001 3.0 (2.2-3.9) <0.001 6.1 (4.2-8.8) <0.001 6.8 (4.1-11.2) <0.001 

C3
5
 1.8 (1.5-2.2) <0.001 1.4 (1.0-1.8) 0.032 3.3 (2.2-4.9) <0.001 3.1 (1.9-5.0) <0.001 

CRP
5
 1.4 (1.1-1.7)  0.001 1.2 (0.9-1.5) 0.293 1.5 (1.1-2.2) 0.02 1.6 (1.0-2.6) 0.032 

IL-6
5
 1.6 (1.3-1.9) <0.001 1.5 (1.1-2.0) 0.005 2.8 (1.9-4.1) <0.001 2.8 (1.7-4.6) <0.001 

TNF-α
5
 1.2 (1.0-1.4) 0.078 1.0 (0.7-1.3) 0.738 2.3 (1.6-3.3) <0.001 2.7 (1.6-4.4) <0.001 

Adiponectin
5
 1.4 (1.1-1.7) 0.004 2.0 (1.4-2.7) <0.001 4.0 (2.5-6.2) <0.001 3.2 (1.8-5.6) <0.001 

Leptin
5
 1.5 (1.2-1.8) <0.001 1.4 (1.1-1.9) 0.014 1.5 (1.0-2.1) 0.026 1.2 (0.8-1.8) 0.48 

Resistin
5
 0.9 (0.8-1.1) 0.305 0.9 (0.7-1.2) 0.391 2.4 (1.7-3.5) <0.001 1.8 (1.1-2.8) 0.012 

PAI-1
5
 1.3 (1.1-1.6) 0.005 1.3 (1.0-1.7) 0.108 1.5 (1.0-2.1) 0.028 1.5 (1.0-2.4) 0.078 

WBC
5
 1.7 (1.4-2.1) <0.001 1.6 (1.2-2.1) 0.001 3.4 (2.3-5.0) <0.001 3.3 (2.0-5.5) <0.001 

1
Binary logistic regression. Gender adjusted for age (continuous), age >60 adjusted for gender, all other variables adjusted 

for age (continuous) and gender.  
2
Pre-diabetes: HbA1c >5.7% (>39 mmol/mol) or FPG >5.6 mmol/l, models exclude subjects with type 2 diabetes: HbA1c >6.5% 

(>48 mmol/mol) or FPG >7.0 mmol/l or physician diagnosis or Rx diabetes medication use.  
3
Models exclude 24 subjects that indicated a physician diagnosis or Rx diabetes medication use but who did not have 

positive HbA1c or FPG test results.  
4
MetS features: WC (HIGH), triglycerides >1.7, HDL-C (LOW), BP >130/85 or Rx and insulin 75

th
 percentile.  

5
Threshold: above median level in the study population except adiponectin (below median level).  



 
 

98 | P a g e  
 

 
Table 8––Odds ratios (95% CI) of having risk features according to diagnosis of pre-
diabetes

1
 by HbA1c alone, FPG alone, or by both HbA1c and FPG together. 

 

Feature Odds ratios (95% CI)
2
 

 HbA1c alone P value FPG alone P value HbA1c & FPG P value 
 (N=814)  (N=62)  (N=162)  

Male 0.8 (0.6-0.9) 0.006 3.3 (1.8-5.9) <0.001 1.6 (1.2-2.3) 0.005 
Age >60 1.6 (1.3-1.9) <0.001 1.4 (0.8-2.3) 0.251 2.0 (1.4-2.8) <0.001 
Family diabetes history 1.1 (0.8-1.4) 0.474 1.2 (0.6-2.4) 0.651 1.7 (1.1-2.6) 0.013 
BMI >30 1.6 (1.3-2.0) <0.001 1.7 (1.0-3.0) 0.051 3.4 (2.4-4.9) <0.001 
WC (HIGH) 1.4 (1.2-1.8) <0.001 2.0 (1.2-3.4) 0.011 2.6 (1.8-3.7) <0.001 
Triglycerides >1.7 1.2 (0.9-1.5) 0.267 2.5 (1.4-4.3) 0.001 2.3 (1.4-4.3) <0.001 
HDL-C (LOW) 1.3 (1.0-1.7) 0.095 2.5 (1.3-4.7) 0.004 2.8 (1.8-4.3) <0.001 
Dyslipidaemia 1.6 (1.0-2.5) 0.041 3.5 (1.6-7.8) 0.002 3.5 (2.0-6.2) <0.001 
BP >130/85 or Rx 1.3 (1.0-1.6) 0.012 2.2 (1.2-3.9) 0.009 3.3 (2.2-5.1) <0.001 
Insulin 75

th
 percentile 1.5 (1.2-2.0) 0.002 3.4 (2.0-5.9) <0.001 4.1 (2.8-5.9) <0.001 

>3 MetS features
3
 1.4 (1.2-1.8) 0.003 3.0 (1.7-5.1) <0.001 4.0 (2.8-5.8) <0.001 

C3
4
 1.8 (1.5-2.3) <0.001 1.4 (0.9-2.4) 0.17 2.2 (1.5-3.1) <0.001 

CRP
4
 1.4 (1.1-1.7) 0.002 1.1 (0.7-2.0) 0.640 1.5 (1.1-2.2) 0.017 

IL-6
4
 1.5 (1.2-1.9) <0.001 1.4 (0.8-2.4) 0.212 2.1 (1.5-3.0) <0.001 

TNF-α
4
 1.2 (1.0-1.5) 0.096 0.8 (0.5-1.4) 0.524 1.1 (0.8-1.6) 0.446 

Adiponectin
4
 1.3 (1.0-1.6) 0.043 1.3 (0.7-2.3) 0.373 2.6 (1.8-3.9) <0.001 

Leptin
4
 1.4 (1.2-1.8) <0.001 1.3 (0.8-2.2) 0.345 2.0 (1.4-2.9) <0.001 

Resistin
4
 1.0 (0.8-1.2) 0.626 1.3 (0.7-2.1) 0.389 0.8 (0.5-1.1) 0.139 

PAI-1
4
 1.3 (1.1-1.6) 0.008 1.4 (0.8-2.4) 0.2 1.6 (1.1-2.2) 0.014 

WBC
4
 1.6 (1.3-2.0) <0.001 1.3 (0.7-2.2) 0.371 2.6 (1.8-3.7) <0.001 

1
Pre-diabetes: HbA1c >5.7% (>39 mmol/mol) or FPG >5.6 mmol/l, models exclude subjects with type 2 

diabetes: HbA1c >6.5% (>48 mmol/mol) or FPG >7.0 mmol/l or physician diagnosis or Rx diabetes 
medication use.  
2
Multinomial logistic regression, reference category: normoglycaemia by both HbA1c and FPG. Gender 

adjusted for age (continuous), age >60 adjusted for gender, all other variables adjusted for age 
(continuous) and gender.  
3
MetS features: WC (HIGH), triglycerides >1.7, HDL-C (LOW), BP >130/85 or Rx and insulin 75

th
 

percentile.  
4
Threshold: above median level in the study population except adiponectin (below median level). 
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Figure 4––Receiver operating characteristic curve for HbA1c to discriminate 

subjects with pre-diabetes. The figure shows an ROC curve for HbA1c (continuous) 

to discriminate subjects with pre-diabetes (impaired FPG >5.6 mmol/l). The area under 

the curve value was AUC=0.67, 95% CI: 0.63-0.71.  
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Figure 5––Receiver operating characteristic curve for HbA1c to discriminate 

subjects with type 2 diabetes. The figure shows an ROC curve for HbA1c 

(continuous) to discriminate subjects with type 2 diabetes (FPG >7.0 mmol/l). The 

area under the curve value was AUC=0.94, 95% CI: 0.90-0.98.  
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4.0 Abstract 

Background and Objectives 

Despite recommendations that central obesity assessment should be 

employed as a marker of cardiometabolic health, no consensus exists 

regarding measurement protocol. This study examined a range of 

anthropometric variables and their relationships with cardiometabolic 

features and type 2 diabetes in order to ascertain whether measurement site 

influences discriminatory accuracy. In particular, we compared waist 

circumference (WC) measured at two sites: (1) immediately below the lowest 

rib (WC rib) and (2) between the lowest rib and iliac crest (WC midway), 

which has been recommended by the World Health Organisation and 

International Diabetes Federation. 

 

 

Materials and Methods 

This was a cross-sectional study involving a random sample of 2,002 men 

and women aged 46-73 years. Metabolic profiles and WC, hip 

circumference, pelvic width and body mass index (BMI) were determined. 

Correlation, logistic regression and area under the receiver operating 

characteristic curve analyses were used to evaluate adiposity variable 

relationships with metabolic risk phenotypes and type 2 diabetes.  
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Results 

WC rib measures displayed the strongest associations with non-optimal lipid 

and lipoprotein levels, high blood pressure, insulin resistance, impaired 

fasting glucose, a clustering of metabolic risk features and type 2 diabetes, in 

both genders. Rib-derived indices improved discrimination of type 2 diabetes 

by 3%-7% compared to BMI and 2%-6% compared to WC midway (in men) 

and 5%-7% compared to BMI and 4%-6% compared to WC midway (in 

women). Index models including BMI and central obesity variables displayed 

a significantly higher area under the curve for WC rib (AUC=0.78, P=0.003), 

Rib/height ratio (AUC=0.80, P<0.001), Rib/pelvis ratio (AUC=0.79, P<0.001), 

but not for WC midway (AUC=0.75, P=0.127), when compared to one with 

BMI alone (AUC=0.74). 

 

 

Conclusions 

WC rib is easier to assess and our data suggest that it is a better method for 

determining obesity-related cardiometabolic risk than WC midway. The 

clinical utility of rib-derived indices, or alternative WC measurements, 

deserves further investigation.  
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4.1 Introduction 

Obesity is associated with dyslipidaemia, hypertension, insulin resistance 

and the development of metabolic syndrome and type 2 diabetes [6], leading 

to a greater likelihood of premature death. However, not all obese subjects 

are at increased cardiometabolic risk as a proportion are considered to be 

metabolically healthy [232]. The prevalence of obesity has escalated in many 

world populations [2,5]. Thus, there is an increasing need for inexpensive 

and non-invasive risk assessment tools for use in clinical practice to help 

identify overweight and obese individuals at highest odds of developing 

metabolic abnormalities and type 2 diabetes.  

 

Body mass index (BMI) has traditionally been the chosen surrogate method 

used to determine excess body fat, but because it is a weight-for-height 

measure, BMI is unable to distinguish between fat and lean mass. Recent 

research has indicated that general obesity categorisation based on BMI 

might be inadequate [61,99], and studies have shown that BMI may 

misclassify adiposity [243-245].  

 

Increasing evidence suggests that central obesity is a more important 

cardiometabolic risk factor [79,83] and waist circumference (WC) 

measurement has been recommended as a method for central obesity 

assessment. However, partly due to a lack of agreement on a universal 

measurement protocol, its clinical usefulness and superiority over BMI for 

detecting patients at increased cardiometabolic risk has been questioned 

[12,246]. Various transformations of WC have also been used, such as the 
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waist-height ratio (WHtR) [143] and waist-hip ratio (WHR) [114]. Although 

extensive research has attempted to quantify relationships between different 

adiposity measures and morbidity [246], considerable controversy still exists 

as to which measurement site or index most accurately defines non-optimal 

body fat distribution [151]. 

 

In this study we examined a range of anthropometric variables and their 

relationships with metabolic risk phenotypes, including lipid and lipoprotein 

levels, high blood pressure (BP), insulin resistance, impaired fasting plasma 

glucose (FPG), a clustering of metabolic risk features and type 2 diabetes, in 

a random sample of 2,002 middle-aged men and women. In particular, we 

compared the discriminatory performance of WC measured at two locations 

(immediately below the lowest rib, and between the lowest rib and iliac 

crest), and variations of these measures, to explore the hypothesis that the 

measurement site for central obesity affects its accuracy as a discriminator of 

cardiometabolic risk.  

 

 

4.2 Materials and Methods 

4.2.1 Study design 

The study design is described in detail in Chapter 1. In summary, the Cork 

and Kerry Diabetes and Heart Disease Study (Phase II) was a single centre, 

cross-sectional study conducted between 2010 and 2011. A random sample 

was recruited from a large primary care centre in Mitchelstown, County Cork, 

Ireland. The Livinghealth Clinic serves a population of approximately 20,000, 
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with a mix of urban and rural residents. Stratified sampling was employed to 

recruit equal numbers of men and women from all registered attending 

patients in the 46-73 year age group. In total, 3,807 potential participants 

were selected from the practice list. Following the exclusion of duplicates, 

deaths, and subjects incapable of consenting or attending appointment, 

3,051 were invited to participate in the study and of these, 2,047 (49.2% 

male) completed the questionnaire and physical examination components of 

the baseline assessment (response rate: 67.1%). Details regarding the study 

design, sampling procedures and methods of data collection have been 

reported previously [183].  

 

Ethics committee approval conforming to the Declaration of Helsinki was 

obtained from the Clinical Research Ethics Committee of University College 

Cork. A letter signed by the contact GP in the clinic was sent out to all 

selected participants with a reply slip indicating acceptance or refusal. All 

subjects gave signed informed consent, including permission to use their 

data for research purposes.  

 

 

4.2.2 Clinical and laboratory procedures  

Study participants attended the clinic in the morning after an overnight fast 

and blood samples were taken on arrival. Data on age, gender, physician-

diagnosed type 2 diabetes and prescription (Rx) medication use were 

gathered through a self-completed General Health Questionnaire [170]. 

Triglyceride and high-density lipoprotein cholesterol (HDL-C) levels were 
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measured by Cork University Hospital Biochemistry Laboratory on Olympus 

5400 biochemistry analysers with Olympus reagents using standardised 

procedures and fresh samples (Olympus Diagnostica GmbH, Hamburg, 

Germany). Fasting plasma glucose concentrations were determined using a 

glucose hexokinase assay (Olympus Life and Material Science Europa Ltd., 

Lismeehan, Co. Clare, Ireland) and fasting serum insulin was calculated 

using a biochip array system (Evidence Investigator; Randox Laboratories, 

UK). Glycated haemoglobin A1c (HbA1c) levels were measured in the 

haematology laboratory on an automated high-pressure liquid 

chromatography instrument Tosoh G7 [Tosoh HLC-723 (G7), Tosoh Europe 

N.V, Tessenderlo, Belgium]. Three independent measurements of systolic 

and diastolic BP were obtained with the subject in a seated position using an 

Omron M7 digital sphygmomanometer (Omron Healthcare Co. Ltd., Japan). 

The mean of the second and third readings was considered to be a subject’s 

BP.  

 

 

4.2.3 Anthropometric variables 

Anthropometric measurements were taken by researchers who were 

thoroughly trained according to the study research protocols [183]. The 

weight and height of each subject were measured to the nearest 0.1 kg and 

0.1 cm respectively. Portable electronic Tanita WB-100MA weighing scales 

(Tanita Corporation, IL, USA) were placed on a firm, flat surface and were 

calibrated weekly to ensure accuracy. Height was assessed using a portable 

Seca Leicester height/length stadiometer (Seca, Birmingham, UK) and BMI 
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was calculated as weight divided by the square of height. Midway WC (WC 

midway) was measured between the lowest rib and iliac crest on bare skin. 

Participants were instructed to breathe in, and then out, and to hold their 

breath while measurement was made to the nearest 0.1 cm using a Seca 

200 measuring tape. Rib WC (WC rib) was measured immediately below the 

lowest rib at the mid-axillary line and hip circumference was determined at 

the maximum perimeter of the hips. Pelvic width was calculated as the 

diameter between the right and left iliac crests using callipers. For each 

central obesity variable, the mean of two independent readings was used in 

analysis. Height, hip circumference and pelvic width were divided into WC 

midway and WC rib measurements deriving six variables: (1) Midway/height 

ratio, (2) Midway/hip ratio, (3) Midway/pelvis ratio and (4) Rib/height ratio, (5) 

Rib/hip ratio, (6) Rib/pelvis ratio. 

 

 

4.2.4 Classification of biochemical and blood pressure measurements 

According to American Diabetes Association guidelines, type 2 diabetes was 

defined as HbA1c >6.5% (>48 mmol/mol) or FPG >7.0 mmol/l [23]. Individuals 

on insulin therapy and subjects indicating a diagnosis of diabetes (either self-

reported physician diagnosis or Rx diabetes medication use), but who did not 

have positive HbA1c or FPG test results, were excluded from analysis 

(N=45). 

 

Lipid, lipoprotein, FPG and BP measurements were classified according to 

National Cholesterol Education Program: Adult Treatment Panel III criteria 
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[184]. Abnormal metabolic risks were defined as high triglyceride levels >1.7 

mmol/l, low HDL-C (<1.03 mmol/l in males or <1.29 mmol/l in females) and 

impaired FPG levels 5.6-6.9 mmol/l. High BP was classified as systolic BP 

>130 mmHg and/or diastolic BP >85 mmHg or Rx anti-hypertensive 

medication use. The Homeostasis Model Assessment Index of Insulin 

Resistance (HOMA-IR) [247] was derived from FPG and insulin 

concentrations as [(FPG x fasting serum insulin)/22.5], and insulin resistance 

was defined as a level equal to or above the 75th percentile in the study 

population. Having three or more cardiometabolic risk features was 

characterised as any combination of these variables.  

 

 

4.2.5 Statistical analysis  

The distribution of each metabolic characteristic was assessed using 

Shapiro-Wilk and Kolmogorov-Smirnov statistics. Categorical features are 

presented as percentages and continuous data are shown as a mean, plus 

or minus one standard deviation, or a median and interquartile range. 

Gender differences were evaluated using chi-square tests, independent t-

tests or a Mann-Whitney U for skewed data. Relationships between 

anthropometric measurements and continuous cardiometabolic variables 

were investigated using partial correlations. Variables presenting a non-

normal distribution were log transformed. All obesity measures were gender-

standardised and separate and stratified binary logistic regression models 

were used to compare index associations with cardiometabolic risk features 

and type 2 diabetes, adjusting for age.  
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The ability of selected indices to discriminate three or more cardiometabolic 

risk features and type 2 diabetes was measured using receiver operating 

characteristic curve (ROC) analysis. The area under the curve (AUC) 

provides a scale from 0.5 to 1.0 (with 0.5 representing random chance and 

1.0 indicating perfect discrimination) by which to appraise the capability of an 

adiposity measure to detect a positive result [150]. A higher AUC generally 

indicates greater diagnostic accuracy. Covariate-adjusted analysis [248] was 

performed to account for the potential confounding influence of both age and 

gender (full cohort) or age alone in stratified models. The AUC values were 

compared for statistical differences and were further evaluated by 

determining false positive rates at specific points on the curve corresponding 

to 90%, 80%, 70% and 60% sensitivities. 

 

To further judge the ability of central adiposity to discriminate type 2 

diabetes, we compared a logistic regression model containing BMI to models 

which included both BMI and selected central obesity measures. The 

accuracy of each model was assessed using the ROC curve. We additionally 

evaluated discrimination using integrated discrimination improvement (IDI) 

analysis, which indicates the magnitude of improvement in the performance 

of a model by adding another variable [249]. To assess goodness-of-fit, the 

likelihood ratio (LR) chi-square statistics were examined by comparing 

models with or without an additional anthropometric measure. Calibration 

was measured using the Hosmer-Lemeshow (HL) test.  
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Data analysis was conducted using IBM SPSS Statistics Version 20 (IBM 

Corp., Armonk, NY, USA) and Stata SE Version 13 (Stata Corporation, 

College Station, TX, USA) for Windows. Seven subjects had missing 

anthropometric values. For all analyses, a P value (two-tailed) of less than 

0.05 was considered to indicate statistical significance.  

 

 

4.3 Results 

4.3.1 Descriptive characteristics  

Characteristics of the study population are presented in Table 9. According 

to BMI classification recommended by the World Health Organisation (WHO) 

[23], 1,550 (77.7%) participants were either overweight or obese, with 835 

(85.6%) male subjects having a BMI >25 kg/m2 compared to 715 (70.2%) 

females (P for difference <0.001). Mean WC and pelvic width measurements 

were also significantly increased in men while hip circumference levels were 

greater in women. Distinctions between WC midway and WC rib were 

observed in both genders, with average midway values being higher. With 

consideration to metabolic risk factors, male subjects were significantly more 

likely to have abnormal triglyceride levels, high BP, insulin resistance, 

impaired FPG, a clustering of cardiometabolic risk features and type 2 

diabetes. 
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4.3.2 Partial correlations between anthropometric measurements and 

cardiometabolic variables 

After adjustment for age, positive correlations for triglycerides, systolic BP, 

diastolic BP, HOMA-IR, HbA1c, FPG, and negative correlations for HDL-C, 

were observed with weight, BMI and measurements of central adiposity 

(Table 10). Significant inverse relationships were also noted for height with 

triglyceride and FPG concentrations in men, while HDL-C was positively 

correlated with height in women. Relationships were stronger between WC 

rib and a majority of metabolic variables, with triglycerides, HDL-C and 

HOMA-IR showing the highest correlative strengths. Nevertheless, metabolic 

variable correlations with BMI and WC midway, although reduced, were of a 

similar magnitude in men. 

 

 

4.3.3 Associations between adiposity measures and adverse 

cardiometabolic features and type 2 diabetes 

The results from regression models examining adiposity variable 

associations with individual metabolic risk factors (Appendix 2, Supporting 

Figure 1), three or more cardiometabolic risk features (Figure 6) and type 2 

diabetes (Figure 7) are shown. Results are adjusted for age and odds ratios 

represent the odds associated with a one standard deviation increase in 

each obesity measure. Although the strength of relationship varied according 

index type, WC rib or rib-derived indices displayed, without exception, 

stronger associations with individual cardiometabolic risk factors, metabolic 

feature clustering and type 2 diabetes, in both genders. In general, stronger 
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relationships with cardiometabolic variables were noted in women, with 

differences between BMI and central obesity being less pronounced in male 

subjects.  

 

 

4.3.4 ROC analysis 

In ROC analysis, both WC rib and Rib/height ratio demonstrated a 

significantly higher AUC to detect three or more cardiometabolic risk features 

compared to WC midway in male subjects (Figure 8). In females, significant 

differences in the AUC were observed when compared to both WC midway 

and BMI. For type 2 diabetes (Figure 9), WC rib measures showed a higher 

discriminatory capacity in both genders, with the exception of the Rib/hip 

ratio in men. Rib-derived indices improved discrimination by 3%-7% 

compared to BMI and 2%-6% compared to WC midway (in men) and 5%-7% 

compared to BMI and 4%-6% compared to WC midway (in women). Rib 

measures also displayed greater specificity across a range of sensitivities 

(Figure 10). At higher sensitivities classification accuracy was improved by 

10% or more. However, false positive rates for the Rib/hip ratio were 

noticeably increased when compared to other adiposity variables in men.  

 

 

4.3.5 Evaluation of index discrimination models 

As presented in Table 11, we compared models which included BMI and an 

additional central obesity measure to discriminate type 2 diabetes. The HL 

test showed P values that were non-significant, suggesting that model fits 
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were acceptable. Additionally, the LR chi-squares were reduced in models 

including central adiposity variables, indicating improved goodness-of-fit. 

Using the IDI statistic, a significant but marginal increase in discrimination 

was observed for WC midway, with a small and non-significant increase in 

the AUC (AUC=0.75, P=0.127) (Figure 11). In contrast, models including BMI 

and WC rib measures displayed significantly higher AUC values (Figures 12-

14) for WC rib (AUC=0.78, P=0.003), Rib/height ratio (AUC=0.80, P<0.001) 

and Rib/pelvis ratio (AUC=0.79, P<0.001) when compared to a model with 

BMI alone (AUC=0.74).  

 

 

4.4 Discussion 

Both the WHO and International Diabetes Federation (IDF) have suggested 

midway WC measurement as the preferred method for central obesity 

assessment [12,19]. In contrast, the United States National Institutes of 

Health (NIH) recommend measuring WC at the superior border of the iliac 

crest [103]. However, there is a lack of scientific rationale to support either of 

these measurement protocols [102]. Although previous studies have 

compared these two criteria, to the best of our knowledge, this is the first to 

comprehensively evaluate both rib and midway WC measurements and BMI. 

Our findings suggest that WC rib, rather than WC midway, is a better 

indicator of central obesity as it improves discrimination of type 2 diabetes 

within our population. One possible explanation for this relationship may be 

that rib-level measurement is less influenced by inter-individual variables 
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such as body posture or elasticity of the abdominal wall, which are partly 

unrelated to actual body adiposity.  

 

The results from previous research investigating different WC measurement 

criteria are conflicting. A systematic review of 120 studies [107] concluded 

that measurement procedure had no substantial influence on WC 

relationships with morbidity and mortality, leading the authors to recommend 

the NIH protocol as it may be more readily adapted by healthcare 

practitioners and is more suitable for self-measurement by the general 

public. However, effect sizes and discriminatory differences between WC 

sites were not compared. In contrast, Ma et al. [250] found WC midway to be 

slightly better than NIH-recommended iliac measurement to predict 

hypertension, metabolic syndrome and diabetes. Nevertheless, WC rib was 

not assessed in this study. Bosy-Westphal et al. [102] also observed reduced 

associations between the iliac site and metabolic characteristics and visceral 

adipose tissue (VAT) in females. Relationships between cardiometabolic 

variables and WC midway and rib were similar in men, while WC rib was 

more strongly correlated with VAT in women.  

 

Regardless of controversies surrounding WC measurement protocol, both 

advantages and disadvantages exist regarding the general application of 

central obesity assessment within clinical practice. Although some studies 

have suggested WC to be the simplest and best overall method for 

cardiometabolic health appraisal [127], as metabolic risk cut-points for WC 
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are different between genders, and vary between ethnic groups [12,251], the 

practical usability of WC measurement is still uncertain [246].  

 

In keeping with other findings [115,143], our results imply that 

transformations of WC may improve discrimination. The use of a ratio to 

define central adiposity is also potentially beneficial as it might allow uniform 

diagnostic thresholds to be used (between ethnicities, genders or both), 

making it attractive from a public health perspective [125,126]. Notably, 

however, the WHR was a markedly poor indicator of risk in male subjects 

within this sample. Reduced associations for WHR were also observed by 

Schneider et al. [121], who theorised that as both WC and hip circumference 

exhibit strong relationships with cardiometabolic features, a ratio of the two 

may show less. Additionally, both measures may increase or decrease 

proportionally in an individual [117]. It could be that sex differences observed 

for WHR are due to gender variations in body composition, and that changes 

in hip circumference, relative to WC, are more pronounced in middle-aged 

men than in women. 

 

Although WC rib measures demonstrated stronger relationships with 

metabolic variables, consistent with previous research [246], our study also 

revealed that index associations with a majority of the examined 

cardiometabolic features and type 2 diabetes were reduced in men. One 

possible explanation for this finding is the greater prevalence of overweight 

and obesity amongst males within this population, thus reducing associations 

between variables and discriminatory abilities. It was also noted that 
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discriminatory differences between central adiposity and BMI were greater 

when detecting type 2 diabetes compared to a clustering of metabolic 

features, in both genders. A reason for this may be that central obesity 

independently predicts type 2 diabetes, beyond commonly assessed 

cardiometabolic disease markers [100].  

 

Compared with BMI, central adiposity is thought to be more strongly 

correlated with VAT [83]. Research has suggested that fatty acids released 

from VAT drain into the liver and skeletal muscle causing metabolic 

dysfunction within these organs [78]. Proteins secreted from VAT may also 

contribute to cardiometabolic disease through inflammation of adipose and 

vascular tissue [79]. Increased VAT levels have been shown to be 

associated with increased risk of dyslipidaemia, hypertension and type 2 

diabetes [75,76]. Subsequently, differences in discrimination of 

cardiometabolic disease features and type 2 diabetes (observed within this 

sample) might suggest that central obesity should be independently 

evaluated as a diabetes risk factor, and that its inclusion as a mandatory 

component of the metabolic syndrome may be appropriate [19]. The idea 

that central obesity assessment provides additional information related to 

diabetes – beyond commonly measured cardiometabolic disease features, 

including BMI – is explored further in Chapter 5. 

 

Nevertheless, the findings from previous studies which have compared 

central adiposity variables with BMI have been inconclusive [151,246]. 

Possible reasons for variations between studies may include different WC 
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measurement protocols or dissimilar methods for classifying chronic 

conditions. Although AUC values for central obesity measures are frequently 

reported to be larger when compared to BMI for discriminating type 2 

diabetes [143], as the AUC lacks clinical relevance, there is argument 

against using it as a summary statistic of the ROC curve as similar AUC 

values may have different diagnostic properties [248]. Though other studies 

have reported metabolic risk thresholds for obesity indices based on 

maximum sensitivity, optimal sensitivity and specificity, the furthest distance 

from the chance line or the shortest distance to the y axis [12], cut-points are 

necessarily arbitrary, and may vary between different populations.  

 

Central obesity measures have been proposed as stand-alone, pre-

screening tools [126] for use in high-risk populations to enable clinicians to 

detect those who might benefit from further diagnostic or therapeutic 

procedures [252,253]. In this scenario it is desirable to optimise sensitivity 

(the percentage of people with or at risk of a condition, who would be 

correctly identified), in order to rule out healthy subjects. Importantly, by 

comparing false positive rates (the proportion of healthy individuals who 

would be misclassified) across a range of sensitivities for multiple indices, 

our results demonstrate WC rib measures to be more accurate classifiers, at 

higher sensitivities, compared to WC midway and BMI.  

 

However, debate exists regarding the clinical efficacy of central adiposity 

assessment. To some extent this is due to a lack of evidence regarding how 

much of an increase in discriminatory accuracy central obesity measures 
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might add over traditionally assessed indicators of cardiometabolic disease 

[246]. Though findings from this study suggest that central adiposity indices 

provide additional information when compared to general adiposity measured 

by BMI, these results also demonstrate that the degree of improvement is 

significantly influenced by the procedure used for estimating WC.  

 

While only requiring a flexible measuring tape, midway WC is difficult to 

obtain as it requires the identification of two bony landmarks, a computed 

distance between the two, and a circumference evaluation – essentially four 

separate measurements. Given that central obesity assessment competes 

for the limited time available during patient appraisal, and necessitates 

specific training to ensure reliable data are obtained [83], a simpler 

measurement protocol is desirable. WC rib is more easily determined and 

offers a more practical method for use within healthcare practice and 

epidemiological research, and would be equally suitable for self-assessment. 

Furthermore, Bosy-Westphal et al. [102] and Wang et al. [254] also 

concluded that WC rib had a higher reproducibility. As measurement error 

may limit the minimal detectable difference in a parameter [102], it is possible 

that the higher discriminatory accuracy we observed may be due to greater 

measurement precision.  
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4.4.1 Limitations of the research 

Though our findings are of potential public health and clinical significance, 

several limitations should be considered. Given the modest number of 

outcomes within our sample we did not adjust for multiple factors in 

analyses. Our primary aim was to compare general and central obesity 

relationships, rather than to determine overall strengths of association. 

Nevertheless, the possibility that confounding features may influence 

adiposity variables in different ways cannot be discounted and future studies 

with larger samples might find different relationships. Also, cross-sectional 

data precludes examination of the temporal relationship between adiposity 

and diabetes. Thus, although our results may suggest a rationale for central 

adiposity assessment as a method for indentifying patients with type 2 

diabetes, and for assessing cardiometabolic risk, they do not demonstrate 

that central obesity measures would be useful to predict type 2 diabetes or 

related cardiovascular outcomes.  

 

Equally of concern is that we did not have other WC measurement sites to 

contrast and that our data were derived from a single primary care based 

sample. However, Ireland presents a generally ethnically homogeneous 

population [242]. In addition, random sampling of subjects and the use of 

validated methods for data collection ensured internal sample validity and the 

relationships described may be generalisable to a similar middle-aged 

Caucasian-European population. Nonetheless, future studies utilising 

longitudinal data in different samples will be needed to evaluate the validity 

and reliability of alternative WC measurements. In particular, it will be 
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necessary to determine whether employing central obesity measures for risk 

stratification is clinically useful and superior to currently recommended BMI 

classification [94]. 

 

 

4.5 Conclusions 

In summary, our results indicate that measurement protocol for WC may be 

important for determining central obesity and assessing cardiometabolic 

health. Rib-level measures were more strongly associated with 

cardiometabolic risk features and improved discrimination of patients with 

type 2 diabetes. In light of the increasing prevalence of obesity, 

cardiometabolic disease and diabetes worldwide, effective methods to detect 

individuals with type 2 diabetes, and those at increased cardiometabolic risk, 

are needed [51]. The clinical utility of WC measured at the lowest rib, rib-

derived indices or alternative WC measurements as potentially more 

accurate discriminators of metabolic risk and type 2 diabetes, compared to 

WHO and IDF-recommended midway WC measurement or BMI, deserves 

further investigation. 
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Table 9––Characteristics of the study population. 
 

Feature Males  
(N=981) 

Females 
(N=1021) 

P value 

Age 59 (55-64) 59 (54-64) 0.791 
Weight (kg) 87.4 ± 13.8 71.6 ± 13.6 <0.001 
Height (m) 1.7 ± 0.1 1.6 ± 0.1 <0.001 
BMI (kg/m

2
)
 

29.1 ± 4.2 28.0 ± 5.2 <0.001 
WC midway (cm) 102.6 ± 11.1 91.4 ± 12.7 <0.001 
WC rib (cm) 99.9 ± 10.1 85.1 ± 12.2 <0.001 
Hip circumference (cm) 99.0 ± 8.7 101.8 ± 10.7 <0.001 
Pelvic width (cm) 33.0 ± 2.4  32.0 ± 2.7 <0.001 
Triglycerides (mmol/l) 1.32 (0.9-1.9) 1.10 (0.8-1.5) <0.001 
High triglycerides

1 
313 (32.9) 164 (16.5) <0.001 

HDL-C (mmol/l) 1.28 ± 0.3 1.62 ± 0.4 <0.001 
Low HDL-C

2 
166 (17.3) 169 (16.8) 0.676 

Average systolic BP (mmHg) 130.83 ± 15.6 128.44 ±17.9 0.001 
Average diastolic BP (mmHg) 79.94 ± 9.6 80.42 ± 9.9 0.339 
High BP

3 
628 (64.3) 593 (58.3) 0.006 

HOMA-IR 3.27 (1.3-3.8) 2.32 (1.0-2.7) <0.001 
Insulin resistance

4 
301 (32.0) 179 (18.2) <0.001 

FPG (mmol/l)
5 

5.00 (4.7-5.4) 4.80 (4.5-5.2) <0.001 
Impaired FPG

5,6 
150 (17.3) 80 (8.5) <0.001 

Three or more cardiometabolic risk features
5 

178 (20.0) 106 (10.9) <0.001 
Type 2 diabetes 92 (9.5) 50 (5.0) <0.001 

Mean and ± standard deviation are shown for continuous variables, P value calculated with a 
Student’s t-test. Age, triglycerides, HOMA-IR and FPG are shown as a median (interquartile 
range) with a P value according to a Mann-Whitney U. % are shown for categorical values 
with x

2 
for difference in proportions. Numbers and (%) may vary as some variables have 

missing values.  
1
Triglycerides >1.7.  

2
HDL-C <1.03 (males) or HDL-C <1.29 (females).  

3
BP >130/85 or on Rx for hypertension.  

4
HOMA-IR 75

th
 percentile.  

5
Excluding subjects with type 2 diabetes.  

6
FPG >5.6.  

  



 
 

123 | P a g e  
 

 
Table 10––Partial correlations

1
 between anthropometric measurements and 

cardiometabolic variables, stratified by gender. 
 

Cardiometabolic 
Feature 

Weight Height BMI WC 
midway 

WC 
rib 

Hip 
circumference 

Pelvic 
width 

MALES        

 Triglycerides
2 

0.249 -0.062 0.306 0.296 0.319 0.257 0.162 
 HDL-C -0.347 0.063

3 
-0.350 -0.345 -0.354 -0.327 -0.295 

 Systolic BP 0.189 -0.002
3
 0.205 0.175 0.218 0.168 0.138 

 Diastolic BP 0.220 0.012
3
 0.230 0.198 0.228 0.187 0.168 

 HOMA-IR
2 

0.497 -0.005
3
 0.557 0.570 0.572 0.517 0.362 

 HbA1c
2 

0.178 -0.044
3
 0.218 0.249 0.261 0.214 0.123 

 FPG
2
 0.187 -0.093 0.254 0.260 0.267 0.219 0.122 

FEMALES        

 Triglycerides
2 

0.306 -0.033
3
 0.326 0.342 0.404 0.281 0.205 

 HDL-C -0.283 0.074 -0.314 -0.301 -0.364 -0.265 -0.172 
 Systolic BP 0.148 -0.030

3
 0.163 0.135 0.161 0.126 0.078 

 Diastolic BP 0.172 -0.019
3
 0.186 0.136 0.170 0.149 0.081 

 HOMA-IR
2
 0.516 -0.052

3
 0.550 0.493 0.574 0.462 0.288 

 HbA1c
2 

0.202 -0.029
3
 0.220 0.208 0.256 0.177 0.103 

 FPG
2
 0.281 -0.017

3
 0.298 0.303 0.347 0.268 0.183 

 
1
Adjusted for age.  

2
Log transformed. All correlation coefficients are significant (P<0.05) except:  

3
P>0.05. The index associated with the highest correlative strength to the variable in the same 

row is highlighted.  
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Table 11––Tests of calibration, goodness-of-fit and discrimination for index models to detect subjects 
with type 2 diabetes. 
 

Model
1 

HL x
2 

(P value) LR x
2 

(P value) AUC (95% CI) IDI (95% CI) 

BMI alone 4.39 (0.82) 919.38 (<0.001) 0.74 (0.70-0.78) - 
BMI and WC midway 2.32 (0.97) 900.78 (<0.001) 0.75 (0.71-0.79)

2 
0.0177 (0.002-0.0334) 

BMI and WC rib 5.01 (0.76) 877.54 (<0.001) 0.78 (0.74-0.82)
3 

0.0283 (0.0111-0.0455) 
BMI and Rib/height ratio 5.34 (0.72) 858.75 (<0.001) 0.80 (0.76-0.84)

4 
0.0364 (0.0162-0.0566) 

BMI and Rib/pelvis ratio 6.58 (0.58) 860.73 (<0.001) 0.79 (0.75-0.82)
5
 0.0290 (0.0135-0.0445) 

1
All models include age and gender. 

2
P value=0.127 compared to model with BMI alone. 

3
P value=0.003 compared to model with BMI alone. 

4
P value<0.001 compared to model with BMI alone. 

5
P value<0.001 compared to model with BMI alone. 
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Figure 6––Odds ratios (95% CI) of having three or more cardiometabolic risk 

features for a one standard deviation increase in each adiposity measure. 

Results are stratified by gender and adjusted for age. All models exclude subjects with 

type 2 diabetes.  
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Figure 7––Odds ratios (95% CI) of having type 2 diabetes for a one standard 

deviation increase in each adiposity measure. Results are stratified by gender and 

adjusted for age.  
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Figure 8––Adjusted area under the receiver operating characteristic curve 

values for selected adiposity measures to discriminate subjects with three or 

more cardiometabolic risk features. Bars represent AUC values. All models exclude 

subjects with type 2 diabetes. Statistical differences in the AUC values are shown in 

superscript Arabic numbers as: 
1
P<0.05 compared to WC midway; 

2
P<0.05 compared 

to BMI.  
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Figure 9––Adjusted area under the receiver operating characteristic curve 

values for selected adiposity measures to discriminate subjects with type 2 

diabetes. Bars represent AUC values. Statistical differences in the AUC values are 

shown in superscript Arabic numbers as: 
1
P<0.05 compared to WC midway; 

2
P<0.05 

compared to BMI.  
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Figure 10––False positive rates corresponding to 90%, 80%, 70% and 60% 

sensitivities for selected adiposity measures to classify subjects with type 2 

diabetes. Results are stratified by gender and adjusted for age. Bars represent false 

positive rates (percentages).  
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Figure 11––Receiver operating characteristic curves for index models to 

discriminate subjects with type 2 diabetes. The figure shows ROC curves for a 

model including BMI and a model including BMI and WC midway. All models include 

age and gender. 
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Figure 12––Receiver operating characteristic curves for index models to 

discriminate subjects with type 2 diabetes. The figure shows ROC curves for a 

model including BMI and a model including BMI and WC rib. All models include age 

and gender. 
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Figure 13––Receiver operating characteristic curves for index models to 

discriminate subjects with type 2 diabetes. The figure shows ROC curves for a 

model including BMI and a model including BMI and Rib/height ratio. All models 

include age and gender. 
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Figure 14––Receiver operating characteristic curves for index models to 

discriminate subjects with type 2 diabetes. The figure shows ROC curves for a 

model including BMI and a model including BMI and Rib/pelvis ratio. All models 

include age and gender. 
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5.0 Abstract 

Background and Objectives 

Central obesity defined by waist circumference (WC) measurement is 

thought to be more strongly related to markers of chronic low-grade 

inflammation compared to general obesity characterised by body mass index 

(BMI). However, evidence for this association is still unclear. In this study we 

compare biomarker relationships with BMI and WC measures, and type 2 

diabetes. We examine a range of pro-inflammatory cytokines, acute-phase 

response proteins, coagulation factors, white blood cell counts and a 

combination of these markers to determine which anthropometric measure is 

more strongly associated with diabetes-related chronic inflammation. 

 

 

Materials and Methods 

This was a cross-sectional study involving a random sample of 2,002 men 

and women aged 46-73 years. Correlation and logistic regression analyses 

were used to explore general and central adiposity relationships with non-

optimal biomarker levels, biomarker combinations and type 2 diabetes.  

 

 

Results 

Waist circumference was more strongly related to a majority of the examined 

biomarkers of inflammation, adverse biomarker clustering and type 2 

diabetes. Associations between markers of inflammation and diabetes were 

reduced in analyses which adjusted for adiposity variables, with models 
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including WC showing the greatest attenuation. In a multivariable analysis 

which included four or more inflammatory markers and which adjusted for 

age, gender, use of anti-inflammatory medications, physical activity, 

smoking, alcohol use and metabolic syndrome features, only WC remained 

significantly associated with type 2 diabetes (OR: 2.19, 95% CI: 1.34-3.58, 

P=0.002) compared to BMI (OR: 0.65, 95% CI: 0.40-1.03, P=0.069). The 

relationship between low-grade inflammation and diabetes also persisted 

(OR: 3.73, 95% CI: 1.97-7.05, P<0.001). 

 

 

Conclusions 

These data suggest that central obesity defined by WC is more strongly 

associated with obesity-induced inflammation and type 2 diabetes than BMI, 

and that central adiposity accounts for a greater variance of diabetes-related 

systemic inflammation. However, our results also imply that relationships 

between biomarkers of chronic low-grade inflammation and diabetes cannot 

be completely explained by surrogate measures of adiposity. 
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5.1 Introduction 

Excess body fat has been shown to be a strong risk factor for type 2 diabetes 

and related cardiovascular complications, partly due to its influence on the 

prevalence of diabetes-related features such as hypertension, dyslipidaemia 

and insulin resistance [255]. Increasing evidence has also identified a low-

grade but chronic inflammatory state as a potential mechanism linking 

adipose tissue expansion with cardiometabolic abnormalities [232]. 

 

Body mass index (BMI) has traditionally been the chosen surrogate method 

used to assess body fat. However, as a measure of general obesity, BMI is 

unable to distinguish between fat and lean mass and elevated BMI may not 

always indicate higher levels of adiposity or increased cardiometabolic risk 

[64,98,243]. 

 

Research suggests that central obesity may be a more important metabolic 

health indicator and waist circumference (WC) measurement has been 

recommended as a method for central obesity assessment [79,83]. 

Compared with BMI, central adiposity is thought to be more strongly 

correlated with visceral adipose tissue (VAT) [83]. Proteins released from 

VAT may contribute to cardiometabolic disease development [79], and 

increased VAT levels have been shown to be associated with dyslipidaemia, 

hypertension and diabetes [75,76]. Though numerous studies have 

suggested WC to be a greater risk factor than BMI for type 2 diabetes 

[167,246], the mechanism for this association is still unclear.  
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The aim of this study was to compare inflammatory biomarker relationships 

with BMI and WC measures and type 2 diabetes. In particular, we examined 

a range of pro-inflammatory cytokines, acute-phase response proteins, 

coagulation factors, white blood cell (WBC) counts, and a combination of 

these markers, to determine whether general or central adiposity is more 

strongly associated with diabetes-related chronic inflammation. Specifically, 

we hypothesised that WC would demonstrate stronger associations with 

markers of inflammation, and that in statistical models which examined 

relationships between biomarkers and type 2 diabetes, the inclusion of WC 

would more substantially attenuate observed effects compared to BMI.  

 

 

5.2 Materials and Methods 

5.2.1 Study design 

The study design is described in detail in Chapter 1. In summary, the Cork 

and Kerry Diabetes and Heart Disease Study (Phase II) was a single centre, 

cross-sectional study conducted between 2010 and 2011. A random sample 

was recruited from a large primary care centre in Mitchelstown, County Cork, 

Ireland. The Livinghealth Clinic serves a population of approximately 20,000, 

with a mix of urban and rural residents. Stratified sampling was employed to 

recruit equal numbers of men and women from all registered attending 

patients in the 46-73 year age group. In total, 3,807 potential participants 

were selected from the practice list. Following the exclusion of duplicates, 

deaths, and subjects incapable of consenting or attending appointment, 

3,051 were invited to participate in the study and of these, 2,047 (49.2% 
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male) completed the questionnaire and physical examination components of 

the baseline assessment (response rate: 67.1%). Details regarding the study 

design, sampling procedures and methods of data collection have been 

reported previously [183].  

 

Ethics committee approval conforming to the Declaration of Helsinki was 

obtained from the Clinical Research Ethics Committee of University College 

Cork. A letter signed by the contact GP in the clinic was sent out to all 

selected participants with a reply slip indicating acceptance or refusal. All 

subjects gave signed informed consent, including permission to use their 

data for research purposes.  

 

 

5.2.2 Clinical and laboratory procedures  

Study participants attended the clinic in the morning after an overnight fast 

and blood samples were taken on arrival. Data on age, gender, use of 

medications with anti-inflammatory properties (aspirin/statins), physician-

diagnosed diabetes, diabetes and blood pressure (BP) medication use and 

smoking/alcohol behaviours were gathered through a self-completed General 

Health Questionnaire (GHQ) [170]. Physical activity levels were assessed 

using the International Physical Activity Questionnaire (IPAQ) [171]. Three 

independent measurements of systolic and diastolic BP were obtained with 

the subject in a seated position using an Omron M7 digital 

sphygmomanometer (Omron Healthcare Co. Ltd., Japan). The mean of the 

second and third readings was considered to be a subject’s BP.  
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Glycaemic status and biomarker, lipid and lipoprotein levels were measured 

by Cork University Hospital Biochemistry Laboratory using standardised 

procedures. Fasting plasma glucose (FPG) concentrations were determined 

using a glucose hexokinase assay (Olympus Life and Material Science 

Europa Ltd., Lismeehan, Co. Clare, Ireland) and glycated haemoglobin A1c 

(HbA1c) levels were measured in the haematology laboratory on an 

automated high-pressure liquid chromatography instrument Tosoh G7 

[Tosoh HLC-723 (G7), Tosoh Europe N.V, Tessenderlo, Belgium]. Tumour 

necrosis factor alpha (TNF-α), c-reactive protein (CRP), interleukin 6 (IL-6), 

adiponectin, resistin, plasminogen activator inhibitor-1 (PAI-1) and serum 

insulin were assessed using a biochip array system (Evidence Investigator; 

Randox Laboratories, UK). Complement component 3 (C3) was measured 

by immunoturbidimetric assay (RX Daytona; Randox Laboratories). White 

blood cell counts were determined by flow cytometry technology as part of a 

full blood count. Triglyceride and high-density lipoprotein cholesterol (HDL-C) 

levels were measured on Olympus 5400 biochemistry analysers using 

Olympus reagents (Olympus Diagnostica GmbH, Hamburg, Germany). 

 

 

5.2.3 Anthropometric variables 

The weight and height of each subject were measured to the nearest 0.1 kg 

and 0.1 cm respectively by trained researchers. Portable electronic Tanita 

WB-100MA weighing scales (Tanita Corporation, IL, USA) were placed on a 

firm, flat surface and were calibrated weekly to ensure accuracy. Height was 

assessed using a portable Seca Leicester height/length stadiometer (Seca, 
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Birmingham, UK) and BMI was calculated as weight divided by the square of 

height. Waist circumference was measured immediately below the lowest rib 

at the mid-axillary line. Participants were instructed to breathe in, and then 

out, and to hold their breath while measurement was made to the nearest 0.1 

cm using a Seca 200 measuring tape. Two independent WC readings were 

taken and the mean of the two was used in analysis.  

 

 

5.2.4 Classification of biochemical and blood pressure measurements 

According to American Diabetes Association guidelines, type 2 diabetes was 

defined as HbA1c >6.5% (>48 mmol/mol) or FPG >7.0 mmol/l [23]. Individuals 

on insulin therapy and subjects indicating a diagnosis of diabetes (either self-

reported physician diagnosis or prescription diabetes medication use), but 

who did not have positive HbA1c or FPG test results, were excluded from 

analysis (N=45).  

 

As internationally agreed risk cut-points for the examined biomarkers have 

not been established, low-grade inflammation was determined as a level 

equal to or above the 75th percentile in the study population for each 

biomarker (C3, CRP, IL-6, TNF-α, resistin, PAI-1 and WBC) with the 

exception of adiponectin (equal to or below the 25th percentile). Stepwise 

forwards and backwards entry elimination logistic regressions were 

performed to examine non-optimal inflammatory marker associations with 

type 2 diabetes. Model goodness-of-fit was assessed using the likelihood 

ratio. Biomarkers selected employing these procedures were used to 
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construct two variables: (1) three or more markers and (2) four or more 

markers.  

 

Lipid, lipoprotein and BP measurements were classified according to  

National Cholesterol Education Program: Adult Treatment Panel III  

guidelines [184]. Metabolic syndrome (MetS) features were defined as high 

triglycerides >1.7 mmol/l and low HDL-C (<1.03 mmol/l in males or <1.29  

mmol/l in females). High BP was classified as systolic BP >130 mmHg and/or 

diastolic BP >85 mmHg or anti-hypertensive medication use. Insulin 

resistance was defined as a serum insulin level equal to or above the 75th 

percentile in the study sample. 

 

 

5.2.5 Lifestyle data 

Lifestyle variables utilised from the IPAQ and GHQ included physical activity 

levels, smoking status and alcohol use. Self-reported physical activity within 

the previous six months was collapsed into two categories: high or moderate 

and no physical exercise. Subjects were considered to have ever smoked if 

they smoked cigarettes during the recruitment phase, had smoked within the 

last 10 years or had smoked more than 100 cigarettes in their lifetime. 

Alcohol use was assessed by asking study participants how often they 

consumed alcohol on a monthly or weekly basis, and was dichotomised as 

follows: “never or less than once a month” and “2-4 times monthly” = 

occasional drinker and “twice or more weekly” = regular drinker.  
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5.2.6 Statistical analysis  

Data analysis was conducted using IBM SPSS Statistics Version 20 (IBM 

Corp., Armonk, NY, USA) for Windows. Dichotomous features are presented 

as percentages and continuous data are shown as a mean, plus or minus 

one standard deviation. Baseline characteristics according to type 2 diabetes 

status were assessed using linear or logistic models, adjusting for gender. 

Age is shown as a median and interquartile range with a P value according 

to a Mann-Whitney U test. The relationships between log transformed 

biomarkers and anthropometric variables were investigated using partial 

correlations.  

 

All obesity measures were gender standardised. Logistic regression was 

employed to examine general and central adiposity associations with non-

optimal biomarker levels, biomarker combinations and type 2 diabetes. A 

final multivariable model explored adverse inflammatory marker clustering 

relationships with type 2 diabetes adjusting for age, gender, BMI, WC, use of 

anti-inflammatory medications, physical activity, smoking, alcohol use and 

MetS features. Seven subjects were excluded from analysis due to missing 

anthropometric data. For all analyses, a P value (two-tailed) of less than 0.05 

was considered to indicate statistical significance. 
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5.3 Results 

5.3.1 Descriptive characteristics  

Characteristics of the study population according to type 2 diabetes status 

are shown in Table 12. Subjects with diabetes were significantly more likely 

to be male, were older, had higher BMI and WC levels and were less likely to 

be physically active. Prevalence differences were noted for MetS features 

and higher concentrations of C3, CRP, IL-6, TNF-α, resistin, PAI-1, WBC and 

for lower levels of adiponectin. A significantly higher percentage of diabetic 

subjects also displayed non-optimal biomarker clustering, with 53.5% and 

22.5% having three or more and four or more adverse inflammatory markers 

respectively. 

 

 

5.3.2 Partial correlations between anthropometric variables and log 

transformed biomarkers 

After adjustment for age and gender (Table 13), both BMI and WC were 

significantly and positively correlated with CRP, IL-6, TNF-α, resistin and 

PAI-1 concentrations. Significant inverse relationships were noted with 

adiponectin. Correlations were stronger between WC and a majority of 

biomarkers with the exception of CRP and resistin.  
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5.3.3 Associations between adiposity measures and biomarkers and 

type 2 diabetes 

The results from logistic regression analyses examining general and central 

obesity measurement relationships with individual inflammatory markers are 

presented in Table 14. After adjustment for age and gender, both BMI and 

WC displayed positive associations with unfavourable biomarker levels. In 

models which adjusted for BMI and other features, WC remained significantly 

associated with high C3, TNF-α, WBC and with low levels of adiponectin, 

whereas significant relationships with CRP and IL-6 were observed for BMI. 

 

Odds ratios of having adverse biomarker clustering and type 2 diabetes are 

shown in Figure 15. Both adiposity measures displayed similar attenuation 

after adjustment. Central adiposity defined by WC was more strongly related 

to each outcome. Although confidence intervals were wide as a result of the 

small number of cases within each category, in fully adjusted models which 

examined three or more markers, four or more markers and type 2 diabetes, 

odds ratios for a one standard deviation increase of WC were 1.96 (95% CI: 

1.69-2.26), 2.53 (95% CI: 2.02-3.18) and 2.17 (95% CI: 1.78-2.64) 

respectively. The corresponding odds ratios for BMI were 1.84 (95% CI: 

1.61-2.12), 2.08 (95% CI: 1.70-2.55) and 1.77 (95% CI: 1.48-2.12). 

 

 

5.3.4 Relationships between adverse biomarkers and type 2 diabetes 

In logistic regression models which examined biomarker clustering 

relationships with type 2 diabetes (Table 15), having three or more and four 
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or more adverse inflammatory markers were strongly associated with 

diabetes; OR: 7.63 (95% CI: 5.31-10.95) and OR: 8.12 (95% CI: 5.02-13.15) 

respectively. However, relationships between markers of inflammation and 

type 2 diabetes were reduced in analyses which adjusted for BMI or WC, 

with models including WC showing the greatest attenuation. Models which 

adjusted for both adiposity variables together did not display any further 

attenuation. In a multivariable analysis which included four or more 

inflammatory markers and which adjusted for age, gender, use of anti-

inflammatory medications, physical activity, smoking, alcohol use and MetS 

features, only WC remained significantly associated with type 2 diabetes 

(OR: 2.19, 95% CI: 1.34-3.58, P=0.002) compared to BMI (OR: 0.65, 95% 

CI: 0.40-1.03, P=0.069). The relationship between low-grade inflammation 

and diabetes also persisted (OR: 3.73, 95% CI: 1.97-7.05, P<0.001). 

 

 

5.4 Discussion 

The aim of this study was to determine whether general or central obesity is 

more strongly associated with diabetes-related systemic low-grade 

inflammation. Our results demonstrate that WC was more strongly related to 

a majority of the examined biomarkers of inflammation, adverse biomarker 

clustering and type 2 diabetes. These findings also suggest that when 

compared to general obesity characterised by BMI, a surrogate measure of 

central adiposity such as WC may provide additional information to help 

identify individuals at risk of obesity-related chronic disorders. 
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At a population level, it has been consistently shown that risk of type 2 

diabetes development is strongly correlated with an increase in BMI [6,233]. 

However, though straightforward to measure and easy to calculate, 

limitations regarding the use of BMI as a method for adiposity appraisal have 

been widely acknowledged [99,243]. Within a narrow range of BMI levels, 

individuals may vary considerably with respect to insulin resistance and other 

MetS features [64,233]. These inter-individual differences have been 

attributed to variations in body fat distribution and research has indicated that 

general obesity categorisation based on BMI might be inadequate [61,99].  

 

Compared with BMI, central obesity is thought to be more strongly 

associated with cardiometabolic disease [19,79,83]. Waist circumference 

measurement has been adopted by the International Diabetes Federation as 

a mandatory component for diagnosing the MetS [19] and is the only 

adiposity variable included in four alternative MetS definitions [21]. 

Nevertheless, although numerous research has suggested central obesity to 

be a greater risk factor for type 2 diabetes [246], several studies have also 

shown that BMI and WC demonstrate similar relationships with 

cardiometabolic disease markers such as hypertension and dyslipidaemia 

[139,157,246]. This implies that the association between central adiposity 

and diabetes may also be explained by other metabolic processes [73]. 

 

Over the past three decades, cardiometabolic disease, type 2 diabetes and 

cardiovascular disorders have been increasingly recognised as inflammatory 

diseases [7,231,233]. It is currently well accepted that excess adiposity 
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promotes a state of chronic low-grade inflammation which may be reflected 

not only in an increased production of pro-inflammatory cytokines, but also in 

higher levels of acute-phase response proteins, coagulation factors, 

macrophages and other immune cells [232,233]. Although the exact 

mechanism between obesity-induced inflammation and type 2 diabetes is still 

poorly understood, it is hypothesised that cytokines and select proteins 

secreted by adipose cells may promote a low-grade inflammatory response 

in adipose and vascular tissue [79,83], thus leading to insulin resistance and 

β-cell and microvascular dysfunction [233]. 

 

Importantly, it has been acknowledged that not all body fat may be harmful 

and that expansion of fat depots will not necessarily lead to an inflammatory 

response, insulin resistance or type 2 diabetes [233]. It has also been shown 

that approximately 10%-30% of obese individuals do not develop insulin 

resistance, a phenomenon described as “metabolically healthy obese” 

[256,257]. Though only comprising 10%-15% of total body fat [233], VAT is 

commonly believed to be a greater risk factor for vascular dysfunction 

compared to subcutaneous adipose tissue (SAT) [79,83]. Visceral fat 

demonstrates substantially higher fatty acid fluxes compared to SAT, which 

may contribute to insulin resistance and β-cell failure [78,258]. It is also 

characterised by higher secretion of pro-inflammatory cytokines, and lower 

secretion of adiponectin, the anti-inflammatory adipokine [231,232,259,260]. 

Although a number of imaging techniques exist which may allow direct 

quantification of VAT levels, these procedures require expensive apparatus 



 
 

149 | P a g e  
 

and specialised personnel, and surrogate measures of body composition are 

more frequently utilised in research and clinical settings [246]. 

 

Consistent with other research, our study also found central obesity to be 

more strongly related to a majority of the examined markers of inflammation 

[255] and type 2 diabetes [127,167,246] than BMI, perhaps reflecting a 

higher correlation between WC measurement and VAT. In particular, WC 

was more strongly associated with adverse biomarker combinations of C3, 

IL-6, adiponectin, resistin and WBC concentrations which were found to be 

strongly related to diabetes. Although individual analysis demonstrated IL-6 

and resistin to have comparable associations with both adiposity measures, 

WC was more strongly related to C3, adiponectin and WBC levels.  

 

Elevated concentrations of C3 have been shown to be correlated with insulin, 

glucose, insulin resistance and associated with an increased risk of type 2 

diabetes [261,262]. It has been suggested that C3 may be a stronger 

inflammatory marker of insulin resistance than CRP, the acute-phase 

response protein that is more commonly assessed in epidemiological 

research [263]. Low levels of adiponectin have also been demonstrated to be 

related to diabetes development [264]. A recent meta-analysis involving 

41,841 subjects showed that adiponectin levels in pre-diabetes patients were 

lower than that of healthy controls, indicating that the level of circulating 

adiponectin decreases before the onset of diabetes [265]. In addition, data 

from mouse models suggest that increased adiponectin levels promote 

metabolic flexibility of adipose tissue [266]. White blood cell counts, a non-
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specific marker of inflammation, have been shown to be an independent risk 

factor for type 2 diabetes in subjects with increased adiposity. It has also 

been observed that overweight and obese individuals with relatively low 

WBC counts have a significantly lower risk of developing diabetes than those 

with higher levels of leukocytes [267].  

 

In our study it was noted that measured effects in models examining 

biomarker clustering relationships with type 2 diabetes demonstrated greater 

attenuation when WC was included compared to BMI. In addition, models 

which included both adiposity variables together did not display any further 

attenuation. This suggests that central adiposity may account for a greater 

variance of diabetes-related systemic inflammation. Although adjusting for 

BMI and WC together causes problematic issues relating to co-linearity, we 

found WC to remain a significant risk factor for diabetes even after 

adjustment for BMI, inflammatory markers and other features. 

 

Nevertheless, both BMI and WC were significantly associated with each 

individual biomarker, and type 2 diabetes, when examined separately. 

Moreover, these findings also imply that the relationship between chronic 

low-grade inflammation and type 2 diabetes cannot be completely explained 

by surrogate measures of adiposity. Though our results indicate that WC 

measurement may be a more accurate marker of VAT, previous research by 

Bosy-Westphal et al. [102] showed that WC was more strongly correlated 

with SAT than visceral fat. In addition to our results, this finding suggests that 

alternative adiposity measurement procedures may be needed to more 
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exactly detect the presence and intensity of the micro-inflammatory process. 

Equally, it must be allowed that other features apart from adiposity, such as 

diet [268] or other life-style factors, may also contribute to pathogenesis of 

the obesity-related chronic inflammatory response. 

 

 

5.4.1 Limitations of the research 

Although our findings are of potential public health and clinical significance in 

terms of adiposity measurement as a method for assessing cardiometabolic 

health, several limitations should be considered when examining results from 

this study. Though we adjusted for age, use of anti-inflammatory 

medications, physical activity, smoking, alcohol use and MetS features, the 

possibility that the relationships we observed may be influenced by other 

factors cannot be discounted. Additionally, given the modest number of 

outcomes within our sample, we did not stratify models by sex, although the 

gender variable was accounted for in analysis. Also, cross-sectional data 

precludes examination of the temporal relationship between variables. 

Therefore, although our results may suggest associations between adiposity 

measures, inflammatory markers and type 2 diabetes, they do not indicate 

the direction of these relationships. Importantly, it has been suggested that in 

addition to being a mediator, chronic low-grade inflammation is a predictor of 

weight gain [269,270], and that inflammation may be a common cause of 

both obesity, and through a separate mechanism, type 2 diabetes [271]. 

Equally important to consider is that our data were derived from a single 

primary care based sample. However, random sampling of subjects and the 
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use of validated methods for data collection ensured internal sample validity 

and the relationships described may be generalisable to a similar middle-

aged population.  

 

Also of concern is that we defined chronic low-grade inflammation according 

to a range of metabolic markers using arbitrary cut-points. The inflammatory 

response is complex and involves numerous cytokines, acute-phase 

reactants and other circulating factors. Consequently it is not clear if one 

particular inflammatory marker, or specific combination of markers, best 

reflects the underlying inflammatory state [272]. We classified chronic low-

grade inflammation according to a clustering of biomarkers that were 

selected using forwards and backwards entry elimination regression 

analyses. It should be noted that the variables selected were the same 

biomarkers that displayed the strongest associations with both pre-diabetes 

and type 2 diabetes in individual analyses employing a lower threshold value 

(Chapter 3). In addition, we conducted a sensitivity analysis which only 

included the pro-inflammatory cytokines IL-6 and TNF-α. After adjustment for 

adiposity measures and other variables, similar relationships were observed 

(Appendix 3, Supporting Table 2). Nevertheless, further longitudinal research 

will be needed to determine which biomarkers and thresholds most 

accurately describe the pro-inflammatory condition associated with type 2 

diabetes development and obesity-related chronic disorders. 
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5.5 Conclusions 

In summary, our results suggest that central obesity characterised by WC 

measurement is more strongly associated with diabetes-related chronic low-

grade inflammation and type 2 diabetes compared to general obesity defined 

by BMI. These findings add to the increasing evidence indicating that central 

adiposity assessment may provide a useful method for evaluating 

cardiometabolic health. Earlier identification of patients at increased risk 

could enable earlier targeted interventions or therapies, thus attenuating 

development of type 2 diabetes and related conditions.  
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Table 12––Characteristics of the study population according to 

type 2 diabetes status. 

 

Feature Diabetes 
(N=142) 

No diabetes 
(N=1860) 

P value 

Male 92 (64.8) 874 (47.8) <0.001 
Age  61 (57-65) 59 (54-64) 0.001 
BMI (kg/m

2
)
1 

32.1 ± 5.6 28.3 ± 4.5 <0.001 
WC (cm)

1 
104.5 ± 13.1 91.3 ± 12.9 <0.001 

On aspirin
1
 62 (43.7) 248 (13.6) <0.001 

On statin medications
1
 83 (58.5) 595 (32.6) <0.001 

No physical exercise
1
 45 (38.5) 309 (19.2) <0.001 

Smoker
1
 78 (54.9) 865 (47.3) 0.246 

Regular drinker
1
 38 (27.7) 604 (34.6) 0.013 

High C3
1
 71 (51.1) 413 (23.1) <0.001 

High CRP
1
 47 (33.6) 437 (24.3) 0.007 

High IL-6
1
 71 (50.7) 412 (22.9) <0.001 

High TNF-α
1
 58 (41.4) 425 (23.6) <0.001 

Low adiponectin
1
 70 (50.0) 418 (23.2) <0.001 

High resistin
1
 54 (38.6) 428 (23.8) <0.001 

High PAI-1
1
 48 (34.3) 435 (24.3) 0.029 

High WBC
1
 74 (52.5) 401 (22.2) <0.001 

Three or more markers
1 

76 (53.5) 223 (12.2) <0.001 
Four or more markers

1 
32 (22.5) 59 (3.2) <0.001 

High triglycerides
1
 66 (47.5) 409 (22.8) <0.001 

Low HDL-C
1
 61 (43.0) 271 (15.0) <0.001 

High BP
1
 118 (83.7) 1084 (59.5) <0.001 

Insulin resistance
1
 89 (63.6) 397 (22.0) <0.001 

Mean and ± standard deviation are shown for BMI and WC. Age is shown as a 

median (interquartile range). % are shown for categorical values. Numbers and 

(%) may vary as some variables have missing values.  

Biomarker combinations: C3, IL-6, adiponectin, resistin and WBC.  
1
P value adjusted for gender.  
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Table 13––Partial correlations between 

anthropometric variables and log transformed 

biomarkers, adjusted for age and gender. 

 

Marker BMI WC 

C3 0.261 0.275 

CRP 0.327 0.325 
IL-6 0.252 0.264 

TNF-α 0.126 0.144 

Adiponectin -0.277 -0.323 

Resistin 0.117 0.112 
PAI-1 0.133 0.141 

WBC 0.183 0.225 

All correlation coefficients are significant (P<0.05). 
The index associated with the highest correlative 
strength to the variable in the same row is 
highlighted.  
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Table 14––Odds ratios (95% CI) of having non-optimal levels in each biomarker for a 

one standard deviation increase of BMI and WC. 
 

Marker Index Either BMI or WC
1
 Both BMI and WC

1
 Fully Adjusted Model

2
 

  Odds ratios (95% CI)   

High C3     

 BMI 2.21 (1.96-2.48)
3 

1.11 (0.87-1.41) 1.16 (0.89-1.52) 
 WC 2.44 (2.15-2.76)

3
 2.23 (1.73-2.87)

3
 2.16 (1.63-2.85)

3
 

High CRP     

 BMI 1.90 (1.70-2.12)
3
 1.61 (1.27-2.04)

3
 1.74 (1.34-2.27)

3
 

 WC 1.84 (1.65-2.06)
3
 1.20 (0.95-1.53) 1.15 (0.89-1.50) 

High IL-6     

 BMI 1.59 (1.43-1.77)
3
 1.27 (1.01-1.61)

3
 1.33 (1.03-1.72)

3
 

 WC 1.61 (1.44-1.79)
3
 1.29 (1.02-1.64)

3
 1.16 (0.89-1.51) 

High TNF-α     

 BMI 1.29 (1.16-1.43)
3
 0.92 (0.73-1.17) 0.93 (0.72-1.22) 

 WC 1.36 (1.22-1.51)
3
 1.46 (1.15-1.85)

3
 1.40 (1.07-1.82)

3
 

Low 
adiponectin 

    

 BMI 1.59 (1.42-1.78)
3
 0.93 (0.71-1.21) 0.92 (0.69-1.23) 

 WC 1.71 (1.52-1.93)
3
 1.83 (1.40-2.40)

3
 1.79 (1.34-2.41)

3
 

High resistin     

 BMI 1.23 (1.11-1.36)
3
 1.18 (0.94-1.48) 1.10 (0.85-1.41) 

 WC 1.21 (1.09-1.35)
3
 1.05 (0.83-1.32) 1.11 (0.86-1.43) 

High PAI-1     

 BMI 1.30 (1.17-1.44)
3
 1.07 (0.85-1.35) 1.17 (0.90-1.52) 

 WC 1.32 (1.19-1.47)
3
 1.24 (0.98-1.57) 1.17 (0.90-1.52) 

High WBC     

 BMI 1.29 (1.16-1.43)
3
 0.81 (0.64-1.02) 0.96 (0.74-1.24) 

 WC 1.39 (1.25-1.55)
3
 1.69 (1.34-2.15)

3
 1.38 (1.06-1.79)

3
 

1
Adjusted for age and gender.  

2
Adjusted for age, gender, use of anti-inflammatory medications, physical activity, smoking and alcohol 

use. 
3
P<0.05. 
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Table 15––Relationships between adverse biomarkers and type 2 diabetes adjusting for either BMI, WC, or both.  

 
Feature Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 

 Odds ratios (95% CI)     

Three or more markers 7.63 (5.31-10.95)
2 

5.58 (3.82-8.15)
2 

4.92 (3.35-7.23)
2 

5.00 (3.40-7.36)
2 

4.39 (2.81-6.88)
2 

3.49 (2.16-5.64)
2
 

BMI
1 

 1.64 (1.39-1.93)
2 

 0.67 (0.45-0.98)
2 

0.67 (0.44-1.04)
 

0.62 (0.38-1.00) 

WC
1 

  2.01 (1.67-2.40)
2 

2.94 (1.96-4.41)
2 

2.73 (1.73-4.31)
2 

2.27 (1.37-3.76)
2
 

 Odds ratios (95% CI)     

Four or more markers 8.12 (5.02-13.15)
2 

5.18 (3.12-8.59)
2 

4.31 (2.57-7.24)
2 

4.32 (2.57-7.27)
2 

4.59 (2.50-8.43)
2 

3.73 (1.97-7.05)
2
 

BMI
1 

 1.78 (1.52-2.09)
2 

 0.71 (0.49-1.02)
 

0.72 (0.48-1.07) 0.65 (0.40-1.03) 
WC

1 
 2.19 (1.83-2.61)

2 
3.05 (2.06-4.51)

2 
2.70 (1.74-4.17)

2 
2.19 (1.34-3.58)

2 

Biomarker combinations: C3, IL-6, adiponectin, resistin and WBC.  
Model 1 adjusted for age and gender.  
Model 2 adjusted for age, gender and BMI. 
Model 3 adjusted for age, gender and WC. 
Model 4 adjusted for age, gender, BMI and WC. 
Model 5 adjusted for age, gender, BMI, WC, use of anti-inflammatory medications, physical activity, smoking and alcohol use.  
Model 6 adjusted for age, gender, BMI, WC, use of anti-inflammatory medications, physical activity, smoking, alcohol use, high triglycerides, low HDL-C,  
high BP and insulin resistance.  
1
1 SD increase. 

2
P<0.05. 
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Figure 15––Odds ratios (95% CI) of having three or more and four or more 

adverse biomarkers, and type 2 diabetes, for a one standard deviation increase 

of BMI and WC.  
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6.0 Abstract 

Background and Objectives 

A novel obesity classification method has been proposed using body mass 

index (BMI) and waist-height ratio (WHtR) together. However, the utility of 

this approach is unclear. In this study we compare the metabolic profiles in 

subjects defined as overweight or obese by both measures. We examine a 

range of metabolic syndrome features, pro-inflammatory cytokines, acute-

phase response proteins, coagulation factors and white blood cell counts to 

determine whether a combination of both indices more accurately identifies 

individuals at increased obesity-related cardiometabolic risk. 

 

 

Materials and Methods 

This was a cross-sectional study involving a random sample of 1,856 men 

and women aged 46-73 years. Metabolic and anthropometric profiles were 

assessed. Linear and logistic regression analyses were used to compare 

lipid, lipoprotein, blood pressure, glycaemic and inflammatory biomarker 

levels between BMI and WHtR tertiles. Multinomial logistic regression was 

performed to determine cardiometabolic risk feature associations with BMI 

and WHtR groupings. Receiver operating characteristic curve analysis was 

used to evaluate index discriminatory ability. 
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Results 

The combination of BMI and WHtR tertiles identified consistent and 

significant metabolic variable differences relative to those characterised as 

overweight or obese discordantly by BMI and WHtR. Similarly, odds ratios of 

having cardiometabolic risk features were noticeably increased in subjects 

classified as overweight or obese by both measures. Significant 

discriminatory improvement, using joint measurement, was also observed for 

detecting individual cardiometabolic disease features and adverse biomarker 

levels. In a fully adjusted model, only individuals within the highest tertile for 

both indices displayed a significant and positive association with pre-

diabetes (OR: 3.4, 95% CI: 1.9,6.0, P<0.001). 

 

 

Conclusions 

These data provide evidence that the use of BMI and WHtR together may 

improve body fat classification. Risk stratification using a composite index 

may provide a more accurate method for identifying high and low-risk 

subjects. 
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6.1 Introduction 

Excess body fat has been shown to be associated with dyslipidaemia, 

hypertension, insulin resistance, chronic low-grade inflammation and the 

development of metabolic syndrome (MetS), type 2 diabetes and 

cardiovascular complications [6,165,215,232]. Numerous studies have also 

demonstrated a high mortality rate in subjects with a body mass index (BMI) 

>30 kg/m2 [93]. But because it is a weight-for-height measure, BMI is unable 

to distinguish between fat and lean mass and elevated BMI may not always 

indicate higher levels of adiposity or increased cardiometabolic risk 

[64,98,243].  

 

Evidence suggests that central obesity is a more important metabolic risk 

factor and waist circumference (WC) measurement has been recommended 

as a method for central obesity assessment [79,83]. However, as WC 

diagnostic thresholds are different for men and women, and may vary 

between ethnic groups [12], the practical utility of WC measurement has 

been questioned [246]. 

 

The waist-height ratio (WHtR) (WC divided by height) has been advocated 

as an alternative surrogate measure of central adiposity [126]. As a ratio, this 

index may circumvent problematic issues relating to gender or population-

specific risk cut-points [125,273]. But results from studies which have 

compared BMI and WHtR have been inconclusive, with some showing WHtR 

to be only marginally superior to BMI as an indicator of obesity-related risk 

[127,148,156]. 
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The prevalence of obesity has escalated in many world populations [2,5]. 

Thus, there is an increasing need to identify overweight and obese 

individuals at highest odds of developing chronic disorders. Recently, a new 

obesity classification method was proposed, utilising BMI in conjunction with 

WHtR [273]. Risk stratification using a composite index may provide a more 

effective method for identifying high and low-risk patients. This could allow 

earlier diagnosis, thus attenuating metabolic complications and chronic 

morbidity development.  

 

The aim of this study was to compare the metabolic profiles in subjects 

defined as overweight or obese, using BMI and WHtR, in a random sample 

of 1,856 middle-aged men and women. In particular, we examined a range of 

MetS features, pro-inflammatory cytokines, acute-phase response proteins, 

coagulation factors and white blood cell (WBC) counts to determine whether 

a combination of both indices more accurately identifies individuals at 

increased obesity-related cardiometabolic risk.  

 

 

6.2 Materials and Methods 

6.2.1 Study design 

The study design is described in detail in Chapter 1. In summary, the Cork 

and Kerry Diabetes and Heart Disease Study (Phase II) was a single centre, 

cross-sectional study conducted between 2010 and 2011. A random sample 

was recruited from a large primary care centre in Mitchelstown, County Cork, 

Ireland. The Livinghealth Clinic serves a population of approximately 20,000, 
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with a mix of urban and rural residents. Stratified sampling was employed to 

recruit equal numbers of men and women from all registered attending 

patients in the 46-73 year age group. In total, 3,807 potential participants 

were selected from the practice list. Following the exclusion of duplicates, 

deaths, and subjects incapable of consenting or attending appointment, 

3,051 were invited to participate in the study and of these, 2,047 (49.2% 

male) completed the questionnaire and physical examination components of 

the baseline assessment (response rate: 67.1%). Details regarding the study 

design, sampling procedures and methods of data collection have been 

reported previously [183].  

 

Ethics committee approval conforming to the Declaration of Helsinki was 

obtained from the Clinical Research Ethics Committee of University College 

Cork. A letter signed by the contact GP in the clinic was sent out to all 

selected participants with a reply slip indicating acceptance or refusal. All 

subjects gave signed informed consent, including permission to use their 

data for research purposes.  

 

 

6.2.2 Clinical and laboratory procedures 

Study participants attended the clinic in the morning after an overnight fast 

and blood samples were taken on arrival. Data on age, gender, physician-

diagnosed diabetes, prescription (Rx) medication use and smoking/alcohol 

behaviours were gathered through a self-completed General Health 

Questionnaire (GHQ) [170]. Physical activity levels were assessed using the 
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International Physical Activity Questionnaire (IPAQ) [171]. Three 

independent measurements of systolic and diastolic blood pressure (BP) 

were obtained with the subject in a seated position using an Omron M7 

digital sphygmomanometer (Omron Healthcare Co. Ltd., Japan). The mean 

of the second and third readings was considered to be a subject’s BP.  

 

Triglyceride and high-density lipoprotein cholesterol (HDL-C) levels were 

measured by Cork University Hospital Biochemistry Laboratory on Olympus 

5400 biochemistry analysers with Olympus reagents using standardised 

procedures and fresh samples (Olympus Diagnostica GmbH, Hamburg, 

Germany). Fasting plasma glucose (FPG) concentrations were determined 

using a glucose hexokinase assay (Olympus Life and Material Science 

Europa Ltd., Lismeehan, Co. Clare, Ireland) and glycated haemoglobin A1c 

(HbA1c) levels were measured in the haematology laboratory on an 

automated high-pressure liquid chromatography instrument Tosoh G7 

[Tosoh HLC-723 (G7), Tosoh Europe N.V, Tessenderlo, Belgium]. Serum 

insulin, c-reactive protein (CRP), tumour necrosis factor alpha (TNF-α), 

interleukin 6 (IL-6), adiponectin, leptin, resistin and plasminogen activator 

inhibitor-1 (PAI-1) were assessed using a biochip array system (Evidence 

Investigator; Randox Laboratories, UK). Complement component 3 (C3) was 

measured by immunoturbidimetric assay (RX Daytona; Randox 

Laboratories). White blood cell counts were determined by flow cytometry 

technology as part of a full blood count.  
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6.2.3 Classification of biochemical and blood pressure measurements 

Patients with type 2 diabetes indicated by either HbA1c levels >6.5% (>48 

mmol/mol) or FPG levels >7.0 mmol/l [23], a self-reported physician 

diagnosis, Rx diabetes medication use, or those who were on insulin 

therapy, were excluded (N=184).  

 

Lipid, lipoprotein and BP measurements were classified according to 

National Cholesterol Education Program: Adult Treatment Panel III 

guidelines [184]. Abnormal metabolic risks were defined as high triglycerides 

>1.7 mmol/l and low HDL-C (<1.03 mmol/l in males or <1.29 mmol/l in 

females). Dyslipidaemia was determined according to both high triglyceride 

and low HDL-C levels. High BP was classified as systolic BP >130 mmHg 

and/or diastolic BP >85 mmHg or Rx anti-hypertensive medication use.  

 

The Homeostasis Model Assessment Index of Insulin Resistance (HOMA-IR) 

[247] was derived from FPG and insulin concentrations as [(FPG x fasting 

serum insulin)/22.5] and insulin resistance was defined as a level equal to or 

above the 75th percentile in the study sample. Having three or more MetS 

risk features (>3 metabolic features) was characterised as any combination 

of the following: high triglycerides, low HDL-C levels, high BP and insulin 

resistance. Subjects were classified as having pre-diabetes if they had both 

elevated HbA1c levels >5.7% (>39 mmol/mol) and impaired FPG levels >5.6 

mmol/l [23]. As internationally agreed risk cut-points for the examined 

biomarkers have not been established, low-grade inflammation was 

determined as a level equal to or above the 75th percentile for each 
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biomarker (C3, CRP, IL-6, TNF-α, leptin, resistin, PAI-1 and WBC) with the 

exception of adiponectin (equal to or below the 25th percentile).  

 

 

6.2.4 Anthropometric variables 

The weight and height of each participant were measured to the nearest 0.1 

kg and 0.1 cm respectively. Portable electronic Tanita WB-100MA weighing 

scales (Tanita Corporation, IL, USA) were placed on a firm, flat surface and 

were calibrated weekly to ensure accuracy. Height was measured using a 

portable Seca Leicester height/length stadiometer (Seca, Birmingham, UK) 

and BMI was calculated as weight divided by the square of height. Waist 

circumference was measured immediately below the lowest rib at the mid-

axillary line on bare skin. Subjects were instructed to breathe in, and then 

out, and to hold their breath while measurement was made to the nearest 0.1 

cm using a Seca 200 measuring tape. Two independent readings were taken 

for WC and the mean of the two was used in analysis. The WHtR was 

calculated as WC divided by height.  

 

Both BMI and WHtR were divided into equal tertiles. Subjects were 

categorised on the basis of their BMI or WHtR percentiles as normal weight 

(<33%), overweight (33-66%) and obese (>66%). In our sample these cut-

points corresponded to <26.2, 26.2-29.7, >29.7 for BMI and <0.52, 0.52-

0.58, >0.58 for WHtR. The BMI and WHtR groups were combined to form a 

5-category variable: (1) normal weight by both, (2) overweight by either, (3) 

overweight by both, (4) obese by either and (5) obese by both. Overweight 
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subjects classified as obese by either index were assigned to the higher 

category. Seven subjects had missing anthropometric values and were 

excluded from statistical analysis.  

 

 

6.2.5 Lifestyle data 

Lifestyle variables utilised from the IPAQ and GHQ included physical activity 

levels, smoking status and alcohol use. Self-reported physical activity within 

the previous six months was collapsed into two categories: high or moderate 

(N=1324) and no physical exercise (N=312). Subjects were considered to be 

current smokers if they smoked cigarettes during the recruitment phase of 

the study (N=257). Alcohol use was assessed by asking study participants 

how often they consumed alcohol on a monthly or weekly basis, and was 

dichotomised as follows: “never or less than once a month” and “2-4 times 

monthly” = occasional drinker (N=1165) and “twice or more weekly” = regular 

drinker (N=614).  

 

 

6.2.6 Statistical analysis  

Data analysis was conducted using IBM SPSS Statistics Version 20 (IBM 

Corp., Armonk, NY, USA) and Stata SE Version 13 (Stata Corporation, 

College Station, TX, USA) for Windows. Descriptive characteristics were 

examined according to normal weight, overweight and obese defined by BMI 

and WHtR tertiles. Dichotomous features are presented as percentages and 

continuous variables are shown as a mean (plus or minus one standard 
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deviation) or a median and interquartile range for skewed data. Linear and 

logistic regression (adjusting for gender) were used to examine continuous 

and dichotomous metabolic variable differences between overweight and 

obese categories. Skewed continuous data were log transformed. 

Multinomial logistic regression was performed to determine cardiometabolic 

risk feature associations with each BMI and WHtR tertile combination. 

Subjects classified as normal weight by both indices were used as the 

reference category. All multinomial regression models were adjusted using 

age, gender, physical activity, smoking status and alcohol use as 

independent covariates.  

 

The discriminatory ability of BMI, WHtR, and both BMI and WHtR used 

together, was assessed using receiver operating characteristic curve (ROC) 

analysis. The area under the curve (AUC) provides a scale from 0.5 to 1.0 

(with 0.5 representing random chance and 1.0 indicating perfect 

discrimination) by which to appraise the capacity of an obesity index to 

detect a positive result [150]. Three separate analyses were performed. The 

first analysis assessed each anthropometric measure as a continuous 

variable. The second analysis explored cardiometabolic risk feature 

discrimination using index tertiles. A final analysis examined the 5-category 

BMI/WHtR combination variable used in previous regression models. 

Significant differences between AUC values were determined. For all 

analyses, a P value (two-tailed) of less than 0.05 was considered to indicate 

statistical significance. 
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6.3 Results 

6.3.1 Descriptive characteristics 

The characteristics of the study population were summarised according to 

BMI and WHtR tertiles (Table 16). A higher tertile level was related to an 

increased cardiometabolic risk profile as defined by lipid/lipoprotein, BP, 

glycaemic indicator and biomarker levels, with obese groups showing the 

highest proportion of cardiometabolic risk factors. In general, cardiometabolic 

profiles were broadly similar across BMI and WHtR overweight and obese 

categories, with the percentage of subjects with dyslipidaemia, high BP, 

insulin resistance, >3 metabolic features and pre-diabetes showing little 

variation according to classification by either index. 

 

 

6.3.2 Cardiometabolic profiles according to classification of normal 

weight, overweight and obese  

The levels of agreement between normal weight, overweight and obese 

tertiles are shown in Figure 16. Kappa statistics were similar for normal and 

obese classifications (Kappa: 0.66 for normal weight versus Kappa: 0.68 for 

obese) with marginal overlap between subjects defined as overweight 

(Kappa: 0.38). In both overweight and obese groups (Table 17), the 

combination of BMI and WHtR tertiles identified consistent and significant 

metabolic variable differences relative to those characterised discordantly. 

Subjects that were classified as overweight or obese by both indices 

displayed higher mean BMI, WC and median triglyceride levels, reduced 

HDL-C and adiponectin concentrations, and a higher percentage had 
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adverse biomarker levels, insulin resistance, metabolic feature clustering and 

pre-diabetes. 

 

 

6.3.3 Associations between cardiometabolic risk features and 

BMI/WHtR combinations 

Table 18 presents results from multinomial logistic regression models 

examining each BMI and WHtR tertile combination. A clear dose-response 

relationship was noted, with odds ratios of having cardiometabolic risk 

features being noticeably increased in subjects classified concordantly by 

both indices. In univariate analysis (not shown), odds ratios of having pre-

diabetes were 0.6 (95% CI: 0.3,1.5), 1.9 (95% CI: 1.1,3.4), 1.8 (95% CI: 

1.0,3.3) and 4.1 (95% CI: 2.5,6.7) for subjects categorised as overweight by 

either, overweight by both, obese by either and obese by both measures 

respectively. In a fully adjusted model, only patients within the highest BMI 

and WHtR tertile displayed a significant and positive association with pre-

diabetes defined by both elevated HbA1c and impaired FPG levels (OR: 3.4, 

95% CI: 1.9,6.0, P<0.001). 

 

 

6.3.4 ROC analysis 

In ROC analysis (Table 19), when used as a continuous variable, 

significantly higher AUC values for WHtR were found to discriminate high 

triglycerides, >3 metabolic features, elevated C3 and WBC levels when 

compared to BMI. BMI displayed a significantly higher AUC for detecting 
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increased leptin levels compared to WHtR. A combination of both measures 

displayed significantly greater discriminatory accuracy for high triglycerides, 

metabolic feature clustering, C3 and CRP compared to BMI, and for leptin 

compared to WHtR. Significant improvement for detecting insulin resistance 

and high WBC levels were noted compared to when either BMI or WHtR 

were used independently. 

 

When indices were examined as tertiles, significant differences between BMI 

and WHtR remained for discriminating high triglyceride, leptin and WBC 

concentrations. The BMI/WHtR 5-category variable was a significantly better 

discriminator of high triglycerides, low HDL-C, pre-diabetes, high C3, CRP, 

IL-6, TNF-α and WBC levels compared to BMI, and of leptin compared to 

WHtR. Significantly higher AUC values for detecting insulin resistance and 

>3 metabolic features were also found compared to when either measure 

were used alone.  

 

 

6.4 Discussion 

The aim of this study was to determine whether risk stratification using BMI 

and WHtR together more accurately identifies individuals at increased 

obesity-related cardiometabolic risk. Our findings indicate that both 

measures classify different subjects, particularly within the overweight range. 

These results also demonstrate that individuals defined as overweight or 

obese, by both BMI and WHtR, may exhibit different cardiometabolic profiles 

compared to subjects categorised discordantly. Participants classified 
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concordantly by both measures demonstrated stronger associations with 

individual cardiometabolic risk factors, metabolic feature clustering and 

displayed a profile that was more pro-inflammatory, pro-atherogenic and 

insulin resistant. Use of both indices also significantly improved 

discrimination of individual cardiometabolic disease features. These results 

suggest that joint use of BMI and WHtR may be clinically useful as a method 

to detect individuals at risk of cardiometabolic abnormalities. 

 

Although it is straightforward to assess, and easy to calculate, limitations 

regarding the use of BMI as a sole method for adiposity appraisal have been 

widely acknowledged [98,99,243,246]. Though frequently employed within 

epidemiological research and healthcare practice, BMI does not discriminate 

between fat and lean body mass, therefore persons of short stature or 

muscular build may be misidentified [256]. Research has indicated that 

general obesity classification based on BMI might be inadequate [61]. A 

recent large study (N=40,420) which stratified participants by BMI categories 

demonstrated that nearly half of overweight, 29% of obese and even 16% of 

obese class II and III subjects were metabolically healthy [64]. Importantly, 

the finding that 30% of normal weight individuals were cardiometabolically 

unhealthy, signals that caution should be exercised with regard to how 

adiposity is defined [256].  

 

Compared with BMI, WC is thought to be more strongly correlated with 

visceral adipose tissue (VAT) which has been shown to be associated with 

increased risk of dyslipidaemia, hypertension and type 2 diabetes [75,76]. 
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Though the exact mechanism of association between VAT and metabolic risk 

is still poorly understood, research has implied that fatty acids released from 

VAT drain into the liver and skeletal muscle, causing metabolic dysfunction 

within these organs [78]. Proteins secreted from VAT may also contribute to 

cardiometabolic disease through inflammation of adipose and vascular tissue 

[79,83]. Although WC measurement has been recommended as a method 

for VAT and cardiometabolic risk assessment, controversy exists regarding 

its clinical efficacy. In particular, the need for gender and ethnic-specific risk 

cut-points, and the fact that WC does not take whole body fat distribution into 

account, indicate constraints regarding its practical application and 

usefulness within a clinical setting [246].  

 

The WHtR is potentially advantageous as it may not require conversion to 

gender or population-specific cut-offs [125]. It has been previously suggested 

that a WHtR >0.5 may serve as a useful boundary for increased 

cardiometabolic risk, with a WHtR >0.6 threshold indicating substantially 

increased risk [273]. Additionally, it has been shown that height has an 

inverse association with cardiovascular disease mortality and total mortality 

[274,275], indicating that its use within an adiposity variable may be clinically 

important. In a recent meta-analysis of 31 prospective or cross-sectional 

studies, Ashwell et al. demonstrated WHtR to be a better discriminator of 

hypertension, MetS, type 2 diabetes and cardiovascular disease when 

compared to BMI [143]. Pooled results showed that WHtR improved 

discrimination of all outcomes by 4%-5%. However, other studies have 
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suggested that differences in predictive abilities are minimal, and have 

questioned the measurement of height in addition to WC [127].  

 

The results from our research suggest that both BMI and WHtR provide 

important and independent information, and that joint measurement may help 

refine body fat classification. Within our sample it was noted that participants 

who were categorised as overweight discordantly also displayed an 

increased cardiometabolic risk profile. As a proportion of these individuals 

might be considered normal weight if either measure were used alone, these 

results indicate that use of both indices may provide a more sensitive method 

for detecting patients at increased cardiometabolic risk. We also observed 

noticeably strong associations with cardiometabolic features in subjects who 

were classified as overweight or obese by both BMI and WHtR together. This 

suggests that joint measurement may equally provide a more specific 

procedure for identifying high-risk subjects within overweight and obese 

categories. In particular, patients within the highest tertile for both indices 

were at a significantly higher risk compared subjects classified as obese 

discordantly. In addition, a significant association with pre-diabetes was only 

observed within this tertile after adjustment for other risk factors. This might 

imply that the relationship between obesity and diabetes is better indicated at 

this mode and level of adiposity. 

 

Cardiometabolic disease is thought to be multifactorial, and it has been 

suggested that subjects with a combination of adverse features are at 

highest risk of developing type 2 diabetes and obesity-related chronic 
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disorders [19,230]. Although discriminatory improvements for detecting 

individual risk features were modest when using joint measurement, overall 

discrimination of cardiometabolic risk was significantly greater than when 

either index were used separately. As a degree of measurement error is to 

be expected during any anthropometric assessment, and as measurement 

error may limit the minimal detectable difference in a cardiometabolic risk 

parameter [102], it could be that these findings are due to the greater 

measurement accuracy that joint BMI and WHtR assessment may provide. 

 

While it is hoped that public health programmes may eventually reduce the 

prevalence of obesity-related metabolic disorders, current strategies to 

combat obesity are failing as overweight and obesity rates continue to 

increase worldwide [2,5]. As a percentage of subjects with increased 

adiposity are considered to be metabolically healthy [256], there is a need for 

cheap and non-invasive methods to detect overweight and obese individuals 

at highest odds of developing type 2 diabetes and atherosclerotic vascular 

disease.  

 

In previous research we have shown that assessing both bioelectrical 

impedance-derived body fat percentage and BMI may help to discriminate 

individuals at greater cardiometabolic risk than BMI alone [245]. Those 

identified using both tools had a more metabolically unhealthy profile and 

were non-responsive to dietary changes. These findings suggest that 

stratification of obese individuals, based on their metabolic health phenotype, 

could be important in the early identification of those who should be 
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prioritised for pharmacological and lifestyle interventions [256]. Joint use of 

BMI and WHtR may provide a convenient and inexpensive means for risk 

stratification. Such a method might be useful in resource-poor settings where 

blood sampling is cost-prohibitive, or in populations without regular access to 

primary health services.  

 

 

6.4.1 Strengths and limitations of the research 

As far as we are aware, our study is the first to comprehensively examine the 

joint use of BMI and WHtR in a middle-aged European population. Strengths 

include a high participation rate, the use of questionnaires to assess lifestyle 

behaviours and inclusion of a wide range of metabolic variables to define 

cardiometabolic health. Our findings are of potential public health and clinical 

significance in terms of screening and the use of stratification based on 

obesity assessment as a method for determining cardiometabolic risk. 

 

Notwithstanding these strengths, methodological limitations should be 

considered when examining results from this study. Given the modest 

number of outcomes within our sample, we did not stratify by gender in 

analysis. Although some studies have implied heterogeneous relationships 

between measures of adiposity and cardiometabolic disease relating to 

gender [246], previous work by our group has suggested that these may be 

partly explained by sex differences in obesity prevalence [167]. In addition, 

recommended risk cut-points for BMI and WHtR are the same for men and 

women, and the gender variable was accounted for in analysis.  
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Also, given the size of our sample, the majority of analyses in this study use 

an approach comparing concordant results for both BMI and WHtR with 

subjects classified as overweight or obese discordantly. When combining the 

results of patients who were discordant by either measure, it is impossible to 

distinguish whether the poorer performance results exclusively from one or 

the other index, or from both indices equally. We acknowledge this as a 

limitation of our approach. Nevertheless, the ROC analysis did compare BMI 

and WHtR individually, and the results would support our finding that joint 

measurement may improve cardiometabolic risk classification. 

 

Equally of concern is that we did not use established adiposity index cut-offs 

and that our data were cross-sectional, as this precludes examination of 

temporal relationships. Although World Health Organisation cut-points for 

BMI are commonly used [93], and thresholds for WHtR have been 

recommended [123,273], for the purposes of this research it was necessary 

to place both variables on the same scale. Future studies, utilising 

longitudinal data, will be needed to evaluate the applicability, validity and 

reliability of joint measurement [273] using established and recommended 

diagnostic cut-points. In particular, it will be necessary to determine whether 

employing both BMI and WHtR for risk stratification is clinically useful and 

superior to currently recommended BMI classification [94].  

 

Finally, our data were derived from a single primary care based sample 

which may not be representative of the source population. However, Ireland 

presents a generally ethnically homogeneous population [242]. Thus, the 
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relationships we observed are likely to be similar in other middle-aged Irish 

adults. In addition, random sampling of subjects and the use of validated 

methods for data collection ensured internal sample validity and the results 

from this research may be generalisable to a similar middle-aged Caucasian-

European population.  

 

 

6.5 Conclusions 

In summary, our findings reveal that individuals defined as overweight or 

obese, by both BMI and WHtR, are at increased cardiometabolic risk when 

compared to subjects categorised discordantly by BMI and WHtR. Use of 

both measures also improved discrimination of individual risk features and 

identified a subset of at-risk patients who might otherwise be missed. 

Although assessment of WC, in addition to BMI, competes for the limited 

time available during patient appraisal within clinical practice [83], obtaining 

two measurements (one for general adiposity, and one for central adiposity) 

does not entail any extra cost [273]. In light of the increasing prevalence of 

cardiometabolic disease worldwide [175], effective methods that help to 

identify subjects at greatest risk are needed. Risk stratification utilising a 

composite index may provide a simple, cost-effective and more accurate 

technique for predicting obesity-related chronic disorders. Earlier 

identification of individuals at risk could enable earlier targeted interventions 

or therapies, thus attenuating development of cardiovascular complications. 
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Table 16––Characteristics of the study population. 
 

Feature Normal weight Overweight Obese 

BMI 
(N=619) 

WHtR  
(N=619) 

BMI 
(N=618) 

WHtR  
(N=618) 

BMI  
(N=619) 

WHtR  
(N=619) 

Male 212 (34.2) 145 (23.4) 346 (56.0) 349 (56.5) 327 (52.8) 391 (63.2) 
Age 58 (54,63) 57 (54,62) 59 (54,63) 59 (54,64) 60 (55,64) 60 (55,64) 
Weight (kg) 64.6 ± 8.5 65.6 ± 9.4 78.3 ± 9.1 78.6 ± 10.2 92.5 ± 12.6 91.2 ± 13.5 
BMI (kg/m

2
)
 

23.7 ± 1.8 24.3 ± 2.5 27.9 ± 1.0 27.9 ± 2.2 33.3 ± 3.5 32.7 ± 4.0 
WC (cm) 79.7 ± 8.9 77.7 ± 7.2 91.8 ± 8.0 92.2 ± 5.8 102.7 ± 10.0 104.3 ± 8.4 
WHtR 0.48 ± 0.04 0.47 ± 0.03 0.55 ± 0.04 0.55 ± 0.02 0.62 ± 0.05 0.62 ± 0.04 
Triglycerides (mmol/l) 1.0 (0.8,1.3) 1.0 (0.8,1.3) 1.2 (0.9,1.7) 1.2 (0.9,1.7) 1.4 (1.0,2.0) 1.5 (1.1,2.0) 
High triglycerides

1 
67 (11.0) 49 (8.0) 147 (24.5) 152 (25.5) 195 (33.3) 208 (35.1) 

HDL-C (mmol/l) 1.7 ± 0.4 1.7 ± 0.4 1.4 ± 0.3 1.4 ± 0.3 1.3 ± 0.3 1.3 ± 0.3 
Low HDL-C

2 
46 (7.6) 39 (6.4) 74 (12.2) 80 (13.2) 142 (23.8) 143 (24.0) 

Dyslipidaemia 12 (2.0) 10 (1.6) 37 (6.1) 37 (6.1) 69 (11.5) 71 (11.9) 
Systolic BP (mmHg) 124.9 ± 17.4 124.8 ± 17.2 129.5 ± 15.5 129.2 ± 15.5 133.0 ± 15.9 133.4 ± 16.0 
Diastolic BP (mmHg) 77.2 ± 9.6 77.8 ± 9.6 80.7 ± 8.8 80.3 ± 9.4 82.5 ± 9.9 82.3 ± 9.5 
High BP

3 
271 (43.8) 263 (42.5) 359 (58.2) 366 (59.3) 471 (76.3) 472 (76.5) 

Insulin (µU/ml) 5.3 (3.8,7.9) 5.3 (3.8,7.9) 8.4 (5.7,12.0) 8.3 (5.6,12.2) 12.9 (8.2,18.4) 12.9 (8.4,18.4) 
HOMA-IR 1.1 (0.8,1.7) 1.1 (0.8,1.7) 1.8 (1.2,2.7) 1.8 (1.2,2.7) 2.9 (1.8,4.3) 2.9 (1.9,4.3) 
Insulin resistance

4 
31 (5.2) 29 (4.9) 121 (20.2) 122 (20.4) 293 (49.4) 294 (49.6) 

>3 metabolic features 16 (2.6) 13 (2.1) 63 (10.2) 59 (9.5) 163 (26.3) 170 (27.5) 
HbA1c (%) 5.6 (5.4,4.8) 5.6 (5.4,5.8) 5.7 (5.5,5.8) 5.7 (5.5,5.9) 5.7 (5.5,6.0) 5.7 (5.5,6.0) 
FPG (mmol/l) 4.8 (4.5,5.0) 4.7 (4.5,5.0) 4.9 (4.6,5.2) 4.9 (4.7,5.2) 5.1 (4.7,5.4) 5.1 (4.8,5.5) 

Pre-diabetes
5 

27 (4.4) 26 (4.3) 49 (8.1) 41 (6.7) 86 (14.2) 95 (15.7) 
C3 (mg/dl) 125.7 ± 22.9 125.2 ± 22.4 134.2 ± 22.7 135.2 ± 22.8 144.5 ± 22.9 144.0 ± 22.8 
High C3

6 
79 (13.2) 77 (12.8) 133 (22.0) 137 (22.6) 239 (39.8) 237 (39.6) 

CRP (ng/ml) 1.1 (0.8,1.6) 1.1 (0.8,1.6) 1.3 (1.0,1.9) 1.3 (1.0,2.0) 1.7 (1.2,3.1) 1.8 (1.2,3.0) 
High CRP

6 
91 (15.1) 85 (14.1) 124 (20.5) 136 (22.4) 236 (39.4) 230 (38.5) 

IL-6 (pg/ml) 1.4 (1.0,2.3) 1.4 (1.0,2.1) 1.6 (1.2,2.5) 1.7 (1.2,2.5) 2.1 (1.5,3.3) 2.2 (1.5,3.4) 
High IL-6

6 
118 (19.5) 102 (16.9) 126 (20.9) 129 (21.3) 207 (34.5) 220 (36.8) 

TNF-α (pg/ml) 5.6 (4.6,6.9) 5.5 (4.5,6.6) 5.9 (4.9,7.2) 5.8 (4.9,7.1) 6.3 (5.2,7.5) 6.4 (5.3,7.7) 
High TNF-α

6 
117 (19.4) 110 (18.2) 153 (25.4) 140 (23.1) 181 (30.2) 201 (33.6) 
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Table 16 continued 

 

Feature Normal weight Overweight Obese 

 BMI  
(N=619) 

WHtR  
(N=619) 

BMI  
(N=618) 

WHtR  
(N=618) 

BMI  
(N=619) 

WHtR  
(N=619) 

Adiponectin (ng/ml) 6.6 (4.2,9.8) 6.9 (4.7,10.2) 4.6 (2.9,6.9) 4.6 (2.9,6.9) 4.1 (2.6,6.3) 3.8 (2.5,5.5) 
Low adiponectin

6 
78 (12.9) 65 (10.8) 176 (29.1) 167 (27.6) 199 (33.2) 221 (36.9) 

Leptin (ng/ml)
 

1.3 (0.6,2.0) 1.4 (0.8,2.1) 1.8 (1.0,2.7) 1.8 (1.0,2.8) 3.1 (1.9,5.1) 2.7 (1.6,4.7) 
High leptin

6
 39 (6.5) 67 (11.1) 109 (18.0) 122 (20.1) 303 (50.5) 262 (43.7) 

Resistin (ng/ml) 4.8 (3.9,6.4) 4.9 (3.8,6.4) 4.9 (3.7,6.5) 4.9 (3.8,6.6) 5.3 (4.0,7.0) 5.2 (4.0,6.7) 
High resistin

6
 133 (22.0) 136 (22.5) 141 (23.3) 152 (25.1) 178 (29.7) 164 (27.4) 

PAI-1 (ng/ml) 24.3 ± 10.3 24.0 ± 10.4 28.1 ± 13.6 27.5 ± 11.7 28.7 ± 12.0 29.7 ± 13.7 
High PAI-1

6
 100 (16.6) 94 (15.6) 164 (27.2) 161 (26.6) 187 (31.2) 196 (32.8) 

WBC (10
9
/l) 5.7 ± 2.4 5.5 ± 1.6 5.8 ± 1.6 5.9 ± 2.3 6.1 ± 1.5 6.3 ± 1.5 

High WBC
6
 125 (20.7) 103 (17.0) 149 (24.5) 153 (25.3) 177 (29.7) 195 (32.7) 

Mean and ± standard deviation are shown for continuous variables. Age, triglycerides, insulin, HOMA-IR, HbA1c, FPG, CRP, 
IL-6, TNF-α, adiponectin, leptin and resistin are shown as a median (interquartile range). % (in brackets) for dichotomous 
variables will vary as some variables have missing values.  
1
Triglycerides >1.7.  

2
HDL-C <1.03 (males) or HDL-C <1.29 (females).  

3
Systolic BP >130 and/or diastolic BP >85 or use of Rx anti-hypertensives.  

4
HOMA-IR >2.96.  

5
Both HbA1c levels >5.7% and FPG levels >5.6.  

6
Threshold: C3 >148; CRP >2.25; IL-6 >2.72; TNF-α >7.2; adiponectin <3.1; leptin >3.07; resistin >6.6; PAI-1 >33.66; WBC 

>6.6.  
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Table 17––Cardiometabolic profiles according to classification of normal weight, overweight and obese defined by BMI,  
WHtR, or both. 
 

Feature Normal weight 
by both  
(N=479) 

Overweight by 
either  
(N=263) 

Overweight by 
both  
(N=363) 

P value
1 

 
Obese by  
either  
(N=264) 

Obese by  
both 
(N=487) 

P value
2 

Male
3 

122 (25.5) 105 (39.9) 231 (63.6) <0.001 136 (51.5) 291 (59.8) 0.03 
Age

4 
58 (54,62) 58 (54,65) 59 (54,63) 0.885 59 (54,64) 60 (55,64) 0.15 

Weight (kg)
5
 63.1 ± 8.1 71.9 ± 8.0 79.6 ± 9.2 <0.001 81.8 ± 9.5 94.6 ± 12.6 <0.001 

BMI (kg/m
2
)
5 

23.3 ± 1.8
 

26.2 ± 1.5 27.9 ± 1.0 <0.001 29.7 ± 1.9 33.8 ± 3.6 <0.001 
WC (cm)

5
 76.6 ± 7.2 85.7 ± 6.7 93.0 ± 5.7 <0.001 95.1 ± 7.2 105.7 ± 8.5 <0.001 

WHtR
5
 0.46 ± 0.03 0.52 ± 0.03 0.55 ± 0.02 <0.001 0.57 ± 0.03 0.63 ± 0.05 <0.001 

Triglycerides (mmol/l)
5
 0.9 (0.7,1.2) 1.1 (0.8,1.5) 1.3 (0.9,1.7) 0.005 1.3 (1.0,1.8) 1.5 (1.1,2.0) 0.034 

High triglycerides
5 

36 (7.6) 43 (16.7) 93 (26.6) 0.031 71 (27.7) 166 (35.8) 0.06 

HDL-C (mmol/l)
5
 1.7 ± 0.4 1.6 ± 0.4 1.4 ± 0.3 <0.001 1.4 ± 0.3 1.3 ± 0.3 <0.001 

Low HDL-C
5
 31 (6.7) 23 (8.8) 46 (12.9) 0.038 39 (15.1) 123 (26.3) 0.001 

Dyslipidaemia
5
 7 (1.5) 8 (3.1) 21 (5.9) 0.059 24 (9.3) 58 (12.3) 0.253 

Systolic BP (mmHg)
5
 124.2 ± 17.5 126.4 ± 16.2 129.4 ± 14.7 0.027 132.5 ± 16.4 133.4 ± 15.8 0.52 

Diastolic BP (mmHg)
5
 77.1 ± 9.6 78.8 ± 9.4 80.5 ± 8.8 0.003 82.2 ± 9.3 82.5 ± 9.8 0.61 

High BP
5
 195 (40.7) 134 (51.0) 213 (58.8) 0.069 175 (66.3) 384 (79.2) <0.001 

Insulin (µU/ml)
5
 5.1 (3.7,7.5) 6.2 (4.3,9.2) 8.8 (6.0,12.1) <0.001 10.2 (6.8,14.3) 14.0 (9.0,20.2) <0.001 

HOMA-IR
5
 1.1 (0.8,1.6) 1.4 (0.9,2.0) 2.0 (1.3,2.7) <0.001 2.2 (1.5,3.2) 3.2 (2.0,4.6) <0.001 

Insulin resistance
5
 20 (4.4) 20 (7.8) 72 (20.5) <0.001 79 (31.1) 254 (54.5) <0.001 

>3 metabolic features
5
 8 (1.7) 13 (4.9) 35 (9.6) 0.024 39 (14.8) 147 (30.2) <0.001 

HbA1c (%)
5
 5.6 (5.4,5.8) 5.7 (5.5,5.9) 5.7 (5.4,5.8) 0.54 5.7 (5.5,5.8) 5.8 (5.6,6.0) 0.002 

FPG (mmol/l)
5 
 4.7 (4.5,5.0) 4.8 (4.6,5.1) 4.9 (4.7,5.3) 0.038 4.9 (4.7,5.2) 5.1 (4.8,5.5) <0.001 

Pre-diabetes
5
 22 (4.7) 8 (3.1) 31 (8.7) 0.018 21 (8.1) 80 (16.8) 0.002 

C3 (mg/dl)
5
 124.0 ± 23.1 130.2 ± 20.4 134.7 ± 23.0 <0.001 139.2 ± 23.2 145.7 ± 22.9 <0.001 

High C3
5
 56 (12.1)  42 (16.2) 77 (21.8) 0.013 76 (29.1) 200 (42.6) <0.001 

CRP (ng/ml)
5
 1.0 (0.8,1.5) 1.3 (1.0,2.0) 1.3 (1.0,1.8) 0.976 1.5 (1.1,2.5) 1.8 (1.2,3.2) <0.001 

High CRP
5
 60 (12.9) 52 (20.1) 67 (18.9) 0.891 78 (30.1) 194 (41.4) <0.001 

IL-6 (pg/ml)
5
 1.3 (1.0,2.1) 1.4 (1.1,2.4) 1.7 (1.2,2.4) 0.317 1.9 (1.3,2.9) 2.3 (1.6,3.5) 0.001 

High IL-6
5
 82 (17.6) 49 (18.9) 70 (19.7) 0.99 73 (28.3) 177 (37.7) 0.01 

TNF-α (pg/ml)
5
 5.5 (4.6,6.7) 5.8 (4.6,6.9) 5.9 (4.9,7.2) 0.521 5.8 (5.0,7.3) 6.4 (5.3,7.0) 0.067 

High TNF-α
5
 87 (18.7) 50 (19.4) 89 (25.1) 0.276 68 (26.4) 157 (33.4) 0.047 
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Table 17 continued 

 

Feature Normal weight 
by both 
(N=479) 

Overweight by 
either  
(N=263) 

Overweight by 
both  
(N=363) 

P value
1 

 
Obese by  
either  
(N=264) 

Obese by  
both  
(N=487) 

P value
2
 

Adiponectin (ng/ml)
5
 7.0 (4.7,10.3) 5.9 (3.8,9.0) 4.2 (2.7,6.3) <0.001 4.8 (2.9,6.7) 3.8 (2.5,5.5) 0.023 

Low adiponectin
5
 48 (10.3) 43 (16.6) 117 (33.0) 0.007 70 (27.0) 175 (37.2) 0.032 

Leptin (ng/ml)
5
 1.3 (0.7,2.0) 1.6 (1.0,2.4) 1.7 (0.9,2.7) 0.001 2.3 (1.3,4.0) 3.2 (1.9,5.2) <0.001 

High leptin
5
 30 (6.5) 39 (15.1) 56 (15.8) 0.009 87 (33.6) 239 (50.9) <0.001 

Resistin (ng/ml)
5
 4.9 (3.8,6.4) 4.8 (3.8,6.7) 4.9 (3.7,6.4) 0.946 4.9 (4.0,6.8) 5.3 (4.0,7.0) 0.274 

High resistin
5
 100 (21.5) 66 (25.5) 79 (22.3) 0.452 72 (27.9) 135 (28.7) 0.611 

PAI-1 (ng/ml)
5
 23.8 ± 10.2 25.5 ± 10.9 28.1 ± 12.0 0.033 29.3 ± 15.6 29.2 ± 12.1 0.761 

High PA1-1
5
 69 (14.8) 52 (20.2) 103 (29.0) 0.046 71 (27.5) 156 (33.2) 0.161 

WBC (10
9
/l)

5 
5.5 ± 1.7

 
5.8 ± 3.0 5.9 ± 1.6 0.92 6.1 ± 1.6 6.2 ± 1.4 0.345 

High WBC
5
 84 (17.9)

 
56 (22.0) 88 (24.6) 0.832 74 (28.7) 149 (31.9) 0.418 

Mean and ± standard deviation are shown for continuous variables. Age, triglycerides, insulin, HOMA-IR, HbA1c, FPG, CRP, IL-6, TNF-α, 
adiponectin, leptin and resistin are shown as a median (interquartile range). % (in brackets) for dichotomous variables will vary as some 
variables have missing values.  
1
P value for difference: overweight by either compared to overweight by both.  

2
P value for difference: obese by either compared to obese by both.  

3
x

2 
for difference.  

4
Mann Whitney U for difference.  

5
P value for difference adjusted for gender.  

Overweight subjects classified as obese by either index were assigned to the higher category.  
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Table 18––Odds ratios (95% CI) of having cardiometabolic risk features according to classification of overweight 
and obese. 
 

Feature Odds ratios (95% CI)
1
 

Overweight compared to normal weight
 

Obese compared to normal weight
 

 Either BMI 
or WHtR 

P value Both BMI 
and WHtR 

P value Either BMI  
or WHtR 

P value Both BMI 
and WHtR 

P value 

High triglycerides 2.1 (1.3,3.5) 0.003 3.5 (2.3,5.4) <0.001 3.4 (2.1,5.5) <0.001 5.6 (3.7,8.6) <0.001 

Low HDL-C
 

1.4 (0.8,2.5) 0.3 2.1 (1.3,3.7) 0.005 2.2 (1.2,3.8) 0.008 5.8 (3.6,9.2) <0.001 

Dyslipidaemia
 

1.8 (0.6,5.3) 0.263 3.8 (1.5,9.3) 0.004 4.6 (1.9,11.6) 0.001 8.6 (3.7,19.6) <0.001 
High BP 1.5 (1.1,2.1) 0.02 2.1 (1.5,2.8) <0.001 3.0 (2.1,4.2) <0.001 5.7 (4.1,7.9) <0.001 
Insulin resistance

 
1.8 (0.9,3.7) 0.083 5.4 (3.1,9.6) <0.001 9.5 (5.3,16.8) <0.001 26.6 (15.5,45.7) <0.001 

>3 metabolic features 2.6 (1.0,6.6) 0.043 5.4 (2.4,12.0)
 

<0.001 7.8 (3.5,17.5) <0.001 22.2 (10.5,47.0)
 

<0.001 
Pre-diabetes

 
0.6 (0.2,1.4) 0.227 1.6 (0.9,3.1) 0.142 1.6 (0.8,3.2) 0.218 3.4 (1.9,6.0) <0.001 

High C3
 

1.3 (0.8,2.1) 0.260 2.8 (1.9,4.3) <0.001 3.3 (2.1,5.0) <0.001 7.9 (5.4,11.6) <0.001 
High CRP 1.6 (1.0,2.6) 0.032 1.8 (1.2,2.7) 0.007 3.6 (2.4,5.5) <0.001 6.1 (4.2,8.9) <0.001 
High IL-6 1.0 (0.7,1.6) 0.897 1.1 (0.8,1.7) 0.541 1.7 (1.2,2.6) 0.008 2.7 (1.9,3.8) <0.001 

High TNF-α 1.1 (0.7,1.6) 0.738 1.4 (1.0,2.0) 0.089) 1.2 (0.8,1.9) 0.323 2.2 (1.5,3.1) <0.001 
Low adiponectin 1.4 (0.8,2.3) 0.204 2.7 (1.8,4.2) <0.001 2.6 (1.6,4.2) <0.001 3.9 (2.6,6.0) <0.001 
High leptin 3.6 (2.1,6.3) <0.001 5.9 (3.5,9.9) <0.001 15.7 (9.3,26.6) <0.001 46.6 (27.9,77.6) <0.001 
High resistin 1.3 (0.9,1.9) 0.205 1.3 (0.9,1.9) 0.194 1.5 (1.0,2.2) 0.046 1.8 (1.2,2.5) 0.001 
High PAI-1 1.2 (0.8,1.8) 0.460 2.0 (1.3,2.9) <0.001 1.9 (1.3,2.9) 0.002 2.7 (1.9,3.9) <0.001 
High WBC

 
1.5 (1.0,2.4) 0.073 1.9 (1.2,2.9) 0.003 2.7 (1.7,4.2) <0.001 3.2 (2.2,4.8) <0.001 

1
Multinomial logistic regression, reference category: normal weight by both BMI and WHtR.  

 Overweight subjects classified as obese by either index were assigned to the higher category.  
 All models adjusted for age, gender, physical activity, smoking and alcohol use. 
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Table 19––Area under the receiver operating characteristic curve values (95% CI) for index models to discriminate cardiometabolic risk features.  
 

Feature As a continuous variable As a categorical variable (tertiles) Overweight and obese 
by either or both

1 
 BMI alone WHtR alone Both BMI and WHtR BMI alone WHtR alone Both BMI and WHtR 

AUC 95% CI AUC 95% CI AUC 95% CI AUC 95% CI AUC 95% CI AUC 95% CI AUC 95% CI 

High triglycerides 0.68 0.65,0.71 0.71
2 

0.68,0.73 0.71
2 

0.68,0.74 0.68 0.65,0.71 0.70
4 

0.67,0.73 0.70
4 

0.68,0.73 0.70
4 

0.67,0.73 
Low HDL-C

 
0.67 0.63,0.70 0.68 0.65,0.72 0.68 0.65,0.71 0.66 0.62,0.69 0.67 0.64,0.71 0.68

4 
0.65,0.71 0.68

4 
0.64,0.71 

Dyslipidaemia
 

0.68 0.64,0.73 0.70 0.65,0.74 0.70 0.65,0.74 0.69 0.64,0.73 0.69 0.65,0.73 0.70 0.66,0.74 0.70 0.66,0.74 
High BP 0.70 0.67,0.72 0.70 0.67,0.72 0.70 0.68,0.72 0.69 0.67,0.72 0.69 0.67,0.71 0.70 0.67,0.72 0.70

 
0.67,0.72 

Insulin resistance
 

0.80 0.78,0.82 0.80 0.78,0.83 0.81
2,3 

0.79,0.83 0.78 0.76,0.80 0.77 0.75,0.80 0.80
4,5 

0.77,0.82 0.79
4,5 

0.77,0.82 
>3 metabolic features 0.76 0.73,0.79 0.78

2 
0.75,0.81 0.78

2 
0.75,0.81 0.75 0.72,0.78 0.75 0.72,0.78 0.77

4,5 
0.74,0.80 0.77

4,5 
0.74,0.80 

Pre-diabetes
 

0.70 0.66,0.74 0.70 0.66,0.74 0.70 0.66,0.74 0.67 0.63,0.71 0.68 0.64,0.72 0.69 0.65,0.73 0.69
4 

0.65,0.73 
High C3

 
0.70 0.67,0.73 0.72

2 
0.69,0.75

 
0.72

2 
0.69,0.75 0.69 0.66,0.71 0.70 0.67,0.73 0.71

4 
0.68,0.74 0.71

4 
0.68,0.73 

High CRP 0.69 0.66,0.72 0.69 0.67,0.72 0.70
2 

0.67,0.72 0.67 0.64,0.70 0.68 0.65,0.71 0.69
4 

0.66,0.72 0.69
4 

0.66,0.72 
High IL-6 0.66 0.63,0.69 0.67 0.64,0.69 0.67 0.64,0.69 0.65 0.62,0.68 0.66 0.63,0.69 0.66 0.63,0.69 0.66

4 
0.63,0.69 

High TNF-α 0.63 0.60,0.66 0.63 0.60,0.66 0.63 0.60,0.66 0.62 0.59,0.65 0.63 0.61,0.66 0.63 0.61,0.66 0.63
4 

0.60,0.66 
Low adiponectin 0.79 0.77,0.81 0.79 0.77,0.81 0.79 0.77,0.81 0.79 0.77,0.81 0.79 0.76,0.81 0.79 0.77,0.81 0.79 0.77,0.81 
High leptin 0.86

3 
0.84,0.87 0.84 0.82,0.86 0.86

3 
0.84,0.88 0.84

5 
0.82,0.86 0.81

 
0.79,0.83 0.85

5 
0.83,0.87 0.84

5 
0.82,0.86 

High resistin 0.57 0.54,0.60 0.56 0.53,0.59 0.57 0.54,0.60 0.57 0.54,0.60 0.56 0.53,0.59 0.57 0.54,0.60 0.56 0.53,0.60 
High PAI-1 0.61 0.58,0.64 0.62 0.59,0.65 0.62 0.59,0.65 0.62 0.59,0.64 0.62 0.59,0.65 0.62 0.59,0.65 0.62 0.59,0.65 
High WBC

 
0.59 0.56,0.62 0.61

2 
0.58,0.64 0.63

2,3 
0.60,0.66 0.58 0.55,0.61 0.60

4 
0.57,0.63 0.61

4 
0.58,0.64 0.59

4 
0.56,0.62 

All models include age and gender.  
1
5-category variable: (1) normal weight by both, (2) overweight by either, (3) overweight by both, (4) obese by either and (5) obese by both.  

Overweight subjects classified as obese by either index were assigned to the higher category. 
2
P<0.05 compared to BMI (continuous). 

3
P<0.05 compared to WHtR (continuous). 

4
P<0.05 compared to BMI (categorical). 

5
P<0.05 compared to WHtR (categorical).  
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Figure 16––Overlap of normal weight, overweight and obese defined by BMI and 

WHtR. The figure shows Venn diagrams illustrating overlap of BMI and WHtR tertiles 

for (A) normal weight, (B) overweight and (C) obese.  
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7.0 Introduction 

This thesis aimed to contribute to the current evidence base regarding the 

use of anthropometric measures of adiposity to detect patients with type 2 

diabetes, and those at increased obesity-related cardiometabolic risk. This 

chapter outlines the major findings from this thesis and discusses them in the 

context of the current literature. The clinical implications of the research are 

considered, and the main strengths and limitations of the work are high-

lighted. Areas for future study are also proposed. 

 

7.1 Main Findings 

7.1.1 Literature review 

As discussed in Chapter 1, despite a large number of studies which have 

compared adiposity indices with features of cardiometabolic disease, type 2 

diabetes and cardiovascular and mortality outcomes [127,138-149], 

controversy still exists as to which surrogate measure of adiposity better 

indicates obesity-related risk. In particular, uncertainty exists as to whether 

central adiposity indices provide additional information, beyond that which is 

assessed by BMI, and whether more accurate adiposity measurement within 

healthcare practice might be clinically useful. 

 

Limitations regarding previous research were identified. These included 

statistical procedures used to evaluate adiposity measures, methods used 

for disease classification and the lack of a universal protocol for WC 

measurement. These limitations were investigated in the thesis chapters. 



 
 

189 | P a g e  
 

7.1.2 Diabetes prevalence and rationale for adiposity measurement 

Chapter 2 examined the prevalence of undiagnosed and diagnosed type 2 

diabetes within our sample. The total prevalence of diabetes was found to be 

8.5%, which is comparable to the estimate determined from previous 

nationally representative research using data from the SLÁN 2007: Survey of 

Lifestyle, Attitudes and Nutrition (8.9%) [35,178]. It is also similar to the 9.5% 

prevalence rate reported from a recent study utilising data from The Irish 

Longitudinal Study on Ageing (TILDA) [276]. Notably, within our sample, a 

high percentage of diabetes cases were undiagnosed (41%). This is greater 

than the 30% indicated by the SLÁN survey, and considerably higher than 

the prevalence of undiagnosed diabetes suggested by the TILDA data 

(0.9%). As geographic location was significantly associated with having 

undiagnosed diabetes in the TILDA study, these results suggest that in 

certain areas within Ireland, between one-third and almost 50% of middle-

aged adult diabetes cases are undiagnosed. 

 

It was observed that undiagnosed subjects displayed a less-optimal 

cardiometabolic profile compared to diagnosed patients. Access to primary 

healthcare may partly account for these differences, as undiagnosed study 

participants were less likely to have private medical insurance, a finding 

which has since been replicated using the TILDA data [276]. However, within 

our sample, a majority of undiagnosed patients did have health insurance 

(either private or state-assisted), indicating that other factors, such as better 

methods to detect high-risk subjects, are needed. 
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We evaluated clinically relevant variables to identify undiagnosed cases. 

Models which included health insurance status, physical activity levels and 

BMI displayed a higher discriminatory capacity to detect subjects with 

undiagnosed diabetes compared to diagnosed individuals. Subsequently, 

these findings suggest a rationale for accurate adiposity measurement; as a 

procedure to help identify undiagnosed, high-risk patients within clinical 

practice. 

 

 

7.1.3 Defining cardiometabolic risk 

Chapter 3 explored metabolic feature relationships with type 2 diabetes and 

pre-diabetes in order to determine how diabetes and cardiometabolic risk 

should be diagnosed within clinical practice and epidemiological research. 

Specifically, it compared diabetes and pre-diabetes classifications using 

HbA1c and FPG. In keeping with previous findings, the results of this 

research suggest discordance between these two methods for diagnosing 

type 2 diabetes and assessing cardiometabolic risk [24,192,196,220]. 

Markedly, the prevalence of both diabetes and pre-diabetes was higher using 

HbA1c. The prevalence of type 2 diabetes diagnosed by HbA1c was almost 

double that compared to the estimate determined using FPG. This finding is 

important regarding implied increases in diabetes prevalence within Ireland. 

Studies which compare current prevalence estimates with those obtained 

before 2010 [169] need to acknowledge that part of the reason for observed 

higher prevalence rates may be due to the use of a different diagnostic test 

[34,35,276].  



 
 

191 | P a g e  
 

Nevertheless, we found that the cardiometabolic profiles in subjects 

diagnosed with type 2 diabetes, by either assay, were broadly similar. This 

suggests that both methods are valid for diagnosing diabetes within clinical 

practice. These data also indicated that either test was acceptable for 

classifying diabetes within our sample. Both methods were used to define 

this outcome in subsequent chapters. 

 

However, when pre-diabetes cases were examined, it was noted that 

subjects diagnosed by HbA1c alone did not display a moderate or strong 

association with any of the examined cardiometabolic features. These 

individuals were also clearly less obese compared to those diagnosed by 

either FPG, or both HbA1c and FPG together. These results were surprising 

given that numerous studies have shown HbA1c to strongly predict incident 

diabetes [24,226,227,277]. Nevertheless, these findings have implications 

regarding how type 2 diabetes and cardiometabolic risk should be defined 

within epidemiology, in particular within our study, as correct classification of 

high-risk subjects is needed in order to properly assess relationships 

between exposure variables and outcomes.  

 

These results are also important regarding future diabetes estimates within 

Ireland, as accurate assessment of progression rates to type 2 diabetes is 

needed for efficient allocation of resources in order to optimise public health 

prevention strategies. Notably, although prevalence rates for type 2 diabetes 

in middle-aged Irish adults are comparable between our sample, the SLÁN 

survey [35] and the TILDA study [276], prevalence estimates for pre-diabetes 
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using HbA1c vary widely (47.9% for our study, versus 19.8% for SLÁN [36], 

versus 5.5% for TILDA [276]). These findings suggest both validity and 

reliability concerns with HbA1c measurement, and that standardisation issues 

with regard to different procedures used for assessing HbA1c levels need to 

be addressed. 

 

Consistent with previous research, we found high BP, atherogenic 

dyslipidaemia, insulin resistance and adverse cardiometabolic feature 

clustering to be significantly associated with both type 2 diabetes and pre-

diabetes [19]. Subjects with these outcomes also displayed a chronic low-

grade pro-inflammatory profile as indicated by the examined biomarkers. 

Relationships between adiposity measures and these metabolic markers 

were explored in following chapters.  

 

 

7.1.4 General adiposity compared to central adiposity  

In Chapter 4, adiposity variable relationships with features of cardiometabolic 

disease and type 2 diabetes were examined. In particular, we compared BMI 

with central adiposity indices. In logistic regression models it was observed 

that central adiposity measures displayed stronger associations with adverse 

cardiometabolic features, metabolic feature clustering and type 2 diabetes. 

Central adiposity indices were also noticeably better discriminators of 

patients with type 2 diabetes. These findings concur with previous research 

which suggest that central adiposity, as defined by WC, WHR or WHtR, is a 
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better indicator of cardiometabolic disease and type 2 diabetes than BMI 

[58,115,143].  

 

However, it was also noted that the utility of these additional measures was 

significantly influenced by measurement procedure. When compared to BMI, 

our results imply that, within our middle-aged population, the WHO and IDF-

recommended midway WC measurement protocol provides little additional 

information. As this is the most commonly employed method used for 

assessing WC within clinical practice and epidemiological research [107], 

these results have implications for future study and how previous research 

should be assessed. Importantly, the results from studies [13] which report 

obesity prevalence rates using midway WC thresholds, and compare them to 

BMI overweight and obese classifications, must be treated with caution, as 

this is not necessarily demonstrating a higher level of risk, but rather a 

different way of dividing the risk continuum.  

 

In this chapter we have provided evidence which suggest that rib-level WC 

measurement is superior to midway WC measurement in terms of identifying 

subjects with type 2 diabetes. However, whether rib-level measurement is 

the optimal procedure for assessing WC could not be determined in our 

sample as we did not have other WC measurement sites to contrast. 

Nonetheless, our findings do suggest an urgent need for a universal WC 

measurement protocol. This would make comparisons with other 

epidemiological studies, and across multiple populations, more intuitive and 

facilitate interpretation of the clinical utility of central adiposity variables for 
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obesity-related risk stratification [106]. Also, as observed in our sample and 

previous research [278], as the magnitude of WC is also influenced by 

measurement procedure, small differences may be amplified using 

dichotomous cut-points, such as used in MetS definitions and diabetes risk 

scores, thus diagnosing different patients as being at risk and leading to 

misclassification.  

 

 

7.1.5 Adiposity and chronic low-grade inflammation 

Although it was noted in Chapter 4 that central adiposity measures displayed 

stronger associations with commonly assessed cardiometabolic disease 

features, we also observed that relationships between central adiposity 

indices and type 2 diabetes were particularly strong when compared to BMI. 

This suggested that the relationship between central adiposity and diabetes 

may also be mediated by other metabolic processes beyond those captured 

through commonly assessed cardiometabolic disease markers.  

 

Chapter 5 compared BMI and WC relationships with biomarkers of 

inflammation. We found that WC measurement was more strongly related to 

a majority of the examined biomarkers and adverse biomarker clustering. 

The association between low-grade inflammation and diabetes was also 

reduced in analyses including either BMI or WC, with models incorporating 

WC showing the greatest attenuation. It was also noted that models which 

included both adiposity variables together did not display any further 

attenuation. Collectively, these findings suggest that central adiposity is more 
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strongly associated with obesity-induced inflammation than BMI, and that 

central adiposity may also account for a greater variance of diabetes-related 

systemic low-grade inflammation.  

 

Previous research by our group which examined metabolically healthy and 

unhealthy obese and non-obese phenotypes indicated that favourable 

inflammatory status may be positively associated with metabolic health. 

Metabolically healthy subjects presented lower concentrations of 

inflammatory biomarkers compared to their metabolically unhealthy 

counterparts [232]. A recent Korean study also demonstrated that chronic 

low-grade inflammation may be an important early marker of risk of 

developing type 2 diabetes, as metabolically healthy obese subjects with 

systemic inflammation were at increased risk [279]. Although the added 

value of novel biomarkers in type 2 diabetes risk prediction algorithms has 

yet to be established [280-283], the results from our study support the theory 

that central adiposity measures may be better markers of visceral fat. 

However, as the association between chronic low-grade inflammation and 

diabetes was not completely attenuated in models which included adiposity 

variables, these results also indicated that alternative adiposity measurement 

procedures may be needed to better assess the pro-inflammatory state 

associated with type 2 diabetes and obesity-related disorders. 
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7.1.6 Assessing the utility of a composite index 

In Chapter 6, we investigated the utility of composite index for assessing 

cardiometabolic risk. This research addressed the hypothesis that the use of 

two indices to define overweight and obese classifications might provide 

additional and independent information. Body mass index is the most 

commonly used method for assessing general adiposity, and our previous 

findings suggested WHtR to be the best overall method for determining 

central obesity. Therefore, we examined a range of cardiometabolic disease 

features and inflammatory markers to explore whether joint measurement 

might improve cardiometabolic risk classification.  

 

It was found that a combination of BMI and WHtR tertiles identified 

consistent and significant metabolic variable differences relative to those 

characterised as overweight or obese discordantly by BMI and WHtR. 

Similarly, associations with cardiometabolic features and inflammatory 

biomarkers were noticeably increased in subjects classified as overweight or 

obese by both measures. This indicated that joint measurement may provide 

a more specific procedure for identifying high-risk patients within overweight 

and obese BMI/WHtR categories. It was also noted that in a logistic 

regression model which adjusted for age, gender, physical activity, smoking 

and alcohol use, only individuals who were classified as obese by both 

indices displayed a significant and positive association with pre-diabetes. 

This inferred that the relationship between obesity and diabetes is better 

indicated at this mode and level of adiposity. In addition, it was observed that 

patients classified as overweight discordantly also displayed an increased 
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cardiometabolic risk profile. As a proportion of these individuals might be 

considered normal weight if either index were used alone, this suggested 

that joint measurement could also provide an effective procedure for 

identifying normal weight subjects at increased risk who would not otherwise 

be detected.  

 

Although our study is the first to explore the utility of a composite index using 

BMI and WHtR together in a middle-aged Irish population, a number of 

studies have evaluated joint use of general and central adiposity measures 

to assess cardiometabolic risk. In a cross-sectional analysis of 2,924 elderly 

men, Wannamethee et al. [284] found BMI and WC to be of similar value for 

identifying adverse cardiometabolic feature clustering in ROC analysis. 

However, it was noted that within normal weight and overweight BMI 

categories, elevated WC was associated with increased odds of having 

MetS, leading the authors to recommend using BMI cut-offs for initial 

assessment, and WC as a complimentary indicator of health risk. In contrast, 

Ardern et al. [285] found the odds associated with having MetS to be 

increased in both overweight and obese women with a high WC, but not 

men, in a study of 7,981 subjects aged 20-74 years. Park et al. [120] showed 

that the prevalence of metabolic risk factors and MetS were significantly 

increased across quartiles of WHtR in normal weight men and women aged 

20-79 years (N=2,952). Similarly, using a WHtR ≥0.5 threshold value, 

Ashwell et al. [286] observed that male and female subjects classified as 

“healthy weight” using BMI had significantly higher cardiometabolic risk 

factors compared to a group with a healthy BMI and WHtR below 0.5, in a 
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recent analysis using data from the United Kingdom National Diet and 

Nutrition Survey (N=1,453). 

 

Contrary to other studies [138], we found that joint measurement significantly 

improved discrimination of individual cardiometabolic disease features and 

adverse inflammatory biomarker levels when indices were examined as both 

continuous and categorical variables, though discriminatory differences were 

modest. It was also noted that although WHtR was a better overall 

discriminator of cardiometabolic risk than BMI when compared as a linear 

variable, significant discriminatory differences between WHtR and BMI were 

reduced when examined as tertiles. This indicates that both adiposity 

variables are more likely to have independent effects on cardiometabolic risk 

when a threshold approach is used, such as employed in a clinical setting. 

These results suggest that use of BMI and WHtR together may help refine 

body fat classification. However, as diagnostic risk cut-offs for both indices 

are defined arbitrarily, optimal categorical thresholds for joint measurement 

should be examined. The utility of combined univariable cut-points based on 

linear combinations of both measures should also be explored.  

  

Although the focus of Chapter 6 was on assessing cardiometabolic risk, it 

was also noted in Chapter 4 that a discrimination model for type 2 diabetes, 

using age, gender, BMI and WHtR displayed an AUC value of 0.80 (95% CI: 

0.76-0.84). However, further analysis (not shown) indicated that this was only 

marginally higher than the AUC for a model including age, gender and WHtR 

alone (AUC=0.79, 95% CI: 0.75-0.83), a difference which was not statistically 
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significant (P=0.08). Nevertheless, both AUCs were significantly higher than 

models which only included age and gender (AUC=0.63, 95% CI: 0.58-0.67, 

P<0.001 for both) and are comparable to AUC values obtained in studies 

which have evaluated non-invasive diabetes risk scores to screen for 

undiagnosed type 2 diabetes [287-292]. As diabetes risk scores typically 

include a number of variables, some of which must be subjectively assessed 

or may be unknown, the findings from Chapters 4 and 6 suggest that 

accurate adiposity measurement within a clinical setting might provide useful 

non-subjective, diagnostic or prognostic information a clinician could obtain 

by performing three, relatively simple, non-invasive procedures.  

 

 

7.2 Strengths and Limitations of the Research 

This section provides a summary of the overall strengths and limitations of 

this research. The individual strengths and limitations of the five papers 

included in this thesis have also been acknowledged and discussed in the 

previous chapters. 

 

As one of the largest cross-sectional studies performed to date within the 

Republic of Ireland, the Cork and Kerry Diabetes and Heart Disease Study 

sample size is comparable to other related Irish studies. Strengths include a 

high participation rate, the use of a range questionnaires to assess lifestyle 

behaviours, the use of two procedures to classify glycaemic status and the 

inclusion of a wide range of metabolic markers and anthropometric 

measurements to define cardiometabolic health.  
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This thesis addressed a timely and relevant research area within Ireland with 

regard to adiposity measurement, cardiometabolic disease, type 2 diabetes 

and the need for effective tools to help identify high-risk patients within 

clinical practice. The findings from this work are of potential public health and 

clinical significance in terms of screening, and in particular, the use of 

stratification based on accurate adiposity measurement as a method for 

identifying patients with type 2 diabetes and for assessing cardiometabolic 

risk. The relevance of this work is perceptible in that our results have been 

presented at a number of scientific conferences, both nationally and 

internationally (Appendix 4), and have also attracted attention from online 

media [293-297]. To date, four of the included papers have been published in 

peer-reviewed scientific journals (Appendix 6) [165-168].  

 

Notwithstanding these strengths, methodological limitations must be 

considered when assessing findings from this work. The data used in this 

thesis were derived from a single primary care based sample. In addition, a 

potential limitation of any cohort study is potential bias because of initial non-

response. The current study was based in a single primary care centre which 

serves a well defined catchment area.  The response rate of 67% is typical of 

response rates currently achieved in developed country settings.  

Additionally the response rate was similar in men and women and likewise 

for age groups. Nevertheless, although prevalence rates for 

overweight/obesity and type 2 diabetes found within our sample are 

comparable to those observed in other recent nationally representative Irish 
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studies [13,35,276], the possibility that these data are not representative of 

the source population must be acknowledged.  

 

However, as mentioned in preceding chapters, it is estimated that 98% of 

Irish adults are registered with a GP, and that, even in the absence of 

universal patient registration system, it is possible to perform population-

based epidemiological studies that are representative using our methods 

[210]. Also, as previously discussed, Ireland is an ethnically homogeneous 

population [242]. Hence, there is little reason to believe that the metabolic 

relationships we observed would be any different in other middle-aged Irish 

adults. As random sampling of subjects and the use of validated methods for 

data collection ensured internal sample validity, it is equally possible that our 

findings may be generalisable to a similar middle-aged Caucasian-European 

population. 

 

Of greater concern is that our data were cross-sectional, as this precludes 

examination of temporal relationships. Thus, although this research suggests 

a potential rationale for accurate adiposity measurement as a procedure for 

identifying patients with type 2 diabetes, and also for assessing 

cardiometabolic disease risk, it does not demonstrate that surrogate 

measures of adiposity would be clinically useful to predict future diabetes 

cases. Equally, it does not show that they would be useful for predicting 

future CVD events or mortality outcomes. These limitations, in particular, will 

need to be addressed in future work utilising longitudinal data. 
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7.3 Recommendations 

Although central adiposity measurement has been recommended as a 

method for assessing cardiometabolic health, a recent straw poll of clinicians 

in the United Kingdom showed that only 10% regularly measured WC [298]. 

In addition, the need for any type of adiposity measurement within healthcare 

practice has been questioned, as it has been suggested that a simple 

“eyeball test” is sufficient in most instances [299]. The findings from this 

thesis suggest that non-subjective assessment of adiposity provides 

important information regarding disease and risk status. However, our results 

also demonstrate that a reluctance to measure WC in clinical practice is not 

misplaced, as such an assessment may provide additional information 

compared to BMI, or almost none at all, according to the procedure used for 

estimating WC. For this reason, we cannot recommend regular WC 

measurement within healthcare practice in Ireland at the present time. 

 

We have just begun a re-screen of the Mitchelstown Cohort (5 year follow-

up) which includes two further WC measurements (iliac crest and umbilical 

level), in addition to the two previously examined. This will allow us to 

determine whether rib-level measurement is the optimal procedure for 

assessing WC in our population, and also to further examine adiposity 

variable relationships with features of cardiometabolic disease. Importantly, it 

will also allow us to ascertain whether a composite index, using measures of 

general and central adiposity, might be clinically useful as a method for 

predicting type 2 diabetes.  
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This work will need to be duplicated in other nationally representative Irish 

studies. The need for a universal WC measurement protocol will also have to 

be explored in research utilising data from other ethnic populations. In 

addition, although we suggest that WC measurement would not entail any 

extra cost when compared to invasive blood testing, it would compete for the 

limited time a GP or clinician has available during patient appraisal. 

Therefore, examination of feasibility and cost-implications regarding central 

adiposity measurement is warranted and should be a focus of future health 

services research.  

 

Consistent with other research [121,128,143,156], our findings suggest that 

of the currently used surrogate measures of central adiposity, the WHtR may 

be the most accurate method for assessing obesity-related risk. Future 

epidemiological studies which examine adiposity relationships with 

cardiometabolic features, type 2 diabetes, obesity-related diseases and 

mortality outcomes should concentrate on this index and BMI. The WHtR is 

also probably the most practical method for determining central adiposity as 

it may allow the use of universal risk thresholds [125,300]. Notably, we did 

not determine cut-points for use within our population as we felt that, in the 

absence of an agreed WC measurement protocol, this would be premature. 

Optimal cut-offs using WHtR may differ according to the disease to be 

predicted. It is also possible that WHtR measurement may only be useful as 

a pre-screening diagnostic tool to help identify current type 2 diabetes cases 

within clinical practice. 
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Nevertheless, results from this thesis suggest that accurate adiposity 

measurement (through anthropometry or other means) might provide a 

greater amount of predictive information regarding a patient’s future health 

status than that provided by any other single cardiometabolic disease feature 

(with the exception of glycaemic status) or many non-invasive variables 

typically included in diabetes risk scores. However, this is speculative and 

remains to be determined. Although anthropometry continues to be the 

preferred method for assessing adiposity within healthcare practice, future 

studies should also investigate the use of other more sophisticated 

procedures for measuring body composition, such as bioelectrical 

impedance or photonic scanning [156]. The development of other low-cost, 

clinically practical methods for assessing adiposity should also be explored. 

 

Finally, our results may have implications regarding how excess adiposity 

should be defined within epidemiological research. We noted that a 

percentage of individuals who might be classified as normal weight be either 

BMI or WHtR also displayed an increased cardiometabolic risk profile. In 

addition, cardiometabolic profiles for subjects within each overweight and 

obese category varied considerably. This suggests a possible explanation for 

the “obesity paradox”, as such individuals might be misclassified and 

included in a reference category, or a low or high-risk group, in studies which 

investigate adiposity relationships with morbidity and mortality outcomes 

[61,99,149]. Therefore, research examining overweight and obese 

associations with these outcomes should consider defining adiposity using 

joint measurement. Studies which adjust for adiposity should also 
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contemplate using both general and central obesity variables in analysis to 

prevent residual confounding.  

 

 

7.4 Conclusions 

Public health prevention strategies should be prioritised as a method for 

reducing the prevalence of obesity and obesity-related diseases within 

Ireland. However, clinicians should be aware that a high percentage of 

overweight and obese patients will not have type 2 diabetes [67-70] or ever 

develop the condition and related cardiovascular complications [71,72]. As 

the prevalence of obesity continues to rise within Ireland [13,14] and other 

world populations [5], classification of excess adiposity based on BMI 

measurement alone will increasingly identify a majority of the population as 

being at risk. In addition, a percentage of subjects who are defined as normal 

weight by BMI may be at high-risk of obesity-induced chronic disorders 

[64,164,243,301].  

 

Though no level of increased adiposity should necessarily be considered to 

be “healthy” at a population level, accurate classification of high-risk subjects 

is desirable. This is particularly pertinent within healthcare practice, as losing 

weight is difficult and clinical interventions should be targeted to those most 

at risk and who would benefit most from earlier identification. Accurate 

adiposity assessment, using surrogate measures of both general and central 

adiposity, may be a useful tool for stratifying high and low-risk patients. Other 

novel adiposity measurement procedures might also prove beneficial. Earlier 
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identification of subjects at increased risk, and those with type 2 diabetes, 

could allow earlier targeted interventions to be implemented, thus improving 

the quality of life of patients affected. Collectively, the results from this thesis 

may help in improving the characterisation of obesity-related health risk in 

order to reduce premature mortality and financial costs associated with the 

obesity epidemic within Ireland.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 
 

207 | P a g e  
 

___________________________REFERENCES  

1. Organization WH (2000) Obesity: preventing and managing the global epidemic. World 
Health Organization. Available: 
http://www.who.int/nutrition/publications/obesity/WHO_TRS_894/en/. 

2. Caballero B (2007) The global epidemic of obesity: an overview. Epidemiologic reviews 
29: 1-5. 

3. James PT, Rigby N, Leach R (2004) The obesity epidemic, metabolic syndrome and future 
prevention strategies. European Journal of Cardiovascular Prevention & 
Rehabilitation 11: 3-8. 

4. Finucane MM, Stevens GA, Cowan MJ, Danaei G, Lin JK, et al. (2011) National, regional, 
and global trends in body-mass index since 1980: systematic analysis of health 
examination surveys and epidemiological studies with 960 country-years and 9·1 
million participants. The Lancet 377: 557-567. 

5. Collaboration NRF (2016) Trends in adult body-mass index in 200 countries from 1975 to 
2014: a pooled analysis of 1698 population-based measurement studies with 19.2 
million participants. The Lancet 387: 1377-1396. 

6. Guh D, Zhang W, Bansback N, Amarsi Z, Birmingham CL, et al. (2009) The incidence of co-
morbidities related to obesity and overweight: a systematic review and meta-
analysis. BMC Public Health 9: 88. 

7. Van Gaal LF, Mertens IL, Christophe E (2006) Mechanisms linking obesity with 
cardiovascular disease. Nature 444: 875-880. 

8. Poirier P, Giles TD, Bray GA, Hong Y, Stern JS, et al. (2006) Obesity and cardiovascular 
disease pathophysiology, evaluation, and effect of weight loss. Arteriosclerosis, 
thrombosis, and vascular biology 26: 968-976. 

9. Reaven G, Abbasi F, McLaughlin T (2004) Obesity, insulin resistance, and cardiovascular 
disease. Recent Progress in Hormone Research 59: 207-223. 

10. Kahn SE, Hull RL, Utzschneider KM (2006) Mechanisms linking obesity to insulin 
resistance and type 2 diabetes. Nature 444: 840-846. 

11. Chang S-H, Beason TS, Hunleth JM, Colditz GA (2012) A systematic review of body fat 
distribution and mortality in older people. Maturitas 72: 175-191. 

12. Organization WH (2008) Waist circumference and waist-hip ratio: report of a WHO 
expert consultation. Geneva, Switzerland: 8-11. 

13. Leahy S, Nolan A, O'Connell J, Kenny RA (2014) Obesity in an ageing society: 
implications for health, physical function and health service utilisation. The Irish 
Longitudinal Study on Ageing. Avaliable: 
http://tilda.tcd.ie/assets/pdf/Obesity_in_an_Ageing_Society_Report.pdf. 

 

http://www.who.int/nutrition/publications/obesity/WHO_TRS_894/en/
http://tilda.tcd.ie/assets/pdf/Obesity_in_an_Ageing_Society_Report.pdf


 
 

208 | P a g e  
 

14. Meikle J (2015) WHO report: 74% of men and 64% of women in UK to be overweight by 
2030. The Guardian. Available: 
http://www.theguardian.com/society/2015/may/05/obesity-crisis-projections-uk-
2030-men-women. 

15. Withrow D, Alter D (2011) The economic burden of obesity worldwide: a systematic 
review of the direct costs of obesity. Obesity reviews 12: 131-141. 

16. Dee A, Perry I, O'Neill C (2013) The cost of overweight and obesity on the island of 
Ireland. University College Cork. Available: 
http://www.safefood.eu/SafeFood/media/SafeFoodLibrary/Documents/Publicatio
ns/Research%20Reports/Final-Exec-Summary-The-Economic-Cost-of-Obesity.pdf. 

17. McGill P (2010) Illustrating Ageing in Ireland North and South. Key Facts and Figures. 
Centre for Ageing Research and Development in Ireland. Available: 
http://www.cardi.ie/userfiles/Dr_8(1).pdf. 

18. Ashen MD (2008) Management of Cardiometabolic Syndrome in the Primary and 
Secondary Prevention of Cardiovascular Disease. The Journal for Nurse 
Practitioners 4: 673-680. 

19. Alberti K, Zimmet P, Shaw J (2006) Metabolic syndrome—a new world‐wide definition. 
A Consensus Statement from the International Diabetes Federation. Diabetic 
Medicine 23: 469-480. 

20. Stolar M (2007) Metabolic syndrome: controversial but useful. Cleveland Clinic journal 
of medicine 74: 199-202. 

21. Kassi E, Pervanidou P, Kaltsas G, Chrousos G (2011) Metabolic syndrome: definitions 
and controversies. BMC medicine 9: 48. 

22. Organization WH (2006) Definition and diagnosis of diabetes mellitus and intermediate 
hyperglycaemia: report of a WHO/IDF Consultation. World Health Organsiation. 
Available: 
http://apps.who.int/iris/bitstream/10665/43588/1/9241594934_eng.pdf. 

23. Association AD (2013) Diagnosis and classification of diabetes mellitus. Diabetes Care 
36: S67-S74. 

24. Bonora E, Tuomilehto J (2011) The pros and cons of diagnosing diabetes with A1C. 
Diabetes Care 34: S184-S190. 

25. Association AD (2010) Diagnosis and classification of diabetes mellitus. Diabetes Care 
33: S62-S69. 

26. Kobrin Klein BE (2007) Overview of epidemiologic studies of diabetic retinopathy. 
Ophthalmic epidemiology 14: 179-183. 

27. Marshall SM (2004) Recent advances in diabetic nephropathy. Postgraduate medical 
journal 80: 624-633. 

28. Association AD (1999) Consensus Development Conference on Diabetic Foot Wound 
Care: 7-8 April 1999, Boston, MA. Advances in Skin & Wound Care 12: 353-361. 

http://www.theguardian.com/society/2015/may/05/obesity-crisis-projections-uk-2030-men-women
http://www.theguardian.com/society/2015/may/05/obesity-crisis-projections-uk-2030-men-women
http://www.safefood.eu/SafeFood/media/SafeFoodLibrary/Documents/Publications/Research%20Reports/Final-Exec-Summary-The-Economic-Cost-of-Obesity.pdf
http://www.safefood.eu/SafeFood/media/SafeFoodLibrary/Documents/Publications/Research%20Reports/Final-Exec-Summary-The-Economic-Cost-of-Obesity.pdf
http://www.cardi.ie/userfiles/Dr_8(1).pdf
http://apps.who.int/iris/bitstream/10665/43588/1/9241594934_eng.pdf


 
 

209 | P a g e  
 

29. Haffner SM, Lehto S, Rönnemaa T, Pyörälä K, Laakso M (1998) Mortality from coronary 
heart disease in subjects with type 2 diabetes and in nondiabetic subjects with and 
without prior myocardial infarction. New England Journal of Medicine 339: 229-
234. 

30. Group DD (1985) Prevalence of small vessel and large vessel disease in diabetic patients 
from 14 centres: the world health organization multinational study of vascular 
disease in diabetics. Diabetologia 28: 615-640. 

31. Martín-Timón I, Sevillano-Collantes C, Segura-Galindo A, del Cañizo-Gómez FJ (2014) 
Type 2 diabetes and cardiovascular disease: Have all risk factors the same strength. 
World J Diabetes 5: 444-470. 

32. Shaw JE, Sicree RA, Zimmet PZ (2010) Global estimates of the prevalence of diabetes for 
2010 and 2030. Diabetes research and clinical practice 87: 4-14. 

33. Tamayo T, Rosenbauer J, Wild S, Spijkerman A, Baan C, et al. (2014) Diabetes in Europe: 
an update. Diabetes research and clinical practice 103: 206-217. 

34. Tracey ML, Gilmartin M, O’Neill K, Fitzgerald AP, McHugh SM, et al. (2016) 
Epidemiology of diabetes and complications among adults in the Republic of 
Ireland 1998-2015: a systematic review and meta-analysis. BMC Public Health 16: 
1. 

35. Balanda KP, Buckley CM, Barron SJ, Fahy LE, Madden JM, et al. (2013) Prevalence of 
Diabetes in the Republic of Ireland: Results from the National Health Survey (SLAN) 
2007. PloS one 8: e78406. 

36. Buckley C, Madden J, Balanda K, Barron S, Fahy L, et al. (2013) Pre-diabetes in adults 45 
years and over in Ireland: the Survey of Lifestyle, Attitudes and Nutrition in Ireland 
2007. Diabetic Medicine 30: 1198-1203. 

37. Sinnott M, Kinsley BT, Jackson AD, Walsh C, O’Grady T, et al. (2015) Fasting plasma 
glucose as initial screening for diabetes and prediabetes in Irish adults: the 
Diabetes Mellitus and Vascular health initiative (DMVhi). PloS one 10: e0122704. 

38. Harrington JM, Phillips CM (2014) Nutrigenetics: Bridging two worlds to understand 
type 2 diabetes. Current diabetes reports 14: 1-10. 

39. Hitman G, Sudagani J (2004) Searching for genes in diabetes and the metabolic 
syndrome. International journal of clinical practice 58: 3-8. 

40. Dal Grande E, Gill T, Wyatt L, Chittleborough CR, Phillips PJ, et al. (2009) Population 
attributable risk (PAR) of overweight and obesity on chronic diseases: South 
Australian representative, cross-sectional data, 2004–2006. Obesity Research & 
Clinical Practice 3: 159-168. 

41. Bazzano LA, Serdula M, Liu S (2005) Prevention of type 2 diabetes by diet and lifestyle 
modification. Journal of the American College of Nutrition 24: 310-319. 

42. Suastika K, Semadi MS, Dwipayana P, Kuswardhani RT (2012) Age is an important risk 
factor for type 2 diabetes mellitus and cardiovascular diseases. INTECH Open 
Access Publisher. Available: http://cdn.intechopen.com/pdfs/41385/InTech-

http://cdn.intechopen.com/pdfs/41385/InTech-Age_is_an_important_risk_factor_for_type_2_diabetes_mellitus_and_cardiovascular_diseases.pdf


 
 

210 | P a g e  
 

Age_is_an_important_risk_factor_for_type_2_diabetes_mellitus_and_cardiovascul
ar_diseases.pdf. 

43. Perreault L, Ma Y, Dagogo-Jack S, Horton E, Marrero D, et al. (2008) Sex differences in 
diabetes risk and the effect of intensive lifestyle modification in the Diabetes 
Prevention Program. Diabetes Care 31: 1416-1421. 

44. Abate N, Chandalia M (2003) The impact of ethnicity on type 2 diabetes. Journal of 
Diabetes and its Complications 17: 39-58. 

45. Willi C, Bodenmann P, Ghali WA, Faris PD, Cornuz J (2007) Active smoking and the risk 
of type 2 diabetes: a systematic review and meta-analysis. JAMA 298: 2654-2664. 

46. Nakanishi N, Suzuki K, Tatara K (2003) Alcohol consumption and risk for development of 
impaired fasting glucose or type 2 diabetes in middle-aged Japanese men. Diabetes 
Care 26: 48-54. 

47. Amini M, Janghorbani M (2009) Comparison of metabolic syndrome with glucose 
measurement for prediction of type 2 diabetes: The Isfahan Diabetes Prevention 
Study. Diabetes & Metabolic Syndrome: Clinical Research & Reviews 3: 84-89. 

48. Lorenzo C, Okoloise M, Williams K, Stern MP, Haffner SM (2003) The metabolic 
syndrome as predictor of type 2 diabetes the san antonio heart study. Diabetes 
Care 26: 3153-3159. 

49. Nathan DM, Davidson MB, Defronzo RA, Heine RJ, Henry RR, et al. (2007) Impaired 
fasting glucose and impaired glucose tolerance implications for care. Diabetes Care 
30: 753-759. 

50. Gerstein HC, Santaguida P, Raina P, Morrison KM, Balion C, et al. (2007) Annual 
incidence and relative risk of diabetes in people with various categories of 
dysglycemia: a systematic overview and meta-analysis of prospective studies. 
Diabetes research and clinical practice 78: 305-312. 

51. Phillips CM, Kearney PM, McCarthy VJ, Harrington JM, Fitzgerald AP, et al. (2013) 
Comparison of diabetes risk score estimates and cardiometabolic risk profiles in a 
middle-aged Irish population. PloS one 8: e78950. 

52. Group DPPR (2002) Reduction in the incidence of type 2 diabetes with lifestyle 
intervention or metformin. The New England journal of medicine 346: 393. 

53. Lindström J, Ilanne-Parikka P, Peltonen M, Aunola S, Eriksson JG, et al. (2006) Sustained 
reduction in the incidence of type 2 diabetes by lifestyle intervention: follow-up of 
the Finnish Diabetes Prevention Study. The Lancet 368: 1673-1679. 

54. Unwin N, Shaw J, Zimmet P, Alberti K (2002) Impaired glucose tolerance and impaired 
fasting glycaemia: the current status on definition and intervention. Diabetic 
Medicine 19: 708-723. 

55. Harris R (2011) Overview of screening: where we are and where we may be headed. 
Epidemiologic reviews 33: 1-6. 



 
 

211 | P a g e  
 

56. Echouffo-Tcheugui JB, Ali MK, Griffin SJ, Narayan KV (2011) Screening for type 2 
diabetes and dysglycemia. Epidemiologic reviews 33: 63-87. 

57. Alberti KGM, Zimmet P, Shaw J (2007) International Diabetes Federation: a consensus 
on Type 2 diabetes prevention. Diabetic Medicine 24: 451-463. 

58. Janssen I, Katzmarzyk PT, Ross R (2004) Waist circumference and not body mass index 
explains obesity-related health risk. The American journal of clinical nutrition 79: 
379-384. 

59. Pischon T, Boeing H, Hoffmann K, Bergmann M, Schulze M, et al. (2008) General and 
abdominal adiposity and risk of death in Europe. New England Journal of Medicine 
359: 2105-2120. 

60. Cao C, Wang R, Wang J, Bunjhoo H, Xu Y, et al. (2012) Body mass index and mortality in 
chronic obstructive pulmonary disease: a meta-analysis. PloS one 7: e43892. 

61. Flegal KM, Kit BK, Orpana H, Graubard BI (2013) Association of All-Cause Mortality With 
Overweight and Obesity Using Standard Body Mass Index Categories. A Systematic 
Review and Meta-Analysis. JAMA 309: 71-82. 

62. Stefan N, Kantartzis K, Machann J, Schick F, Thamer C, et al. (2008) Identification and 
characterization of metabolically benign obesity in humans. Archives of Internal 
Medicine 168: 1609-1616. 

63. Wildman RP, Muntner P, Reynolds K, McGinn AP, Rajpathak S, et al. (2008) The obese 
without cardiometabolic risk factor clustering and the normal weight with 
cardiometabolic risk factor clustering: prevalence and correlates of 2 phenotypes 
among the US population (NHANES 1999-2004). Archives of Internal Medicine 168: 
1617-1624. 

64. Tomiyama A, Hunger J, Nguyen-Cuu J, Wells C (2016) Misclassification of 
cardiometabolic health when using body mass index categories in NHANES 2005–
2012. International Journal of Obesity. Epub ahead of print. Available: 
http://www.nature.com/ijo/journal/vaop/ncurrent/full/ijo201617a.html. 

65. Mason C (2009) Anthropometric Markers of Health Risk. School of Kinesiology. Queen's 
University. Available: http://qspace.library.queensu.ca/handle/1974/1761. 

66. Viera AJ (2011) Predisease: when does it make sense? Epidemiologic Reviews 33: 122-
134. 

67. Bakke SS, Feng YZ, Nikolić N, Kase ET, Moro C, et al. (2015) Myotubes from severely 
obese type 2 diabetic subjects accumulate less lipids and show higher lipolytic rate 
than myotubes from severely obese non-diabetic subjects. PloS one 10: e0119556. 

68. Hofsø D, Jenssen T, Hager H, Røislien J, Hjelmesæth J (2010) Fasting plasma glucose in 
the screening for type 2 diabetes in morbidly obese subjects. Obesity surgery 20: 
302-307. 

69. Hertz RP, McDonald M (2004) Obesity in the United States Workforce. Findings from 
the National Health and Nutrition Examination Surveys (NHANES) III and 1999–
2000. Pfizer Facts Pfizer Inc: Pfizer. Available: 

http://www.nature.com/ijo/journal/vaop/ncurrent/full/ijo201617a.html
http://qspace.library.queensu.ca/handle/1974/1761


 
 

212 | P a g e  
 

http://www.pfizer.com/files/products/Obesity_in_the_United_States_Workforce.p
df. 

70. England PH (2014) Adult obesity and type 2 diabetes. Available: 
https://www.gov.uk/government/uploads/system/uploads/attachment_data/file/
338934/Adult_obesity_and_type_2_diabetes_.pdf. 

71. Association AD (2015) Diabetes Myths. Available: http://www.diabetes.org/diabetes-
basics/myths/?referrer=https://www.google.ie/. 

72. LeRoith D, Taylor SI, Olefsky JM (2004) Diabetes mellitus: a fundamental and clinical 
text: Lippincott Williams & Wilkins. 

73. Després J-P, Lemieux I (2006) Abdominal obesity and metabolic syndrome. Nature 444: 
881-887. 

74. Iacobellis G (2005) Imaging of visceral adipose tissue: an emerging diagnostic tool and 
therapeutic target. Current Drug Targets-Cardiovascular & Hematological Disorders 
5: 345-353. 

75. Chan JM, Rimm EB, Colditz GA, Stampfer MJ, Willett WC (1994) Obesity, fat distribution, 
and weight gain as risk factors for clinical diabetes in men. Diabetes Care 17: 961-
969. 

76. Carey VJ, Walters EE, Colditz GA, Solomon CG, Willet WC, et al. (1997) Body Fat 
Distribution and Risk of Non-Insulin-dependent Diabetes Mellitus in Women The 
Nurses' Health Study. American Journal of Epidemiology 145: 614-619. 

77. Boyko EJ, Fujimoto WY, Leonetti DL, Newell-Morris L (2000) Visceral adiposity and risk 
of type 2 diabetes: a prospective study among Japanese Americans. Diabetes Care 
23: 465-471. 

78. Kabir M, Catalano KJ, Ananthnarayan S, Kim SP, Van Citters GW, et al. (2005) Molecular 
evidence supporting the portal theory: a causative link between visceral adiposity 
and hepatic insulin resistance. American Journal of Physiology-Endocrinology And 
Metabolism 288: E454-E461. 

79. Arsenault BJ, Després JP, Boekholdt SM (2011) Hypertriglyceridemic waist: missing 
piece of the global cardiovascular risk assessment puzzle? Clinical Lipidology 6: 639-
651. 

80. Halcox J, Quyyumi AA (2005) Metabolic syndrome: overview and current guidelines. 
Cardiology 11: 1. 

81. Pausova Z, Syme C, Abrahamowicz M, Xiao Y, Leonard GT, et al. (2009) A Common 
Variant of the FTO Gene Is Associated With Not Only Increased Adiposity but Also 
Elevated Blood Pressure in French CanadiansCLINICAL PERSPECTIVE. Circulation: 
Cardiovascular Genetics 2: 260-269. 

82. Gabriely I, Ma XH, Yang XM, Atzmon G, Rajala MW, et al. (2002) Removal of visceral fat 
prevents insulin resistance and glucose intolerance of aging an adipokine-mediated 
process? Diabetes 51: 2951-2958. 

http://www.pfizer.com/files/products/Obesity_in_the_United_States_Workforce.pdf
http://www.pfizer.com/files/products/Obesity_in_the_United_States_Workforce.pdf
http://www.gov.uk/government/uploads/system/uploads/attachment_data/file/338934/Adult_obesity_and_type_2_diabetes_.pdf
http://www.gov.uk/government/uploads/system/uploads/attachment_data/file/338934/Adult_obesity_and_type_2_diabetes_.pdf
http://www.diabetes.org/diabetes-basics/myths/?referrer=https://www.google.ie/
http://www.diabetes.org/diabetes-basics/myths/?referrer=https://www.google.ie/


 
 

213 | P a g e  
 

83. Klein S, Allison DB, Heymsfield SB, Kelley DE, Leibel RL, et al. (2012) Waist 
circumference and cardiometabolic risk: a consensus statement from shaping 
America's health: Association for Weight Management and Obesity Prevention; 
NAASO, the Obesity Society; the American Society for Nutrition; and the American 
Diabetes Association. Obesity 15: 1061-1067. 

84. Abate N, Garg A, Peshock R, Stray-Gundersen J, Grundy S (1995) Relationships of 
generalized and regional adiposity to insulin sensitivity in men. Journal of clinical 
investigation 96: 88. 

85. Goodpaster BH, Thaete FL, Simoneau J-A, Kelley DE (1997) Subcutaneous abdominal fat 
and thigh muscle composition predict insulin sensitivity independently of visceral 
fat. Diabetes 46: 1579-1585. 

86. Snijder M, Visser M, Dekker J, Goodpaster B, Harris T, et al. (2005) Low subcutaneous 
thigh fat is a risk factor for unfavourable glucose and lipid levels, independently of 
high abdominal fat. The Health ABC Study. Diabetologia 48: 301-308. 

87. Klein S, Fontana L, Young VL, Coggan AR, Kilo C, et al. (2004) Absence of an effect of 
liposuction on insulin action and risk factors for coronary heart disease. New 
England Journal of Medicine 350: 2549-2557. 

88. MacKay M (2009) Evaluating Alternate Anthropometric Measures as Predictors of 
Incident Type 2 Diabetes Mellitus (T2DM). The Insulin Resistance Atherosclerosis 
Study (IRAS). Department of Nutritional Sciences. University of Toronto. Available: 
https://tspace.library.utoronto.ca/handle/1807/17197. 

89. Calle EE, Thun MJ, Petrelli JM, Rodriguez C, Heath Jr CW (1999) Body-mass index and 
mortality in a prospective cohort of US adults. New England Journal of Medicine 
341: 1097-1105. 

90. Jiang J, Ahn J, Huang W-Y, Hayes RB (2013) Association of obesity with cardiovascular 
disease mortality in the PLCO trial. Preventive medicine 57: 60-64. 

91. Adams KF, Schatzkin A, Harris TB, Kipnis V, Mouw T, et al. (2006) Overweight, obesity, 
and mortality in a large prospective cohort of persons 50 to 71 years old. New 
England Journal of Medicine 355: 763-778. 

92. Chul Sung K, Ryu S, Reaven GM (2007) Relationship between obesity and several 
cardiovascular disease risk factors in apparently healthy Korean individuals: 
comparison of body mass index and waist circumference. Metabolism 56: 297-303. 

93. Collaboration PS (2009) Body-mass index and cause-specific mortality in 900 000 adults: 
collaborative analyses of 57 prospective studies. The Lancet 373: 1083-1096. 

94. Standardization WECoB, Organization WH (1995) Physical status: the use and 
interpretation of anthropometry: report of a WHO Expert Committee. World 
Health Organization. Available: 
http://www.who.int/childgrowth/publications/physical_status/en/. 

95. Consultation WE (2004) Appropriate body-mass index for Asian populations and its 
implications for policy and intervention strategies. Lancet 363: 157. 

http://www.who.int/childgrowth/publications/physical_status/en/


 
 

214 | P a g e  
 

96. Shiely F, Perry IJ, Lutomski J, Harrington J, Kelleher CC, et al. (2010) Temporal trends in 
misclassification patterns of measured and self-report based body mass index 
categories-findings from three population surveys in Ireland. BMC Public Health 10: 
560. 

97. Brestoff JR, Perry IJ, Van den Broeck J (2011) Challenging the role of social norms 
regarding body weight as an explanation for weight, height, and BMI misreporting 
biases: Development and application of a new approach to examining misreporting 
and misclassification bias in surveys. BMC Public Health 11: 331. 

98. Shea JL, Randell EW, Sun G (2011) The Prevalence of Metabolically Healthy Obese 
Subjects Defined by BMI and Dual‐Energy X‐Ray Absorptiometry. Obesity 19: 624-
630. 

99. Curtis JP, Selter JG, Wang Y, Rathore SS, Jovin IS, et al. (2005) The obesity paradox: body 
mass index and outcomes in patients with heart failure. Archives of Internal 
Medicine 165: 55. 

100. Janiszewski PM, Janssen I, Ross R (2007) Does waist circumference predict diabetes 
and cardiovascular disease beyond commonly evaluated cardiometabolic risk 
factors? Diabetes Care 30: 3105-3109. 

101. Staiano A, Reeder B, Elliott S, Joffres M, Pahwa P, et al. (2012) Body mass index versus 
waist circumference as predictors of mortality in Canadian adults. International 
Journal of Obesity 36: 1450-1454. 

102. Bosy-Westphal A, Booke C-A, Blöcker T, Kossel E, Goele K, et al. (2010) Measurement 
site for waist circumference affects its accuracy as an index of visceral and 
abdominal subcutaneous fat in a Caucasian population. The Journal of nutrition 
140: 954-961. 

103. Initiative NOE, Heart N, Institute B, Obesity NAAftSo, Identification EPot, et al. (2002) 
The practical guide: identification, evaluation, and treatment of overweight and 
obesity in adults. National Heart, Lung, and Blood Institute. Available: 
http://www.nhlbi.nih.gov/files/docs/guidelines/prctgd_c.pdf. 

104. de Almeida Paula H, de Cássia Lanes Ribeiro R, de Lima Rosado L, Abranches M, do 
Carmo Castro Franceschini S (2012) Relationship between waist circumference and 
supine abdominal height measured at different anatomical sites and 
cardiometabolic risk factors in older women. Journal of Human Nutrition and 
Dietetics 25: 563-568. 

105. Lin C-C, Yu S-C, Wu B-J, Chang D-J (2012) Measurement of waist circumference at 
different sites affects the detection of abdominal obesity and metabolic syndrome 
among psychiatric patients. Psychiatry research 197: 322-326. 

106. Mason C, Katzmarzyk PT (2012) Variability in waist circumference measurements 
according to anatomic measurement site. Obesity 17: 1789-1795. 

107. Ross R, Berentzen T, Bradshaw AJ, Janssen I, Kahn HS, et al. (2008) Does the 
relationship between waist circumference, morbidity and mortality depend on 
measurement protocol for waist circumference? Obesity reviews 9: 312-325. 

http://www.nhlbi.nih.gov/files/docs/guidelines/prctgd_c.pdf


 
 

215 | P a g e  
 

108. Zhu S, Heymsfield SB, Toyoshima H, Wang Z, Pietrobelli A, et al. (2005) Race-ethnicity–
specific waist circumference cutoffs for identifying cardiovascular disease risk 
factors. The American journal of clinical nutrition 81: 409-415. 

109. Lee JS, Kawakubo K, Mori K, Akabayashi A (2007) Effective cut-off values of waist 
circumference to detect the clustering of cardiovascular risk factors of metabolic 
syndrome in Japanese men and women. Diabetes and Vascular Disease Research 4: 
340-345. 

110. Tillin T, Sattar N, Godsland I, Hughes A, Chaturvedi N, et al. (2015) Ethnicity‐specific 
obesity cut‐points in the development of Type 2 diabetes–a prospective study 
including three ethnic groups in the United Kingdom. Diabetic Medicine 32: 226-
234. 

111. Tulloch-Reid MK, Ferguson TS, Younger NO, Van den Broeck J, Boyne MS, et al. (2010) 
Appropriate waist circumference cut points for identifying insulin resistance in 
black youth: a cross sectional analysis of the 1986 Jamaica birth cohort. 
Diabetology & metabolic syndrome 2: 1-6. 

112. Lear S, James P, Ko G, Kumanyika S (2010) Appropriateness of waist circumference and 
waist-to-hip ratio cutoffs for different ethnic groups. European journal of clinical 
nutrition 64: 42-61. 

113. Dalton M, Cameron A, Zimmet P, Shaw J, Jolley D, et al. (2003) Waist circumference, 
waist–hip ratio and body mass index and their correlation with cardiovascular 
disease risk factors in Australian adults. Journal of internal medicine 254: 555-563. 

114. Welborn TA, Dhaliwal SS, Bennett SA (2003) Waist-hip ratio is the dominant risk factor 
predicting cardiovascular death in Australia. Medical journal of Australia 179: 580-
585. 

115. Esmaillzadeh A, Mirmiran P, Azizi F (2004) Waist-to-hip ratio is a better screening 
measure for cardiovascular risk factors than other anthropometric indicators in 
Tehranian adult men. International Journal of Obesity 28: 1325-1332. 

116. Price GM, Uauy R, Breeze E, Bulpitt CJ, Fletcher AE (2006) Weight, shape, and 
mortality risk in older persons: elevated waist-hip ratio, not high body mass index, 
is associated with a greater risk of death. The American journal of clinical nutrition 
84: 449-460. 

117. Okosun IS, Ghogomu TA (2012) Waist-Circumference Phenotype and Risk of Type 2 
Diabetes. Handbook of Anthropometry: Springer. pp. 2091-2105. 

118. Nyamdorj R (2010) Anthropometric measures of obesity-their association with type 2 
diabetes and hypertension across ethnic groups. Department of Chronic Disease 
Prevention. University of Helsinki. Available: 
https://helda.helsinki.fi/handle/10138/20350?show=full. 

119. Browning LM, Hsieh SD, Ashwell M (2010) A systematic review of waist-to-height ratio 
as a screening tool for the prediction of cardiovascular disease and diabetes: 0· 5 
could be a suitable global boundary value. Nutrition research reviews 23: 247. 



 
 

216 | P a g e  
 

120. Park Y, Kim J (2012) Association between Waist-to-Height Ratio and Metabolic Risk 
Factors in Korean Adults with Normal Body Mass Index and Waist Circumference. 
The Tohoku journal of experimental medicine 228: 1. 

121. Schneider HJ, Glaesmer H, Klotsche J, Böhler S, Lehnert H, et al. (2007) Accuracy of 
anthropometric indicators of obesity to predict cardiovascular risk. Journal of 
Clinical Endocrinology & Metabolism 92: 589-594. 

122. Jayawardana R, Ranasinghe P, Sheriff M, Matthews D, Katulanda P (2013) Waist to 
height ratio: a better anthropometric marker of diabetes and cardio-metabolic risks 
in South Asian adults. Diabetes research and clinical practice 99: 292-299. 

123. Ashwell M (2012) Plea for simplicity: use of waist‐to‐height ratio as a primary 
screening tool to assess cardiometabolic risk. Clinical Obesity 2: 3-5. 

124. Paajanen TA, Oksala NK, Kuukasjärvi P, Karhunen PJ (2010) Short stature is associated 
with coronary heart disease: a systematic review of the literature and a meta-
analysis. European Heart Journal 31: 1802-1809. 

125. Ashwell M, Hsieh SD (2005) Six reasons why the waist-to-height ratio is a rapid and 
effective global indicator for health risks of obesity and how its use could simplify 
the international public health message on obesity. International journal of food 
sciences and nutrition 56: 303-307. 

126. Ashwell M, Gibson S (2009) Waist to height ratio is a simple and effective obesity 
screening tool for cardiovascular risk factors: analysis of data from the British 
National Diet and Nutrition Survey of adults aged 19–64 years. Obesity Facts 2: 97-
103. 

127. Kodama S, Horikawa C, Fujihara K, Heianza Y, Hirasawa R, et al. (2012) Comparisons of 
the Strength of Associations With Future Type 2 Diabetes Risk Among 
Anthropometric Obesity Indicators, Including Waist-to-Height Ratio: A Meta-
Analysis. American Journal of Epidemiology 176: 959-969. 

128. Corrêa MM, Thumé E, De Oliveira ERA, Tomasi E (2016) Performance of the waist-to-
height ratio in identifying obesity and predicting non-communicable diseases in the 
elderly population: A systematic literature review. Archives of Gerontology and 
Geriatrics 65: 174-182. 

129. Mei Z, Grummer-Strawn LM, Pietrobelli A, Goulding A, Goran MI, et al. (2002) Validity 
of body mass index compared with other body-composition screening indexes for 
the assessment of body fatness in children and adolescents. The American journal 
of clinical nutrition 75: 978-985. 

130. Valdez R, Seidell J, Ahn YI, Weiss KM (1993) A new index of abdominal adiposity as an 
indicator of risk for cardiovascular disease. A cross-population study. International 
Journal of Obesity 17: 77-82. 

131. Guerrero-Romero F, Rodr  guez-Morán M (2003) Abdominal volume index. an 
anthropometry-based index for estimation of obesity is strongly related to 
impaired glucose tolerance and type 2 diabetes mellitus. Archives of Medical 
Research 34: 428-432. 



 
 

217 | P a g e  
 

132. Krakauer NY, Krakauer JC (2012) A New Body Shape Index Predicts Mortality Hazard 
Independently of Body Mass Index. PloS one 7: e39504. 

133. Armellini F, Zamboni M, Harris T, Micciolo R, Bosello O (1997) Sagittal Diameter Minus 
Subcutaneous Thickness. An Easy‐to‐Obtain Parameter That Improves Visceral Fat 
Prediction. Obesity research 5: 315-320. 

134. Gray DS, Bray GA, Bauer M, Kaplan K, Gemayel N, et al. (1990) Skinfold thickness 
measurements in obese subjects. The American journal of clinical nutrition 51: 571-
577. 

135. Durnin J, Rahaman M (1967) The assessment of the amount of fat in the human body 
from measurements of skinfold thickness. British Journal of Nutrition 21: 681-689. 

136. Bergman RN, Stefanovski D, Buchanan TA, Sumner AE, Reynolds JC, et al. (2012) A 
better index of body adiposity. Obesity 19: 1083-1089. 

137. Gómez-Ambrosi J, Silva C, Catalán V, Rodríguez A, Galofré JC, et al. (2012) Clinical 
Usefulness of a New Equation for Estimating Body Fat. Diabetes Care 35: 383-388. 

138. Lee CMY, Huxley RR, Wildman RP, Woodward M (2008) Indices of abdominal obesity 
are better discriminators of cardiovascular risk factors than BMI: a meta-analysis. 
Journal of clinical epidemiology 61: 646-653. 

139. Nyamdorj R (2008) BMI compared with central obesity indicators in relation to 
diabetes and hypertension in Asians. Obesity 16: 1622-1635. 

140. van Dijk SB, Takken T, Prinsen EC, Wittink H (2012) Different anthropometric adiposity 
measures and their association with cardiovascular disease risk factors: a meta-
analysis. Neth Heart J 20: 208-218. 

141. Mohan V (2008) Is central obesity a better discriminator of the risk of hypertension 
than body mass index in ethnically diverse populations? Journal of hypertension 
26: 169-177. 

142. Huxley R, James W, Barzi F, Patel J, Lear S, et al. (2008) Ethnic comparisons of the 
cross‐sectional relationships between measures of body size with diabetes and 
hypertension. Obesity reviews 9: 53-61. 

143. Ashwell M, Gunn P, Gibson S (2012) Waist‐to‐height ratio is a better screening tool 
than waist circumference and BMI for adult cardiometabolic risk factors: systematic 
review and meta‐analysis. Obesity reviews 13: 275-286. 

144. Carmienke S, Freitag M, Pischon T, Schlattmann P, Fankhaenel T, et al. (2013) General 
and abdominal obesity parameters and their combination in relation to mortality: a 
systematic review and meta-regression analysis. European journal of clinical 
nutrition 67: 573-585. 

145. Czernichow S, Kengne AP, Stamatakis E, Hamer M, Batty GD (2011) Body mass index, 
waist circumference and waist-hip ratio: which is the better discriminator of 
cardiovascular disease mortality risk? Evidence from an individual-participant 
meta-analysis of 82 864 participants from nine cohort studies. Obesity reviews 12: 
680-687. 



 
 

218 | P a g e  
 

146. Vazquez G, Duval S, Jacobs Jr DR, Silventoinen K (2007) Comparison of body mass 
index, waist circumference, and waist/hip ratio in predicting incident diabetes: a 
meta-analysis. Epidemiologic reviews 29: 115-128. 

147. de Koning L, Merchant AT, Pogue J, Anand SS (2007) Waist circumference and waist-
to-hip ratio as predictors of cardiovascular events: meta-regression analysis of 
prospective studies. European Heart Journal 28: 850-856. 

148. Savva SC, Lamnisos D, Kafatos AG, Savva S, Lamnisos D, et al. (2013) Predicting 
cardiometabolic risk: waist-to-height ratio or BMI. A meta-analysis. Diabetes Metab 
Syndr Obes 6: 403-419. 

149. Coutinho T, Goel K, Corrêa de Sá D, Kragelund C, Kanaya AM, et al. (2011) Central 
Obesity and Survival in Subjects With Coronary Artery Disease: A Systematic 
Review of the Literature and Collaborative Analysis With Individual Subject Data. 
Journal of the American College of Cardiology 57: 1877-1886. 

150. Peat J, Barton B (2008) Medical statistics: A guide to data analysis and critical 
appraisal: BMJ Books. 

151. Huxley R, Mendis S, Zheleznyakov E, Reddy S, Chan J (2009) Body mass index, waist 
circumference and waist: hip ratio as predictors of cardiovascular risk—a review of 
the literature. European journal of clinical nutrition 64: 16-22. 

152. Guasch-Ferré M, Bulló M, Martínez-González MÁ, Corella D, Estruch R, et al. (2012) 
Waist-to-Height Ratio and Cardiovascular Risk Factors in Elderly Individuals at High 
Cardiovascular Risk. PloS one 7: e43275. 

153. Huerta JM, Tormo M-J, Chirlaque M-D, Gavrila D, Amiano P, et al. (2013) Risk of type 2 
diabetes according to traditional and emerging anthropometric indices in Spain, a 
Mediterranean country with high prevalence of obesity: results from a large-scale 
prospective cohort study. BMC Endocrine Disorders 13: 7. 

154. Langenberg C, Sharp SJ, Schulze MB, Rolandsson O, Overvad K, et al. (2012) Long-term 
risk of incident type 2 Diabetes and measures of overall and regional obesity: The 
EPIC-InterAct Case-Cohort Study. PLoS Medicine 9: e1001230. 

155. Wannamethee S, Papacosta O, Whincup P, Carson C, Thomas M, et al. (2010) 
Assessing prediction of diabetes in older adults using different adiposity measures: 
a 7 year prospective study in 6,923 older men and women. Diabetologia 53: 890-
898. 

156. Hartwig S, Kluttig A, Tiller D, Fricke J, Müller G, et al. (2016) Anthropometric markers 
and their association with incident type 2 diabetes mellitus: which marker is best 
for prediction? Pooled analysis of four German population-based cohort studies 
and comparison with a nationwide cohort study. BMJ open 6: e009266. 

157. Mooney SJ, Baecker A, Rundle AG (2013) Comparison of anthropometric and body 
composition measures as predictors of components of the metabolic syndrome in a 
clinical setting. Obesity Research & Clinical Practice 7: e55-e66. 



 
 

219 | P a g e  
 

158. Pepe MS, Janes H, Longton G, Leisenring W, Newcomb P (2004) Limitations of the 
odds ratio in gauging the performance of a diagnostic, prognostic, or screening 
marker. Oxford Univ Press. pp. 882-890. 

159. Wu S-C, Li C, Ke D (2000) The agreement between self-reporting and clinical diagnosis 
for selected medical conditions among the elderly in Taiwan. Public health 114: 
137-142. 

160. Goldman N, Lin I-F, Weinstein M, Lin Y-H (2003) Evaluating the quality of self-reports 
of hypertension and diabetes. Journal of clinical epidemiology 56: 148-154. 

161. Rostambeigi N, Shaw JE, Atkins RC, Ghanbarian A, Cameron AJ, et al. (2010) Waist 
circumference has heterogeneous impact on development of diabetes in different 
populations: Longitudinal comparative study between Australia and Iran. Diabetes 
research and clinical practice 88: 117-124. 

162. Coutinho T, Goel K, de Sá DC, Carter RE, Hodge DO, et al. (2013) Combining Body Mass 
Index With Measures of Central Obesity in the Assessment of Mortality in Subjects 
With Coronary DiseaseRole of “Normal Weight Central Obesity”. Journal of the 
American College of Cardiology 61: 553-560. 

163. Sahakyan KR, Somers VK, Rodriguez-Escudero JP, Hodge DO, Carter RE, et al. (2015) 
Normal-weight central obesity: implications for total and cardiovascular mortality. 
Annals of Internal Medicine 163: 827-835. 

164. Romero-Corral A, Somers VK, Sierra-Johnson J, Korenfeld Y, Boarin S, et al. (2010) 
Normal weight obesity: a risk factor for cardiometabolic dysregulation and 
cardiovascular mortality. European Heart Journal 31: 737-746. 

165. Connor JM, Millar SR, Buckley CM, Kearney PM, Perry IJ (2013) The Prevalence and 
Determinants of Undiagnosed and Diagnosed Type 2 Diabetes in Middle-Aged Irish 
Adults. PloS one 8: e80504. 

166. Millar SR, Perry IJ, Phillips CM (2015) HbA1c Alone Is a Poor Indicator of 
Cardiometabolic Risk in Middle-Aged Subjects with Pre-Diabetes but Is Suitable for 
Type 2 Diabetes Diagnosis: A Cross-Sectional Study. PloS one 10: e0134154. 

167. Millar SR, Perry IJ, Broeck JVd, Phillips CM (2015) Optimal Central Obesity 
Measurement Site for Assessing Cardiometabolic and Type 2 Diabetes Risk in 
Middle-Aged Adults. PloS one 10: e0129088. 

168. Millar SR, Perry IJ, Phillips CM (2015) Assessing cardiometabolic risk in middle-aged 
adults using body mass index and waist–height ratio: are two indices better than 
one? A cross-sectional study. Diabetology & metabolic syndrome 7: 1-11. 

169. Perry IJ, Collins A, Colwell N, Creagh D, Drew C, et al. (2002) Established cardiovascular 
disease and CVD risk factors in a primary care population of middle-aged Irish men 
and women. Irish Medical Journal 95: 298-301. 

170. Jackson C (2007) The general health questionnaire. Occupational medicine 57: 79-79. 



 
 

220 | P a g e  
 

171. Booth ML, Ainsworth BE, Pratt M, Ekelund U, Yngve A, et al. (2003) International 
physical activity questionnaire: 12-country reliability and validity. Medicine & 
Science in Sports & Exercise 195: 3508-1381. 

172. Harrington J, Perry I, Lutomski J, Morgan K, McGee H, et al. (2008) SLÁN 2007: Survey 
of Lifestyle, Attitudes and Nutrition in Ireland. Dietary Habits of the Irish 
Population. Department of Health and Children. Dublin. Available: 
http://www.ucd.ie/issda/data/surveyonlifestyleandattitudestonutritionslan/. pp. 6. 

173. Alwan A (2011) Global status report on noncommunicable diseases 2010: World 
Health Organization. Available: 
http://www.who.int/nmh/publications/ncd_report2010/en/. 

174. Nolan J, O'Halloran D, McKenna T, Firth R, Redmond S (2006) The cost of treating type 
2 diabetes (CODEIRE). Irish medical journal 99: 307-310. 

175. Wild S, Roglic G, Green A, Sicree R, King H (2004) Global prevalence of diabetes 
estimates for the year 2000 and projections for 2030. Diabetes Care 27: 1047-1053. 

176. Whiting DR, Guariguata L, Weil C, Shaw J (2011) IDF diabetes atlas: global estimates of 
the prevalence of diabetes for 2011 and 2030. Diabetes research and clinical 
practice 94: 311-321. 

177. Balanda KP, Barron S, Fahy L, McLaughlin A (2010) Making chronic conditions count: 
hypertension, stroke, coronary heart disease, diabetes. A systematic approach to 
estimating and forecasting population prevalence on the island of Ireland. Institute 
of Public Health. Ireland. Available: 
http://www.publichealth.ie/files/file/Making%20Chronic%20Conditions.pdf. 

178. Health IoP (2012) Diabetes Briefing. Institute of Public Health, Ireland. Available: 
http://chronicconditions.thehealthwell.info/sites/all/libraries/tinymce/files/CHRO
NIC_CONDITIONS/Diabetes_Briefing_30_Jul_12.pdf. 

179. Wareham NJ, Griffin SJ (2001) Should we screen for type 2 diabetes? Evaluation 
against National Screening Committee criteria. BMJ: British Medical Journal 322: 
986. 

180. Organization WH (2003) Screening for type 2 diabetes: report of a World Health 
Organization and International Diabetes Federation meeting: World Health 
Organization. Available: 
http://www.who.int/diabetes/publications/en/screening_mnc03.pdf. 

181. Khunti K, Davies M (2012) Should we screen for type 2 diabetes: Yes. BMJ: British 
Medical Journal 345. 

182. Zhang X, Geiss LS, Cheng YJ, Beckles GL, Gregg EW, et al. (2008) The Missed Patient 
With Diabetes How access to health care affects the detection of diabetes. 
Diabetes Care 31: 1748-1753. 

183. Kearney PM, Harrington JM, Mc Carthy VJ, Fitzgerald AP, Perry IJ (2013) Cohort Profile: 
The Cork and Kerry Diabetes and Heart Disease Study. Int J Epidemiol 42: 1253-
1262. 

http://www.ucd.ie/issda/data/surveyonlifestyleandattitudestonutritionslan/
http://www.who.int/nmh/publications/ncd_report2010/en/
http://www.publichealth.ie/files/file/Making%20Chronic%20Conditions.pdf
http://chronicconditions.thehealthwell.info/sites/all/libraries/tinymce/files/CHRONIC_CONDITIONS/Diabetes_Briefing_30_Jul_12.pdf
http://chronicconditions.thehealthwell.info/sites/all/libraries/tinymce/files/CHRONIC_CONDITIONS/Diabetes_Briefing_30_Jul_12.pdf
http://www.who.int/diabetes/publications/en/screening_mnc03.pdf


 
 

221 | P a g e  
 

184. Grundy SM, Brewer Jr HB, Cleeman JI, Smith Jr SC, Lenfant C (2004) Definition of 
metabolic syndrome report of the National Heart, Lung, and Blood 
Institute/American Heart Association Conference on scientific issues related to 
definition. Circulation 109: 433-438. 

185. Organization WH, Group ISoHW (2003) 2003 World Health Organization 
(WHO)/International Society of Hypertension (ISH) statement on management of 
hypertension. Journal of hypertension 21: 1983-1992. 

186. Rose D, Harrison E (2014) Social class in Europe: An introduction to the European 
socio-economic classification. London: Routledge. 

187. Lowry R (2012) VassarStats. The confidence interval of a proportion. Available: 
http://www.vassarstats.net/prop1.html. 

188. Smith S, Holohan J, McAuliffe A, Firth R (2003) Irish diabetes detection programme in 
general practice. Diabetic Medicine 20: 717-722. 

189. Cowie CC, Rust KF, Ford ES, Eberhardt MS, Byrd-Holt DD, et al. (2009) Full accounting 
of diabetes and pre-diabetes in the US population in 1988–1994 and 2005–2006. 
Diabetes Care 32: 287-294. 

190. Rathmann W, Haastert B, Icks Aa, Löwel H, Meisinger C, et al. (2003) High prevalence 
of undiagnosed diabetes mellitus in Southern Germany: target populations for 
efficient screening. The KORA survey 2000. Diabetologia 46: 182-189. 

191. Lipska KJ, De Rekeneire N, Van Ness PH, Johnson KC, Kanaya A, et al. (2010) Identifying 
dysglycemic states in older adults: implications of the emerging use of hemoglobin 
A1c. Journal of Clinical Endocrinology & Metabolism 95: 5289-5295. 

192. Kim JH, Shin JH, Lee HJ, Kim SY, Bae HY (2011) Discordance between HbA1c and fasting 
plasma glucose criteria for diabetes screening is associated with obesity and old 
age in Korean individuals. Diabetes research and clinical practice 94: e27-e29. 

193. Carson AP, Reynolds K, Fonseca VA, Muntner P (2010) Comparison of A1C and fasting 
glucose criteria to diagnose diabetes among US adults. Diabetes Care 33: 95-97. 

194. Du TT, Yin P, Zhang JH, Zhang D, Shi W, et al. (2013) Comparison of the performance of 
HbA1c and fasting plasma glucose in identifying dysglycaemic status in Chinese 
high‐risk subjects. Clinical and Experimental Pharmacology and Physiology 40: 63-
68. 

195. Mann DM, Carson AP, Shimbo D, Fonseca V, Fox CS, et al. (2010) Impact of A1C 
screening criterion on the diagnosis of pre-diabetes among U.S. adults. Diabetes 
Care 33: 2190-2195. 

196. Saukkonen T, Cederberg H, Jokelainen J, Laakso M, Härkönen P, et al. (2011) Limited 
Overlap Between Intermediate Hyperglycemia as Defined by A1C 5.7–6.4%, 
Impaired Fasting Glucose, and Impaired Glucose Tolerance. Diabetes Care 34: 
2314-2316. 

197. Pani LN, Korenda L, Meigs JB, Driver C, Chamany S, et al. (2008) Effect of Aging on A1C 
Levels in Individuals Without Diabetes Evidence from the Framingham Offspring 

http://www.vassarstats.net/prop1.html


 
 

222 | P a g e  
 

Study and the National Health and Nutrition Examination Survey 2001–2004. 
Diabetes Care 31: 1991-1996. 

198. Morgan K, McGee H, Watson D, Perry I, Barry M, et al. (2008) SLAN 2007: Survey of 
Lifestyle, Attitudes & Nutrition in Ireland: Main Report. Royal College of Surgeons 
in Ireland Psychology Reports: 3. 

199. McCarthy S, Gibney M, Flynn A, Livingston M. Overweight, obesity and physical activity 
levels in Irish adults: evidence from the North/South Ireland food consumption 
survey; 2002. Cambridge Univ Press. pp. 3-7. 

200. Pierce M, Zaninotto P, Steel N, Mindell J (2009) Undiagnosed diabetes—data from the 
English longitudinal study of ageing. Diabetic Medicine 26: 679-685. 

201. Villegas R, Perry IJ, Creagh D, Hinchion R, O’Halloran D (2003) Prevalence of the 
metabolic syndrome in middle-aged men and women. Diabetes Care 26: 3198-
3199. 

202. Rana JS, Li TY, Manson JE, Hu FB (2007) Adiposity compared with physical inactivity 
and risk of type 2 diabetes in women. Diabetes Care 30: 53-58. 

203. Board CI (2012) Healthcare in Ireland. CitizensinformationBoard, Ireland. Available: 
http://www.citizensinformation.ie/en/moving_country/moving_to_ireland/introdu
ction_to_the_irish_system/health_care_in_ireland.html. 

204. Agardh E, Allebeck P, Hallqvist J, Moradi T, Sidorchuk A (2011) Type 2 diabetes 
incidence and socio-economic position: a systematic review and meta-analysis. 
International Journal of Epidemiology 40: 804-818. 

205. Zhang X, Beckles GL, Bullard KM, Gregg EW, Albright AL, et al. (2010) Access to health 
care and undiagnosed diabetes along the United States-Mexico border. Revista 
Panamericana de Salud Pública 28: 182-189. 

206. Authority THIaQ (2011) Unique Identifiers. The Information and Quality Authority. 
Available: http://www.hiqa.ie/healthcare/informing-decision-making/unique-
identifiers. 

207. Kriegsman D, Penninx B, Van Eijk J, Boeke A, Deeg D (1996) Self-reports and general 
practitioner information on the presence of chronic diseases in community 
dwelling elderly. A study on the accuracy of patients' self-reports and on 
determinants of inaccuracy. Journal of clinical epidemiology 49: 1407. 

208. Okura Y, Urban LH, Mahoney DW, Jacobsen SJ, Rodeheffer RJ (2004) Agreement 
between self-report questionnaires and medical record data was substantial for 
diabetes, hypertension, myocardial infarction and stroke but not for heart failure. 
Journal of clinical epidemiology 57: 1096. 

209. Simpson CF, Boyd CM, Carlson MC, Griswold ME, Guralnik JM, et al. (2004) Agreement 
Between Self‐Report of Disease Diagnoses and Medical Record Validation in 
Disabled Older Women: Factors That Modify Agreement. Journal of the American 
Geriatrics Society 52: 123-127. 

http://www.citizensinformation.ie/en/moving_country/moving_to_ireland/introduction_to_the_irish_system/health_care_in_ireland.html
http://www.citizensinformation.ie/en/moving_country/moving_to_ireland/introduction_to_the_irish_system/health_care_in_ireland.html
http://www.hiqa.ie/healthcare/informing-decision-making/unique-identifiers
http://www.hiqa.ie/healthcare/informing-decision-making/unique-identifiers


 
 

223 | P a g e  
 

210. Hinchion R, Sheehan J, Perry I (2002) Primary care research: patient registration. Ir 
Med J 95: 249-249. 

211. Harrell Jr FE, Lee KL, Califf RM, Pryor DB, Rosati RA (1984) Regression modelling 
strategies for improved prognostic prediction. Statistics in medicine 3: 143-152. 

212. Federation ID (2008) Diabetes: The policy puzzle: Is Europe making progress? : 
European Coalition for Diabetes. Available: 
http://www.idf.org/regions/EUR/policypuzzle. 

213. Nguyen NT, Nguyen X-MT, Lane J, Wang P (2011) Relationship between obesity and 
diabetes in a US adult population: findings from the National Health and Nutrition 
Examination Survey, 1999–2006. Obesity surgery 21: 351-355. 

214. Calle M, Fernandez M (2012) Inflammation and type 2 diabetes. Diabetes & 
metabolism 38: 183-191. 

215. Grundy SM, Benjamin IJ, Burke GL, Chait A, Eckel RH, et al. (1999) Diabetes and 
cardiovascular disease a statement for healthcare professionals from the American 
Heart Association. Circulation 100: 1134-1146. 

216. Tabak AG, Herder C, Rathmann W, Brunner EJ, Kivimäki M (2012) Prediabetes: a high-
risk state for diabetes development. The Lancet 379: 2279-2290. 

217. Gillett MJ (2009) International Expert Committee Report on the Role of the A1C Assay 
in the Diagnosis of Diabetes Diabetes Care 32: 1327-1334. 

218. Church D, Simmons D (2014) More evidence of the problems of using HbA1c for 
diagnosing diabetes? The known knowns, the known unknowns and the unknown 
unknowns. Journal of internal medicine 276: 171-173. 

219. Marini MA, Succurro E, Castaldo E, Cufone S, Arturi F, et al. (2012) Cardiometabolic 
risk profiles and carotid atherosclerosis in individuals with prediabetes identified by 
fasting glucose, postchallenge glucose, and hemoglobin A1c criteria. Diabetes Care 
35: 1144-1149. 

220. Rathmann W, Kowall B, Tamayo T, Giani G, Holle R, et al. (2012) Hemoglobin A1c and 
glucose criteria identify different subjects as having type 2 diabetes in middle-aged 
and older populations: The KORA S4/F4 Study. Annals of Medicine 44: 170-177. 

221. Inoue M, Inoue K, Akimoto K (2012) Effects of Age and Sex in the Diagnosis of Type 2 
Diabetes Using Glycated Haemoglobin in Japan: The Yuport Medical Checkup 
Centre Study. PloS one 7: e40375. 

222. Wolffenbuttel BHR, Herman WH, Gross JL, Dharmalingam M, Honghua H J, et al. 
(2013) Ethnic Differences in Glycemic Markers in Patients With Type 2 Diabetes. 
Diabetes Care 36: 2931-2936. 

223. Mostafa SA, Khunti K, Srinivasan BT, Webb D, Gray LJ, et al. (2010) The potential 
impact and optimal cut-points of using glycated haemoglobin, HbA1c, to detect 
people with impaired glucose regulation in a UK multi-ethnic cohort. Diabetes 
research and clinical practice 90: 100. 

http://www.idf.org/regions/EUR/policypuzzle


 
 

224 | P a g e  
 

224. Kharroubi AT, Darwish HM, Al-Halaweh AIA, Khammash UM (2014) Evaluation of 
glycated hemoglobin (HbA1c) for diagnosing type 2 diabetes and prediabetes 
among Palestinian Arab population. PloS one 9: e88123. 

225. Lorenzo C, Wagenknecht LE, Hanley AJ, Rewers MJ, Karter AJ, et al. (2010) A1C 
Between 5.7 and 6.4% as a Marker for Identifying Pre-Diabetes, Insulin Sensitivity 
and Secretion, and Cardiovascular Risk Factors The Insulin Resistance 
Atherosclerosis Study (IRAS). Diabetes Care 33: 2104-2109. 

226. Inoue K, Matsumoto M, Akimoto K (2008) Fasting plasma glucose and HbA1c as risk 
factors for type 2 diabetes. Diabetic Medicine 25: 1157-1163. 

227. Heianza Y, Hara S, Arase Y, Saito K, Fujiwara K, et al. (2011) HbA1c 5.7-6.4% and 
impaired fasting plasma glucose for diagnosis of prediabetes and risk of 
progression to diabetes in Japan (TOPICS 3): a longitudinal cohort study. Lancet 
378: 147-155. 

228. Sato KK, Hayashi T, Harita N, Yoneda T, Nakamura Y, et al. (2009) Combined 
measurement of fasting plasma glucose and A1C is effective for the prediction of 
type 2 diabetes the Kansai Healthcare Study. Diabetes Care 32: 644-646. 

229. Lipska KJ, Inzucchi SE, Van Ness PH, Gill TM, Kanaya A, et al. (2013) Elevated HbA1c 
and Fasting Plasma Glucose in Predicting Diabetes Incidence Among Older Adults 
Are two better than one? Diabetes Care 36: 3923-3929. 

230. Stern MP, Williams K, González-Villalpando C, Hunt KJ, Haffner SM (2004) Does the 
metabolic syndrome improve identification of individuals at risk of type 2 diabetes 
and/or cardiovascular disease? Diabetes Care 27: 2676-2681. 

231. Hotamisligil GS (2006) Inflammation and metabolic disorders. Nature 444: 860-867. 

232. Phillips CM, Perry IJ (2013) Does Inflammation Determine Metabolic Health Status in 
Obese and Nonobese Adults? The Journal of Clinical Endocrinology & Metabolism 
98: E1610-E1619. 

233. Van Greevenbroek M, Schalkwijk C, Stehouwer C (2013) Obesity-associated low-grade 
inflammation in type 2 diabetes mellitus: causes and consequences. Neth J Med 71: 
174-187. 

234. Twigg SM, Kamp MC, Davis TM, Neylon EK, Flack JR (2007) Prediabetes: a position 
statement from the Australian Diabetes Society and Australian Diabetes Educators 
Association. Medical journal of Australia 186: 461. 

235. Lapolla A, Mosca A, Fedele D (2011) The general use of glycated haemoglobin for the 
diagnosis of diabetes and other categories of glucose intolerance: still a long way to 
go. Nutrition, Metabolism and Cardiovascular Diseases 21: 467-475. 

236. Olson DE, Rhee MK, Herrick K, Ziemer DC, Twombly JG, et al. (2010) Screening for 
diabetes and pre-diabetes with proposed A1C-based diagnostic criteria. Diabetes 
Care 33: 2184-2189. 



 
 

225 | P a g e  
 

237. Cohen RM, Haggerty S, Herman WH (2010) HbA1c for the diagnosis of diabetes and 
prediabetes: is it time for a mid-course correction? Journal of Clinical 
Endocrinology & Metabolism 95: 5203-5206. 

238. Khaw K-T, Wareham N, Bingham S, Luben R, Welch A, et al. (2004) Association of 
hemoglobin A1c with cardiovascular disease and mortality in adults: the European 
prospective investigation into cancer in Norfolk. Annals of Internal Medicine 141: 
413-420. 

239. Morris D, Khunti K, Achana F, Srinivasan B, Gray L, et al. (2013) Progression rates from 
HbA1c 6.0–6.4% and other prediabetes definitions to type 2 diabetes: a meta-
analysis. Diabetologia 56: 1489-1493. 

240. Mainous AG, Tanner RJ, Baker R, Zayas CE, Harle CA (2014) Prevalence of prediabetes 
in England from 2003 to 2011: population-based, cross-sectional study. BMJ open 
4: e005002. 

241. Yudkin JS, Montori VM (2014) The epidemic of pre-diabetes: the medicine and the 
politics. Bmj 349: g4485. 

242. Cronin S, Berger S, Ding J, Schymick JC, Washecka N, et al. (2008) A genome-wide 
association study of sporadic ALS in a homogenous Irish population. Human 
molecular genetics 17: 768-774. 

243. Gómez-Ambrosi J, Silva C, Galofré J, Escalada J, Santos S, et al. (2011) Body mass index 
classification misses subjects with increased cardiometabolic risk factors related to 
elevated adiposity. International Journal of Obesity 36: 286-294. 

244. Okorodudu D, Jumean M, Montori V, Romero-Corral A, Somers V, et al. (2010) 
Diagnostic performance of body mass index to identify obesity as defined by body 
adiposity: a systematic review and meta-analysis. International Journal of Obesity 
34: 791-799. 

245. Phillips CM, Tierney AC, Perez‐Martinez P, Defoort C, Blaak EE, et al. (2013) Obesity 
and body fat classification in the metabolic syndrome: impact on cardiometabolic 
risk metabotype. Obesity 21: E154-E161. 

246. Millar SR, Perry IJ, Phillips CM (2013) Surrogate Measures of Adiposity and 
Cardiometabolic Risk - Why the Uncertainty? A Review of Recent Meta-Analytic 
Studies. Journal of Diabetes and Metabolism S11: 004. 

247. Matthews D, Hosker J, Rudenski A, Naylor B, Treacher D, et al. (1985) Homeostasis 
model assessment: insulin resistance and β-cell function from fasting plasma 
glucose and insulin concentrations in man. Diabetologia 28: 412-419. 

248. Janes H, Longton G, Pepe M (2009) Accommodating covariates in ROC analysis. The 
Stata Journal 9: 17. 

249. Steyerberg EW, Vickers AJ, Cook NR, Gerds T, Gonen M, et al. (2010) Assessing the 
performance of prediction models: a framework for some traditional and novel 
measures. Epidemiology 21: 128. 



 
 

226 | P a g e  
 

250. Ma W-Y, Yang C-Y, Shih S-R, Hsieh H-J, Hung CS, et al. (2013) Measurement of Waist 
Circumference Midabdominal or iliac crest? Diabetes Care 36: 1660-1666. 

251. Ntuk UE, Gill JM, Mackay DF, Sattar N, Pell JP (2014) Ethnic-specific obesity cutoffs for 
diabetes risk: cross-sectional study of 490,288 UK biobank participants. Diabetes 
Care 37: 2500-2507. 

252. Cornier M-A, Després J-P, Davis N, Grossniklaus DA, Klein S, et al. (2011) Assessing 
Adiposity A Scientific Statement From the American Heart Association. Circulation 
124: 1996-2019. 

253. Ness-Abramof R, Apovian CM (2008) Waist circumference measurement in clinical 
practice. Nutrition in Clinical Practice 23: 397-404. 

254. Wang J, Thornton JC, Bari S, Williamson B, Gallagher D, et al. (2003) Comparisons of 
waist circumferences measured at 4 sites. The American journal of clinical nutrition 
77: 379-384. 

255. Panagiotakos DB, Pitsavos C, Yannakoulia M, Chrysohoou C, Stefanadis C (2005) The 
implication of obesity and central fat on markers of chronic inflammation: The 
ATTICA study. Atherosclerosis 183: 308-315. 

256. Phillips CM (2013) Metabolically healthy obesity: definitions, determinants and clinical 
implications. Reviews in Endocrine and Metabolic Disorders 14: 219-227. 

257. van Vliet-Ostaptchouk JV, Nuotio M-L, Slagter SN, Doiron D, Fischer K, et al. (2014) The 
prevalence of metabolic syndrome and metabolically healthy obesity in Europe: a 
collaborative analysis of ten large cohort studies. BMC Endocrine Disorders 14: 9. 

258. Mårin P, Andersson B, Ottosson M, Olbe L, Chowdhury B, et al. (1992) The morphology 
and metabolism of intraabdominal adipose tissue in men. Metabolism 41: 1242-
1248. 

259. Fried SK, Bunkin DA, Greenberg AS (1998) Omental and Subcutaneous Adipose Tissues 
of Obese Subjects Release Interleukin-6: Depot Difference and Regulation by 
Glucocorticoid 1. The Journal of Clinical Endocrinology & Metabolism 83: 847-850. 

260. Motoshima H, Wu X, Sinha MK, Hardy VE, Rosato EL, et al. (2002) Differential 
regulation of adiponectin secretion from cultured human omental and 
subcutaneous adipocytes: effects of insulin and rosiglitazone. The Journal of Clinical 
Endocrinology & Metabolism 87: 5662-5667. 

261. Yang Y, Lu H, Zhang J, Yu H, Wang H, et al. (2006) Relationships among acylation 
stimulating protein, adiponectin and complement C3 in lean vs obese type 2 
diabetes. International Journal of Obesity 30: 439-446. 

262. Engström G, Hedblad B, Eriksson K-F, Janzon L, Lindgärde F (2005) Complement C3 Is a 
Risk Factor for the Development of Diabetes A Population-Based Cohort Study. 
Diabetes 54: 570-575. 

263. Muscari A, Antonelli S, Bianchi G, Cavrini G, Dapporto S, et al. (2007) Serum C3 Is a 
Stronger Inflammatory Marker of Insulin Resistance Than C-Reactive Protein, 



 
 

227 | P a g e  
 

Leukocyte Count, and Erythrocyte Sedimentation Rate Comparison study in an 
elderly population. Diabetes Care 30: 2362-2368. 

264. Wannamethee SG, Lowe GD, Rumley A, Cherry L, Whincup PH, et al. (2007) Adipokines 
and risk of type 2 diabetes in older men. Diabetes Care 30: 1200-1205. 

265. Lai H, Lin N, Xing Z, Weng H, Zhang H (2015) Association between the level of 
circulating adiponectin and prediabetes: A meta‐analysis. Journal of diabetes 
investigation 6: 416-429. 

266. Asterholm IW, Scherer PE (2010) Enhanced metabolic flexibility associated with 
elevated adiponectin levels. The American journal of pathology 176: 1364-1376. 

267. Twig G, Afek A, Shamiss A, Derazne E, Tzur D, et al. (2013) White blood cells count and 
incidence of type 2 diabetes in young men. Diabetes Care 36: 276-282. 

268. Egger G, Dixon J (2010) Inflammatory effects of nutritional stimuli: further support for 
the need for a big picture approach to tackling obesity and chronic disease. Obesity 
reviews 11: 137-149. 

269. Duncan BB, Schmidt MI, Chambless LE, Folsom AR, Carpenter M, et al. (2000) 
Fibrinogen, Other Putative Markers of Inflammation, and Weight Gain in 
Middle‐aged Adults—The ARIC Study. Obesity research 8: 279-286. 

270. Engström G, Hedblad B, Stavenow L, Lind P, Janzon L, et al. (2003) Inflammation-
sensitive plasma proteins are associated with future weight gain. Diabetes 52: 
2097-2101. 

271. Luft VC, Schmidt MI, Pankow JS, Couper D, Ballantyne CM, et al. (2013) Chronic 
inflammation role in the obesity-diabetes association: a case-cohort study. 
Diabetology & metabolic syndrome 5: 1. 

272. Brinkley TE, Hsu F-C, Beavers KM, Church TS, Goodpaster BH, et al. (2012) Total and 
abdominal adiposity are associated with inflammation in older adults using a factor 
analysis approach. The Journals of Gerontology Series A: Biological Sciences and 
Medical Sciences 67: 1099-1106. 

273. Can AS (2011) Body Mass Index, Waist-to-Height Ratio, Cardiometabolic Risk Factors 
and Diseases in a New Obesity Classification Proposal. The Open Obesity Journal 3: 
55-61. 

274. McCarron P, Okasha M, McEwen J, Smith GD (2002) Height in young adulthood and 
risk of death from cardiorespiratory disease: a prospective study of male former 
students of Glasgow University, Scotland. American Journal of Epidemiology 155: 
683-687. 

275. Engeland A, Bjørge T, Selmer RM, Tverdal A (2003) Height and body mass index in 
relation to total mortality. Epidemiology 14: 293-299. 

276. Leahy S, O’Halloran A, O’Leary N, Healy M, McCormack M, et al. (2015) Prevalence and 
correlates of diagnosed and undiagnosed type 2 diabetes mellitus and pre-diabetes 
in older adults: Findings from the Irish Longitudinal Study on Ageing (TILDA). 
Diabetes research and clinical practice 110: 241-249. 



 
 

228 | P a g e  
 

277. Kim C-H, Kim H-K, Kim E-H, Bae S-J, Choe J, et al. (2016) Risk of progression to diabetes 
from prediabetes defined by HbA1c or fasting plasma glucose criteria in Koreans. 
Diabetes research and clinical practice 118: 105-111. 

278. Matsushita Y, Tomita K, Yokoyama T, Mizoue T (2010) Relations between waist 
circumference at four sites and metabolic risk factors. Obesity 18: 2374-2378. 

279. Jung CH, Lee MJ, Kang YM, Jang JE, Leem J, et al. (2015) The risk of incident type 2 
diabetes in a Korean metabolically healthy obese population: the role of systemic 
inflammation. The Journal of Clinical Endocrinology & Metabolism 100: 934-941. 

280. Meigs JB (2009) Multiple biomarker prediction of type 2 diabetes. Diabetes Care 32: 
1346-1348. 

281. Wu H, Yu Z, Qi Q, Li H, Sun Q, et al. (2011) Joint analysis of multiple biomarkers for 
identifying type 2 diabetes in middle-aged and older Chinese: a cross-sectional 
study. BMJ open 1: e000191. 

282. Dallmeier D, Larson MG, Wang N, Fontes JD, Benjamin EJ, et al. (2012) Addition of 
inflammatory biomarkers did not improve diabetes prediction in the community: 
the framingham heart study. Journal of the American Heart Association 1: e000869. 

283. Raynor L, Pankow JS, Duncan BB, Schmidt MI, Hoogeveen RC, et al. (2013) Novel risk 
factors and the prediction of type 2 diabetes in the Atherosclerosis Risk in 
Communities (ARIC) study. Diabetes Care 36: 70-76. 

284. Wannamethee SG, Shaper AG, Morris RW, Whincup PH (2005) Measures of adiposity 
in the identification of metabolic abnormalities in elderly men. The American 
journal of clinical nutrition 81: 1313-1321. 

285. Ardern CI, Katzmarzyk PT, Janssen I, Ross R (2003) Discrimination of health risk by 
combined body mass index and waist circumference. Obesity research 11: 135-142. 

286. Ashwell M, Gibson S (2016) Waist-to-height ratio as an indicator of ‘early health risk’: 
simpler and more predictive than using a ‘matrix’based on BMI and waist 
circumference. BMJ open 6: e010159. 

287. Rathmann W, Martin S, Haastert B, Icks A, Holle R, et al. (2005) Performance of 
screening questionnaires and risk scores for undiagnosed diabetes: the KORA 
Survey 2000. Archives of Internal Medicine 165: 436-441. 

288. Witte D, Shipley M, Marmot M, Brunner E (2010) Performance of existing risk scores in 
screening for undiagnosed diabetes: an external validation study. Diabetic 
Medicine 27: 46-53. 

289. Gray L, Taub N, Khunti K, Gardiner E, Hiles S, et al. (2010) The Leicester Risk 
Assessment score for detecting undiagnosed type 2 diabetes and impaired glucose 
regulation for use in a multiethnic UK setting. Diabetic Medicine 27: 887-895. 

290. Tankova T, Chakarova N, Atanassova I, Dakovska L (2011) Evaluation of the Finnish 
Diabetes Risk Score as a screening tool for impaired fasting glucose, impaired 
glucose tolerance and undetected diabetes. Diabetes research and clinical practice 
92: 46-52. 



 
 

229 | P a g e  
 

291. Vistisen D, Lee CM, Colagiuri S, Borch-Johnsen K, Glümer C (2012) A globally applicable 
screening model for detecting individuals with undiagnosed diabetes. Diabetes 
research and clinical practice 95: 432-438. 

292. Dugee O, Janchiv O, Jousilahti P, Sakhiya A, Palam E, et al. (2015) Adapting existing 
diabetes risk scores for an Asian population: a risk score for detecting undiagnosed 
diabetes in the Mongolian population. BMC Public Health 15: 1. 

293. Andris J (2015) Prediabetes: best de nuchtere glykemie meten. News4Med. Available: 
https://www.news4med.com/newsletteredition/News4Med%20Daily/180?articlei
d=6596. 

294. Schlienger J-L (2015) Diagnostic des états prédiabétiques : avantage à la glycémie à 
jeun. Resoladi. Available: http://www.resoladi.fr/diagnostic-des-etats-
prediabetiques-avantage-glycemie-jeun-
a101?PHPSESSID=rr7sn3cj70gkorjie3sli04vr4. 

295. Manzano E (2014) Combined BMI, waist-height ratio may predict CVD, diabetes risk. 
MIMS. Available: http://news.mims.com/malaysia/topic/combined-bmi-waist-
height-ratio-may-predict-cvd-diabetes-risk. 

296. Healio (2014) Cardiometabolic risk identification improved with combined indices. 
Endocrine Today. Available: 
http://www.healio.com/endocrinology/cardiometabolic-
disorders/news/online/%7Bc267e8b0-f74d-4394-84b3-
3944a931be60%7D/cardiometabolic-risk-identification-improved-with-combined-
indices. 

297. Nainggolan L (2014) Waist-to-Height Ratio Plus BMI Identifies Obese at Highest CVD 
Risk. Medscape. Available: http://www.medscape.com/viewarticle/826049. 

298. Brown P (2009) Waist circumference in primary care. Primary Care Diabetes 3: 259-
261. 

299. Litwin SE (2008) Which Measures of Obesity Best Predict Cardiovascular Risk? Journal 
of the American College of Cardiology 52: 616-619. 

300. Ashwell M, Gibson S (2014) A proposal for a primary screening tool:‘Keep your waist 
circumference to less than half your height’. BMC medicine 12: 1. 

301. Gómez‐Ambrosi J, Silva C, Galofré JC, Escalada J, Santos S, et al. (2011) Body adiposity 
and type 2 diabetes: increased risk with a high body fat percentage even having a 
normal BMI. Obesity 19: 1439-1444. 

 

 

 

 

 

http://www.news4med.com/newsletteredition/News4Med%20Daily/180?articleid=6596
http://www.news4med.com/newsletteredition/News4Med%20Daily/180?articleid=6596
http://www.resoladi.fr/diagnostic-des-etats-prediabetiques-avantage-glycemie-jeun-a101?PHPSESSID=rr7sn3cj70gkorjie3sli04vr4
http://www.resoladi.fr/diagnostic-des-etats-prediabetiques-avantage-glycemie-jeun-a101?PHPSESSID=rr7sn3cj70gkorjie3sli04vr4
http://www.resoladi.fr/diagnostic-des-etats-prediabetiques-avantage-glycemie-jeun-a101?PHPSESSID=rr7sn3cj70gkorjie3sli04vr4
http://news.mims.com/malaysia/topic/combined-bmi-waist-height-ratio-may-predict-cvd-diabetes-risk
http://news.mims.com/malaysia/topic/combined-bmi-waist-height-ratio-may-predict-cvd-diabetes-risk
http://www.healio.com/endocrinology/cardiometabolic-disorders/news/online/%7Bc267e8b0-f74d-4394-84b3-3944a931be60%7D/cardiometabolic-risk-identification-improved-with-combined-indices
http://www.healio.com/endocrinology/cardiometabolic-disorders/news/online/%7Bc267e8b0-f74d-4394-84b3-3944a931be60%7D/cardiometabolic-risk-identification-improved-with-combined-indices
http://www.healio.com/endocrinology/cardiometabolic-disorders/news/online/%7Bc267e8b0-f74d-4394-84b3-3944a931be60%7D/cardiometabolic-risk-identification-improved-with-combined-indices
http://www.healio.com/endocrinology/cardiometabolic-disorders/news/online/%7Bc267e8b0-f74d-4394-84b3-3944a931be60%7D/cardiometabolic-risk-identification-improved-with-combined-indices
http://www.medscape.com/viewarticle/826049


 
 

230 | P a g e  
 

___________________________APPENDICES  



 
 

231 | P a g e  
 

Appendix 1: Supporting Table 1 

 

 

 
Univariate odds ratios (95% CI) of having undiagnosed or diagnosed type 2 diabetes compared 
to no diabetes. 
 

Feature Odds ratio (95% CI) of having 
undiagnosed diabetes compared to 
no diabetes

1
 

Odds ratio (95% CI) of having 
diagnosed diabetes compared to no 
diabetes

2
 

 Odds ratio 95% CI Odds ratio 95% CI 

Health conditions     

 Male 1.6  (1.0-2.6) 2.3  (1.5-3.6) 
 Age >60 years  1.3  (0.8-2.0) 2.0  1.3-3.1) 
 On Rx for hypertension 2.3  (1.4-3.6) 5.1  (3.4-7.8) 
 On Rx for cholesterol 1.9  (1.2-3.1) 3.9  (2.6-5.9) 
 BMI category:     
 <25  1  1  
 25-29.9 3.1  (1.1-8.9) 11.0  (2.7-45.6) 
 >30  8.7  (3.1-24.3) 22.5  (5.5-92.8) 
 Family diabetes history 2.0  (1.2-3.4) 5.4  (3.6-8.2) 
 CVD 2.9  (1.6-5.2) 4.0  (2.5-6.3) 

Socio-economic     

 Education:     
 Bachelor or higher 1  1  
 Diploma 1.1  (0.3-4.0) 0.9  (0.3-2.9) 
 Secondary 1.6  (0.6-4.5) 1.6  (0.6-4.2) 
 Primary only 2.6  (0.9-7.5) 3.3  (1.3-8.5) 
 Social class:     
 High income 1  1  
 Middle income 1.6  (0.7-4.0) 1.4  (0.7-2.9) 
 Low income 1.9  (0.7-4.8) 1.5  (0.8-2.9) 

Medical cover     

 Health insurance:     
 Private insurance 1  1  
 State insurance 3.0  (1.8-5.1) 2.4  (1.6-3.6) 
 No insurance 3.0  (1.6-5.6) 0.8  (0.3-1.7) 

Health behaviours     

 Physical activity:     
 High 1  1  
 Moderate 2.8  (1.3-6.1) 1.7  (1.0-2.7) 
 No physical exercise 7.0  (3.4-14.7) 1.9  (1.1-3.3) 
 Smoker 1.2  (0.8-2.0) 1.5  (1.0-2.3) 
 Alcohol use:     
 Non-drinker 1  1  
 Occasional drinker 0.7  (0.4-1.3) 1. (0.7-1.8) 
 Regular drinker 0.6  (0.4-1.1) 0.5  (0.3-0.8) 

Metabolic     

 Triglycerides >1.7 3.7  (2.3-6.0) 2.0  (1.3-3.1) 
 Non-optimal HDL-C

3
 4.9  (3.0-7.9) 4.8  (3.2-7.3) 

 Dyslipidaemia
4
 7.2  (4.3-12.2) 3.9  (2.3-6.5) 

 Hypertension
5
 1.6  (1.0-2.5) 0.9  (0.6-1.4) 

 
1
Models excluding subjects with diagnosed diabetes.  

2
Models excluding subjects with undiagnosed diabetes.  

3
HDL-C <1.03 (males) or <1.29 (females).  

4
Dyslipidaemia: triglycerides >1.7 and HDL-C <1.03 (males) or <1.29 (females). 

5
Hypertension: SBP >140 and/or DBP >90. 
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Appendix 2: Supporting Figure 1 

 
Odds ratios (95% CI) of having cardiometabolic risk features for a one standard 
deviation increase in each adiposity measure. 

 

 

HIGH TRIGLYCERIDES 

 

LOW HDL-C 

 

HIGH BP 
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INSULIN RESISTANCE 

 

 

IMPAIRED FPG1  

 

 

1
FPG >5.6 mmol/l. Models exclude subjects with type 2 diabetes.  
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Appendix 3: Supporting Table 2 

 

Relationships between adverse cytokine levels and type 2 diabetes adjusting for either BMI, WC, or both.  

 

Feature Model 1 Model 2 Model 3 Model 4 Model 5 

 Odds ratios (95% CI)    

Either high IL-6 or high TNF-α  2.80 (1.94-4.04)2 2.17 (1.48-3.18)2 2.02 (1.38-2.97)2 2.07 (1.41-3.05)2 1.95 (1.26-3.02)2 

BMI1  1.88 (1.60-2.21)2  0.70 (0.48-1.03) 0.74 (0.48-1.14) 
WC1   2.26 (1.89-2.69)2 3.13 (2.11-4.64)2 2.68 (1.71-4.20)2 

 Odds ratios (95% CI)    

Both high IL-6 and high TNF-α  3.16 (2.09-4.78)2 2.33 (1.50-3.61)2 2.03 (1.30-3.18)2 2.05 (1.31-3.21)2 2.27 (1.36-3.78)2 

BMI1  1.92 (1.63-2.26)2  0.73 (0.50-1.07) 0.76 (0.50-1.17) 
WC1   2.30 (1.93-2.75)2 3.07 (2.06-4.57)2 2.66 (1.70-4.17)2 
Model 1 adjusted for age and gender.  
Model 2 adjusted for age, gender and BMI. 
Model 3 adjusted for age, gender and WC. 
Model 4 adjusted for age, gender, BMI and WC. 
Model 5 adjusted for age, gender, BMI, WC, use of anti-inflammatory medications, physical activity, smoking and alcohol use.  
1
1 SD increase. 

2
P<0.05. 
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Appendix 4: Research Outputs and Dissemination 

 
Thesis-related journal articles 
 
Connor JM, Millar SR, Buckley CM, Kearney PM, Perry IJ. (2013) The 

Prevalence and Determinants of Undiagnosed and Diagnosed Type 2 

Diabetes in Middle-Aged Irish Adults. PLOS ONE. 

 

Millar SR, Perry IJ, Broeck JVD, Phillips CM. (2015) Optimal Central 

Obesity Measurement Site for Assessing Cardiometabolic and Type 2 

Diabetes Risk in Middle-Aged Adults. PLOS ONE. 

 

Millar SR, Perry IJ, Phillips CM. (2015) HbA1c Alone Is a Poor Indicator of 

Cardiometabolic Risk in Middle-Aged Subjects with Pre-Diabetes but is 

Suitable for Type 2 Diabetes Diagnosis: A Cross-Sectional Study. PLOS 

ONE.  

 

Millar SR, Perry IJ, Phillips CM. (2015) Assessing Cardiometabolic Risk in 

Middle-Aged Adults Using Body Mass Index and Waist–Height Ratio: Are 

Two Indices Better Than One? A Cross-Sectional Study. Diabetology & 

Metabolic Syndrome.  

 

 

 

Other journal articles 

 

Gaye A, Marcon Y, Isaeva J, LaFlamme P, Turner A, Jones EM, Minion 

J, Boyd AW, Newby CJ, Nuotio ML, Wilson R, Butters O, Murtagh B, 

Demir I, Doiron D, Giepmans L, Wallace SE, Budin-Ljøsne I, Schmidt 

CO, Boffetta P, Boniol M, Bota M, Carter KW, deKlerk N, Dibben C, 

Francis RW, Hiekkalinna T, Hveem K, Kvaløy K, Millar SR, Perry IJ, 

Peters A, Phillips CM, Popham F, Raab G, Reischl E, Sheehan N, 

Waldenberger M, Perola M, Heuvel EVD, Macleod J, Knoppers BM, Stolk 

RP, Fortier I, Harris JR, Woffenbuttel BHR, Murtagh MJ, Ferretti V and 

Burton PR. (2014) DataSHIELD: Taking the Analysis to the Data, not the 

Data to the Analysis. International Journal of Epidemiology. 

 

O’Reilly MA, Millar SR, Buckley, CM, Harrington JM, Perry IJ, Cahill MR. 

(2015) Smoking as an Independent Risk Factor for Macrocytosis in Middle-

Aged Adults. A Population-Based Observational Study. American Journal of 

Hematology. 
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Published abstracts 

Millar SR, Perry IJ, Broeck JVD, Phillips CM. (2014) Optimal Central 

Obesity Measurement Site for Assessing Cardiometabolic and Type 2 

Diabetes Risk in Middle-Aged Adults. Journal of Epidemiology and 

Community Health. 

 

Millar SR, Perry IJ, Phillips CM. (2014) Cardiometabolic Risk Profiles in 

Pre-Diabetes and Diabetes Defined by Fasting Plasma Glucose and HbA1c 

Levels in Middle-Aged Adults. Journal of Epidemiology and Community 

Health. 

 

Millar SR, Connor JM, Buckley CM, Kearney PM, Perry IJ. (2014) The 

Prevalence and Determinants of Undiagnosed and Diagnosed Type 2 

Diabetes in Middle-Aged Irish Adults. Diabetes and Primary Care.  

 

Millar SR, Perry IJ, Broeck JVD, Phillips CM. (2014) Optimal Central 

Obesity Measurement Site for Assessing Cardiometabolic and Type 2 

Diabetes Risk in Middle-Aged Adults. Diabetes and Primary Care. 

 

Millar SR, Perry IJ, Phillips CM. (2014) Assessing Cardiometabolic Risk in 

Middle-Aged Adults Using Body Mass Index and Waist–Height Ratio: Are 

Two Indices Better Than One? Diabetes and Primary Care.  

 

Millar SR, Perry IJ, Broeck JVD, Phillips CM. (2015) Optimal Central 

Obesity Measurement Site for Assessing Cardiometabolic and Type 2 

Diabetes Risk in Middle-Aged Adults. Appetite. 

 

Millar SR, Perry IJ, Phillips CM. (2015) Assessing Cardiometabolic Risk in 

Middle-Aged Adults Using Body Mass Index and Waist–Height Ratio: Are 

Two Indices Better Than One? Appetite.  

 

O Connor D, Griffin DL, O’Sullivan JS, Millar SR, O’Keefe J, Bird BR, 

Deady S, Murphy CG (2015) Pre-Surgical Neutrophil-to-Lymphocyte Ratio 

(NLR) is a Prognostic Indicator of Recurrence Free and Overall Survival in 

Breast Cancer Patients Undergoing Primary Surgery. Cancer Research.  

 

Millar SR, Perry IJ, Phillips CM. (2015) Cardiometabolic Risk Profiles in 

Pre-Diabetes and Diabetes Defined by Fasting Plasma Glucose and HbA1c 

Levels in Middle-Aged Adults. European Journal of Epidemiology. 

 

Millar SR, Perry IJ, Broeck JVD, Phillips CM. (2015) Optimal Central 

Obesity Measurement Site for Assessing Cardiometabolic and Type 2 

Diabetes Risk in Middle-Aged Adults. European Journal of Epidemiology. 
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Millar SR, Perry IJ, Phillips CM. (2015) Assessing Cardiometabolic Risk in 

Middle-Aged Adults Using Body Mass Index and Waist–Height Ratio: Are 

Two Indices Better Than One? European Journal of Epidemiology.  

 

Millar SR, Perry IJ, Phillips CM. (2015) General and Central Obesity 

Measurement Associations with Markers of Chronic Low-Grade Inflammation 

and Type 2 Diabetes. European Journal of Epidemiology. 

 

Millar SR, Connor JM, Buckley CM, Kearney PM, Perry IJ. (2015) The 

Prevalence and Determinants of Undiagnosed and Diagnosed Type 2 

Diabetes in Middle-Aged Irish Adults. Journal of Epidemiology and 

Community Health. 

 

Millar SR, Perry IJ, Phillips CM. (2015) General and Central Obesity 

Measurement Associations with Markers of Chronic Low-Grade Inflammation 

and Type 2 Diabetes. Journal of Epidemiology and Community Health. 

 

Millar SR, Perry IJ, Phillips CM. (2015) Assessing Cardiometabolic Risk in 

Middle-Aged Adults Using Body Mass Index and Waist–Height Ratio: Are 

Two Indices Better Than One? Journal of Epidemiology and Community 

Health.  

 

 

 

Oral presentations 

 

Millar SR, Perry IJ, Phillips CM. Assessing Cardiometabolic Risk in Middle-

Aged Adults Using Body Mass Index and Waist-Height Ratio – Are Two 

Indices Better Than One? 21st European Congress on Obesity, Sofia, 

Bulgaria; 05/2014. 

 

Millar SR, Perry IJ, Broeck JVD, Phillips CM. Optimal Central Obesity 

Measurement Site for Assessing Cardiometabolic and Type 2 Diabetes Risk 

in Middle-Aged Adults. ASO UK Congress on Obesity, Birmingham, UK; 

09/2014. 

 

Millar SR, Connor JM, Buckley CM, Kearney PM, Perry IJ. The 

Prevalence and Determinants of Undiagnosed and Diagnosed Type 2 

Diabetes in Middle-Aged Irish Adults. New Horizons in Medical Research 

Conference, Cork, Ireland; 12/2014. 
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Oral presentations continued 

Millar SR, Perry IJ, Phillips CM. Assessing Cardiometabolic Risk in Middle-

Aged Adults Using Body Mass Index and Waist-Height Ratio – Are Two 

Indices Better Than One? Society for Social Medicine 59th Annual Scientific 

Meeting, Dublin, Ireland; 09/2015. 
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Appendix 5: Anthropometric Measurement Procedures 

1.0 Weight Measurements 

1.1 Introduction 
Height and weight measurements provide the necessary details to calculate 
the body mass index of participants.  

 

1.2 Responsibilities 
Research nurses trained in the method are responsible for recording weight 
measurements for all participants. 
 

1.3 Equipment 

 Portable electronic TANITA WB-100MA weighing scale  

 Calibration weights (75kgs) 

 

1.4 Methods 
1.4.1 Set up requirements: 

 Make sure the scales are placed on a firm, flat surface. Place the 
display unit on an even surface nearby. Do not place the scales on 
carpet, sloping surfaces or rough, uneven surfaces.  

1.4.2 Calibration 

 It will be necessary to calibrate the scales on a regular basis to ensure 
it accurately records weight on an ongoing basis.  

 The weighing scales will have been calibrated by the suppliers before 
the study commenced (June 2008). 

 Further calibration will be carried out weekly in the department using 
the 75kg calibration weights. Any calibration drifts should be recorded 
in the calibration record book and the research nurse co-ordinator 
informed (Vera Mc Carthy).  

1.4.3 Procedure: 

 Ask the participant to remove heavy outer garments (jackets, coats 
etc) and footwear (shoes, slippers, sandals etc) and socks. 

 Ask the participant to step onto the centre of the scale with one foot 
on each side of the scale (not having weight distributed evenly may 
affect measurement) 

 Ask the participant to:  
- stand still  
- face forward  
- place arms by their side and  
- wait until asked to step off  

 Record the weight in kilograms on the Clinical Report Form.  
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Important guidelines regarding the use of the weighing scales:  

 Use only the adapter provided with the scale. This adapter should 
have TANITA written on it.  

 Do not wrap cables around the screen part of the scale. 

 Place the scales in the bag with the screen facing down. 
 
 
2.0 Height Measurements 
 
2.1 Introduction 
Height should be measured in all selected respondents, except wheelchair 
bound individuals, persons who have difficulty standing steady or straight, 
and participants with a hairstyle or headdress (e.g. turban) that prevent 
proper use of the height measuring equipment. 

 
2.2 Responsibilities 
Research nurses trained in the method are responsible for recording weight 
measurements for all participants. 

 

2.3 Equipment 

 Portable Seca Leicester height/length measuring rule  

 

2.4 Methods 
2.4.1 Requirements for examination  

 Ask the participant to remove their:  
- footwear (shoes, slippers, sandals etc)  
- heavy outer clothes (coat, jackets etc) 
- head gear (hat, cap, hair bows, comb, ribbons, etc). Note: If it 

would be insensitive to seek removal of a scarf or veil, the 
measurement may be taken over light fabric. 

 Ask the participant to stand on the Standiometer Platform facing you 
with: 

- feet together  
- knees straight  

 Ask the participant to look straight ahead and not look up (make sure 
eyes are the same level as the ears). 

 Move the measure arm gently down onto the head of the participant 
and ask the participant to breathe in and stand tall.  

 Record the height measurement in centimetres on the Clinical Report 
Form. 
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3.0 Central Adiposity Measurements: Waist Circumference, Hip 
Circumference and Pelvic Width 

3.1 Introduction 
A variety of different measurements can be used to predict body density or 
fat content. For this study we will assess waist circumference, hip 
circumference and pelvic width. 

 

3.2 Responsibilities 
Research nurses trained in the method are responsible for recording waist 
circumference for all participants.  

 

3.3 Equipment 

 Seca 200 measuring tape 

 Marker pen 

 Plastic 15cm ruler 

 
3.4  Methods 
3.4.1 Calibration 

 Calibration should be conducted with a steel tape measure on the last 
day of each month.  

 Set the tape measure to obtain a reading of 50.0cm and then measure 
the actual distance with the steel tape measure. Repeat this 
procedure for 100.0cm, 150.0, and 200.0 cm.  

 All readings should be recorded in the Tape Measure Calibration Log 
(Appendix 4).  

 If a discrepancy is identified contact the research nurse co-ordinator 
(Ms Vera Mc Carthy) who will organise a replacement tape.  
 

3.4.2 Set up requirements 
Ideally, this measurement should be taken against the skin, but if participant 
prefers, it may be taken over thin layer of clothing e.g. a vest or t-shirt. It 
must not be taken over thick or bulky clothing.  
How to take the measurement:  
This measurement should be taken:  

 At the end of a normal expiration [breath out] 

 With the arms relaxed at the sides  

 Under the midline of the participant's armpit, at the midpoint between 
the lower part of the last rib and the top of the hip.  
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3.5 Procedure for (Midway) Waist Circumference 

 Ask the participant to:  
- stand with their feet together and pointing forward,  
- place their arms at their side with the palms of their hands facing 

inwards, and  
- breathe gently and relax the abdomen [If you feel the respondent 

is trying to 'hold in' their abdomen, engage them in conversation so 
that they relax]. 

- Feel for the subject’s lower rib margin in the mid-axillary line and 
make a mark (with the marker pen) on the skin at this point. 

- Palpate the iliac crest in the mid-axillary line and make a mark on 
the skin surface. 

- Using the plastic ruler, measure the distance between these two 
points. Now make a distinct mark half-way between these two 
points on the skin surface. 

- Ensure that you make the marks on both sides of the body as this 
improves the reproducibility of the measurement. 

- Apply the metric tape horizontally around the subject’s body, line 
the tape over the two middle marks and ensure that it is sitting 
evenly, not tilted up on one side. Tighten/loosen the tape so that it 
sits comfortably around the subject’s body. The tape should be 
tight enough so that you can just put two fingers underneath it. 

- Instruct the subject to breathe in and then breathe out and hold, at 
the time the measurement is taken. 

- Record the measurement in centimetres in the clinical report form. 
Take two measurements on each participant to test for 
reproducibility. 
 

 

NOTE: Use the side of the tape measure which begins at 

5cm-this side takes into account the 5cm for the box 

 

 
3.6 Procedure for Waist Circumference - Lowest Rib 

 Ask the participant to:  
- stand with their feet together and pointing forward,  
- place their arms at their side with the palms of their hands facing 

inwards, and  
- breathe gently and relax the abdomen [If you feel the respondent 

is trying to 'hold in' their abdomen, engage them in conversation so 
that they relax]. 

 Feel for the subject’s lower rib margin in the mid-axillary line and make 
a mark (with the marker pen) on the skin at this point. 

 Apply the metric tape horizontally around the subject’s body, line the 
tape over mark at the lower rib margin. Tighten/loosen the tape so that 
it sits comfortably around the subject’s body. The tape should be tight 
enough so that you can just put two fingers underneath it. 

 Instruct the subject to breathe in and then breathe out and hold, at the 
time the measurement is taken. 
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 Record the measurement in centimetres in the clinical report form. 
Take two measurements on each participant to test for reproducibility. 
 

 

NOTE: Use the side of the tape measure which begins at 

5cm-this side takes into account the 5cm for the box 

 
 
3.7  Procedure for Hip circumference 

 Following on from the waist circumference, ensure the subject 
remains in the same position and breathing normally. 

 With the metric tape, measure the point yielding the maximum 
circumference around the hips. As before the tape should sit 
horizontally around the body, without a tilt and should allow two 
fingers to slide under it. 

 Record the measurement in centimetres in the clinical report form. 
Take two measurements on each subject to test for reproducibility. 

 Participation in the procedure is now complete. 

 

3.8 Procedure for Pelvic Width Measurement 

 Bi-iliac breadth, is the maximum diameter between right and left iliac 
crests measured from the rear of the participant. Ask the participant 
to:  
- stand with their feet approximately 5cm apart to prevent them from 

swaying. 
- fold their arms across their chest,  
- measurement, using the calipers, is done from behind the 

participant. 
- palpate the landmarks, the outer edges of the upper iliac bones, 
- apply the caliper to these landmarks at a 45o angle ensuring that 

the maximum breadth is recorded and applying gentle pressure 
- take two separate measurements on each participant for 

reproducibility and record on the clinical report form. 

 

3.9 Additional information 
To ensure the reproducibility of anthropometric readings it is crucial to 
maintain the standards laid down in the anthropometric standard operating 
procedures document. 
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Appendix 6: Published Papers 
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